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ABSTRACT

Title of Dissertation: Control of Smart Actuators

Xiaobo Tan, Doctor of Philosophy, 2002

Dissertation directed by: Professor John S. Baras
Professor P. S. Krishnaprasad
Department of Electrical and Computer Engineering

Hysteresis in smart materials hinders wider applicability of such materials in
actuators and sensors. In this dissertation we study modeling, identification and
control of hysteresis in smart actuators. While the approaches are applicable to
control of a wide class of smart actuators, we illustrate the ideas through the
example of controlling a magnetostrictive actuator.

Hysteresis exhibited by magnetostrictive actuators is rate-independent when
the input frequency is low and we can model it by a Preisach operator. It becomes
rate-dependent when the input frequency gets high due to the eddy current effect
and the magnetoelastic dynamics. In this case, we propose a new dynamic hys-
teresis model, consisting of a Preisach operator coupled to an ordinary differential
equation in an unusual way. We establish its well-posedness and study its various

system-theoretic properties. Existence of periodic solutions under periodic forcing



is proved. Algorithms for simulation of the model are also studied. Parameter
identification methods for both the Preisach operator and the dynamic model are
investigated.

We pursue the problem of hysteresis control along three different but connected
paths: inverse control, robust control and optimal control.

The idea of inverse control is to construct an inverse operator to cancel out
the hysteretic nonlinearity. Efficient inversion schemes are proposed for both the
Preisach model and the dynamic hysteresis model. We also formulate and study
a novel inversion problem, called the value inversion problem, and apply it to
micro-positioning control.

Inverse compensation is open-loop in nature and therefore susceptible to model
uncertainties and to errors introduced in the inverse schemes. We propose a robust
control framework for smart actuators by combining inverse compensation with
robust control techniques. We present systematic controller design methods which
guarantee robust stability and robust trajectory tracking while taking actuator
saturation into account.

Finally we study optimal control of hysteresis in smart actuators based on a low
dimensional hysteresis model. We characterize the value function as the (unique)
viscosity solution to a Hamilton-Jacobi-Bellman equation of a hybrid form, and

provide a numerical scheme to approximate the solution.
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Chapter 1

Introduction

Smart materials, such as magnetostrictives, piezoelectrics, electroactive polymers
(EAPs), shape memory alloys (SMAs), electrorheological (ER) fluids and magne-
torheological (MR) fluids, all display certain coupling phenomena between applied
electromagnetic/thermal fields and their mechanical /rheological properties. Actu-
ators and sensors made of these materials can be built into structures, often called
smart structures, with the ability to sense and respond to environmental changes
to achieve desired goals. Smart materials and smart structures have been receiving
tremendous interest in the past decade, due to their broad applications in areas
of aerospace, manufacturing, defense, and civil infrastructure systems, to name a
few. Hysteresis widely existing in smart materials, however, makes the effective
use of smart actuators and sensors quite challenging.

A fundamental idea in coping with hysteresis is to formulate the mathematical
model of hysteresis and use inverse compensation to cancel out the hysteretic
effect. This idea can be found in [45, 80, 71, 35, 79, 62]. There have been a few
monographs devoted to modeling of hysteresis and study of dynamical systems

with hysteresis [55, 58, 86, 20, 81].



Hysteresis models can be roughly classified into physics-based models and phe-
nomenological models. An example of a physics-based model is the Jiles-Atherton
model of ferromagnetic hysteresis [51], where hysteresis is considered to arise from
pinning of domain walls on defect sites. The most popular phenomenological hys-
teresis model used in control of smart actuators has been the Preisach model
[1, 45, 46, 36, 38, 79, 62]. A similar type of operator, called Krasnosel’skii-
Pokrovskii (KP) operator has also been used [7, 35]. Although in general the
Preisach model does not provide physical insight into the problem, it provides a
means of developing phenomenological models that are capable of producing be-
haviors similar to those of physical systems (see Mayergoyz [58] for an excellent
exposition).

In this dissertation we study control methodologies for smart actuators ex-
hibiting hysteresis. We illustrate the ideas through the example of controlling a
commercially available magnetostrictive actuator. Magnetostriction is the phe-
nomenon of strong coupling between magnetic properties and mechanical prop-
erties of some ferromagnetic materials (e.g., Terfenol-D): strains are generated in
response to an applied magnetic field, while conversely, mechanical stresses in the
materials produce measurable changes in magnetization. This phenomenon can be
used for actuation and sensing. Magnetostrictive actuators have applications to
micro-positioning, robotics, ultrasonics, vibration control, etc. Figure 1.1 shows
a sectional view of a Terfenol-D actuator manufactured by Etrema Products, Inc.
By varying the current in the coil, we vary the magnetic field in the Terfenol-D
rod and thus control the motion of the rod head. Figure 1.2 displays the hysteresis
observed in the magnetostrictive actuator.

We study the problem of control of hysteresis from two perspectives. The first
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Figure 1.1: Sectional view of a Terfenol-D actuator [82](Original source: Etrema

Products, Inc.).

one is based on the Preisach model and the theme is to develop accurate and fast
inverse control algorithms. The second perspective is optimal control based on the
low dimensional bulk ferromagnetic hysteresis model [82, 84], a modification of the

Jiles-Atherton model. We now outline the contributions of this dissertation.

1.1 Contributions of the Dissertation

We note that although the dissertation is based on controlling a magnetostrictive
actuator, our work is applicable to control of a wide class of smart actuators for
two reasons: 1) the Preisach operator is able to model hysteresis in various smart
actuators; 2) a low dimensional ferroelectric hysteresis model has been proposed
[72] and therefore the viscosity solutions approach in Chapter 5 applies well to
optimal control of actuators made of ferroelectric materials, e.g., piezoelectrics

and electrostrictives.
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Figure 1.2: Hysteresis in the magnetostrictive actuator.

1.1.1 Modeling and control of hysteresis based on the Preisach

operator

When the input frequency is very low (typically below 5 Hz), the magnetostrictive
hysteresis is rate-independent and can be modeled by a Preisach operator alone.
We propose a constrained least squares algorithm to obtain a discrete approxima-
tion to the Preisach measure, and present several algorithms to invert the Preisach
operator efficiently.

By inverse compensation, one usually refers to the trajectory inversion. In many
applications, such as micro-positioning, we are more interested in the following
problem: given a desired output walue, find an input trajectory such that the
final value of the output matches the desired value. To distinguish this problem
from the trajectory inversion problem, we call it the value inversion problem. The
discretized Preisach operator is a finite state machine (FSM). We formulate the

value inversion problem as a state reachability problem for the FSM. We show



that the FSM is reachable and propose a state space reduction scheme, which
significantly saves storage space and computation time.

When the input frequency gets high, the magnetostrictive hysteresis is rate-
dependent due to the eddy current effect and the magnetoelastic dynamics of
the actuator rod. We propose a novel dynamic hysteresis model, consisting of a
Preisach operator coupled to an ordinary differential equation (ODE) in an un-
usual way. We establish the well-posedness of the model and study its various
system-theoretic properties. Existence of periodic solutions under periodic forc-
ing is proved. Algorithms for simulation of the model are also studied. Methods
for parameter identification and inverse compensation for this dynamic model are
proposed.

Inverse compensation is open-loop in nature and therefore susceptible to model
uncertainties and to errors introduced in the inverse schemes. We propose a robust
control framework for smart actuators by combining inverse compensation with
robust control techniques. We present systematic controller design methods which
guarantee robust stability and robust trajectory tracking while taking actuator
saturation into account.

Ideas and theories are backed by extensive simulation and experimental results.

1.1.2 Optimal control of hysteresis based on the low di-

mensional model

Optimal control of the magnetostrictive actuator is investigated based on the low
dimensional ferromagnetic hysteresis model proposed by Venkataraman and Kr-
ishnaprasad [84, 82]. We study an infinte time horizon optimal control problem in

details. The value function is characterized as the (unique) viscosity solution to



a Hamilton-Jacobi-Bellman equation (HJB) of a hybrid form. We also provide a
numerical scheme to approximate the solution.

The viscosity solutions approach is also extended to other control problems of
practical interest, e.g., the finite time horizon problem, the time-optimal control

problem, the exit problem, and the nonlinear H., control problem.

1.2 Organization of the Dissertation

In Chapter 2 we provide an introduction to the Preisach operator, and present iden-
tification and inversion schemes for the Preisach operator. The dynamic hysteresis
model is proposed and studied in Chapter 3. In Chapter 4 we discuss the robust
control framework for smart actuators. In Chapter 5, we present the viscosity
solutions approach for optimal control of hysteresis based on the low dimensional

model. Conclusions and future work are provided in Chapter 6.



Chapter 2

Identification and Approximate
Inversion of the Preisach

Operator

When the input frequency is low (typically below 5 Hz), the magnetostrictive
hysteresis is rate-independent and can be modeled by a Preisach operator alone. In
this chapter we first give an introduction to the Preisach operator. Then we discuss
how to identify the Preisach measure. Finally we study two types of inversion
problems for the Preisach operator: the trajectory inversion problem and the value

inversion problem.

2.1 Introduction to the Preisach Operator

In this section we introduce the Preisach operator and some of its properties.



2.1.1 The Preisach operator in (3, ) coordinates

For a pair of thresholds (3, a) with 5 < «, consider a simple hysteretic element
g.als ], as illustrated in Figure 2.1. For u € C([0,7]) and an initial configuration

¢ € {—1,1}, the function

v = /’?ﬁ,a[ua C] : [OaT] - {_17 1}
is defined as follows [86]:

-1 ifu(0)<g
¢ iff<ul0)<a
1 if u(0) > «

and for ¢t € (0,71, setting X; = {7 €(0,t] : u(r) = 0 or a},

v(0) fX, =0
v(t) -1 if X; # 0 and u(max X;) =3 -

1 if X; # 0 and u(max X;) = «
This operator is sometimes referred to as an elementary Preisach hysteron (we

will call it a hysteron in this dissertation), since it is a building block for the

Preisach operator.

\"
+1 S
!
B¢ o u
— -1

Figure 2.1: The elementary Preisach hysteron.



The Preisach operator is a weighted superposition of all possible hysterons.
Define Py 2 {(B,a) € R? : B < a}. P, is called the Preisach plane, and each
(B,a) € Py is identified with the hysteron 75,. For u € C([0,7]) and a Borel

measurable initial configuration (y of all hysterons:
C() . P() — {—1,1}

the output of the Preisach operator I' is defined as [86]:
) = TGl = | Fnalu G, )b (5. 0), 2.
Py
where v is a finite, signed Borel measure on Fy, called the Preisach measure.
Appendix B provides an introduction to the measure theory.
In this dissertation, we call the Preisach measure v nonsingular if |v| is ab-
solutely continuous with respect to the two-dimensional Lebesgue measure, and
singular otherwise. By the Radon-Nikodym theorem, if v is nonsingular, there

exists a Borel measurable function pu, such that

Gl = [ [ (8.0l o8, )]t 22)

The weighting function p is often referred to as the Preisach function [58] or the
density function [20)].

To simplify the discussion, throughout the dissertation we assume that p has
a compact support, i.e., u(5,a) = 01if § < Gy or a > «ay for some [y, . In this

case it suffices to consider the finite triangular area
PE{(B,0) €Rla > 8,8 foa < a), (2.3)

as shown in Figure 2.2(a). Without loss of generality, we further assume that

Qo = _BO =ITo > 0.



The memory effect of the Preisach operator can be captured by curves in P.

At each time instant ¢, define

P.(t) 2 {(3.a)€ P| outputof qs, at tis— 1},

e

~—~
~

S~—
Il

{(B,a) € P| output of 73, at tis+ 1},

so that P = P_(t) U Py(t), Vt. Eq. (2.2) can be rewritten as:

= [ .o~ /] o )iso (2.4

Now assume that at some initial time tq, the input u(ty) = uy < [p. Then
the output of every hysteron is —1. Therefore P_(ty) = P, P.(ty) = 0 and it
corresponds to the “negative saturation” (Figure 2.2(b)). Next we assume that the
input is monotonically increased to some maximum value at t; with u(t;) = ;.
The output of 73, is switched to +1 as the input u(t) increases past a.. Thus at
time ¢, the boundary between P_(¢;) and P, (¢;) is the horizontal line a@ = wu;
(Figure 2.2(c)). Next we assume that the input starts to decrease monotonically
until it stops at ¢ty with u(ty) = us. It’s easy to see that the output of 74, becomes
—1 as u(t) sweeps past 3, and correspondingly, a vertical line segment [ = us is
generated as part of the boundary (Figure 2.2(d)). Further input reversals generate
additional horizontal or vertical boundary segments.

From the above illustration, we can see that each of P_ and P, is a connected
set, and the output of the Preisach operator is determined by the boundary between
P_ and P,. The boundary is called the memory curve. The memory curve has a
staircase structure and its intersection with the line a = 3 gives the current input
value. The memory curve ¢y at t = 0 is called the initial memory curve and it
represents the initial condition of the Preisach operator.

If the Preisach measure is nonsingular, we can identify a configuration of hys-

10
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Figure 2.2: Memory curves in the Preisach plane.

terons (, with a memory curve v in the following way: (3, a) = 1(—1,resp.) if
(3, «) is below (above, resp.) the graph of ¢. Note that it does not matter whether
Gy takes 1 or —1 on the graph of .

In the sequel we will put the initial memory curve ¢y as the second argument

of ', where

T, o) 2 T[-, G-

2.1.2 The Preisach operator in (7, s) coordinates

Sometimes it is more convenient to describe the Preisach operator using the (r, s)

coordinates with r = 22 and s = 218

5 5. If the Preisach measure is nonsingular,

the output of the Preisach operator can be expressed in terms of (r, s) as:

y(t) = Tlu, do)(t) = / N / T, el G (5 — o5 4 ) (Ddsdr,  (2.5)

11



where w(-, -) is the density function expressed in the (r, s) coordinates. In the new
coordinates, a memory curve t[t] at time ¢ is the graph of a function of r, and
¥[t](0) gives the current input value u(t) (Figure 2.3). Eq. (2.5) can be rewritten

y() = Tl () = v — 2 /0 h /w :( ()i, (2.6)

where 1 is the output corresponding to the positive saturation.

S

u(t) Yra

Figure 2.3: The Preisach plane in (r, s) coordinates.

Although practically a memory curve is only composed of segments of slope +1

in (r,s) coordinates, we make the following definition:

Definition 2.1.1 /20, 87] The set of memory curves ¥ is defined to be the set of

continuous functions ¥ : [0,79] — R such that
1. (ry) — W(re)| < |r1 — ra|, Yy, 1m0 € [0, 10],
2. Y(ro) =0,
where rq is the constant defined in Subsection 2.1.1.

The graph of any ¥ € V¥ is confined in the triangular region P,., as shown in

Figure 2.4.

12
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Figure 2.4: The set ¥ of memory curves.

Remark 2.1.2 Including in ¥ all functions with Lipschitz constant 1 leads to a
complete metric space [37], which will facilitate analysis in the sequel. In addition
this will allow one to include certain initial hysteron configurations carrying phys-
ical interpretations, e.g., w(r) = 0,Vr € [0,7¢], can represent the demagnetized

virgin state in ferromagnetics [58, 86].

We will switch between the (3, a) coordinates and the (r, s) coordinates in this

dissertation.

2.1.3 Properties of the Preisach operator

The Preisach operator has a number of important properties [58, 86, 20]. The
following theorems summarize some properties which will be useful for development

of results in this dissertation.

Theorem 2.1.3 [86] Let v be a Preisach measure. Let u,uy,us € C([0,T]) and

g € VU. Then the following hold:

1. (Rate-independence) If ¢ : [0,T] — [0,T] is an increasing continuous

13



function satisfying ¢(0) =0 and ¢(T) =T, then
[u o ¢, vo](t) = Iu, o] (4(t)), Vt € [0,T],
where “o” denotes composition of functions.

2. (Strong continuity) If v is nonsingular, then T'[-, 1] : C([0,T]) — C([0,T))

is strongly continuous (in the sup norm).

3. (Piecewise monotonicity) Assume v > 0. If u is either nondecreasing or

nonincreasing on some interval in [0,T], then so is T'[u, 1].
4. (Order preservation) Assume v > 0. If uy < ug on [0,T], then

Ius, tho] < Tlua, o]

on [0,T7].

Theorem 2.1.4 (Lipschitz continuity) [20] ' Assume that the Preisach mea-
sure v is nonsingular. Let w be the Preisach density function in (r,s) coordinates.
Then for any vy € W, I'[-, 1] is Lipschitz continuous on C([0,T]) with Lipschitz

constant 2C if

c, 2 / sup |w(r, s)|dr < oco. (2.7)
0

seR

2.2 Identification of the Preisach Measure

2.2.1 Review of measure identification methods

For the Preisach operator, the only parameter is the Preisach measure. A classical

method for identifying the Preisach density function is using the so called first

1See also [86] for a slightly different version.
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order reversal curves, detailed in Mayergoyz [58]. A first order reversal curve can
be generated by first bringing the input to (,, followed by a monotonic increase
to «, then a monotonic decrease to 5. The term “first order reversal” comes from
that each of these curves is formed after the first reversal of the input. Denote the
output value as f(3,a) when the input reaches 5. Then the density u(3,a) can

be obtained as
18%f(B,a)

(2.8)

Since it involves twice differentiation, a smooth approximating surface is fit to
the data points in practice [45, 46, 38]. Hughes and Wen [45, 46] approximated
the surface by polynomials using a least squares method. Gorbet, Wang and
Morris employed functions with specific forms, and the parameters were obtained
via a weighted least squares algorithm [38]. A fuzzy approximator was adopted
to approximate the surface in [62]. As pointed out in [38], deriving the density
by differentiating a fitted surface is inherently imprecise, since different types of
approximating functions lead to quite different density distributions.

Hoffmann and Sprekels [53] proposed a scheme to identify the Preisach measure
directly. By devising the input sequence carefully, they set up independent blocks
of linear equations involving the output measurements and the weighting masses
in the discretized Preisach plane, with the number of measurements equal to that
of unknowns. Each block of equations can be solved successively to obtain the
weighting masses. This scheme is very sensitive to experimental errors as one can
easily see. Using the identified weighting masses [53], Hoffman and Meyer [52]
approximated the density function in terms of a set of basis functions. A least
squares method was applied to compute the coefficients.

Another method for measure identification is driving the system with a “rea-
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sonably” rich input signal, measuring the output and then estimating the density
by a least squares method. This idea appeared in the work of Banks and his
colleagues [7, 8], where they investigated the identification problem of the KP op-
erator. Galinaitis and Rogers [35] used the same idea to identify the weights for a
discretized KP operator. We also adopt the least squares method for identification

of the Preisach measure [79).

2.2.2 An identification scheme

Smart actuators, due to the capacity of the windings or other practical reasons,
have to be operated with their inputs within specific ranges. As a consequence, we
will not be able to visit the whole Preisach plane and identify the density function
everywhere during the identification process. We assume that the input range is
[Umins Umaz]- In Figure 2.5, the bigger triangle represents the set P (recall the
definition (2.3)), while the smaller triangle is the region ; that we can visit. The
region outside ; but inside the set P is denoted by €2y. Since the input u(t) never
goes beyond the limits, the states of the hysterons in {2y remain unchanged. Thus
the bulk contribution to the output from () is a constant and we denote it by 1.

The input is discretized into L + 1 levels uniformly (we will call this discretiza-
tion of level L) and we label the cells in the grid as illustrated in Figure 2.5
for L = 9. The Preisach measure within each cell is assumed to concentrate as
a discrete mass at the cell center. The quantities we want to identify include
weighting masses v;j,t =1,--- ,L,7 =1,--- ;4 and 1. To simplify the discussion,

with a slight abuse of notation, we write {v;;} as a column vector {vy}+_,, where

_ L(L+1)
K= 2

. We note that discretization of the Preisach plane leads to a discretized

Preisach operator, which is a weighted sum of K hysterons (see Figure 2.6).
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Figure 2.5: Discretization of the Preisach plane (L =9) [79].

To initialize the states of hysterons, we decrease the input to ,,;,. This sets
the state of each hysteron in £2; to —1. We then apply some piecewise monotone,
continuous input u(t), and measure the output y(¢). The input u(t) should be
chosen in such a way that the contribution of each weighting mass can be singled
out, and one candidate for such wu(t) is the concatenation of the first order reversal
inputs. Signals u(t),y(t) are then sampled into sequences {u[n]}_,, {y[n]}_;.
The input sequence {u[n|} (after discretization) is fed into the discretized Preisach
operator and the state of each hysteron, {.[n]}, k =1, -, K, is computed. The

output of the Preisach model at time instant n can be expressed as:
K
glnl =vo+ Y vAklnl, (2.9)
k=1

where {1}, }  is yet to be found.

We use the least squares method to estimate the parameters, i.e., the parame-
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Figure 2.6: The discretized Preisach operator.

ters are determined in such a way that

N
> lyln] = gln]? (2.10)
n=1

is minimized. Since we require v, > 0,k = 1,--- K, it is a constrained least

squares problem.

Remark 2.2.1 Theoretically the weighting masses can be computed directly from
the first order reversal curves. This works if the signals are noise-free, which is

usually not the case. Therefore we use the least squares method.

2.2.3 Experimental results

In general the magnetostriction depends on both the mechanical pre-stress o and
the magnetic field H [30]. Pre-stress is applied to the magnetostrictive actuator
through preloaded springs (see Figure 1.1) and that improves magnetostriction.
The pre-stress is not adjustable once the actuator is manufactured, and it does
not change much during operation considering the magnitude of magnetostriction
(less than 1500 parts per million for Terfenol-D). Therefore we assume that the

magnetostriction is only dependent on the magnetic field H.
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For the purpose of control, we define the magnetostriction A to be

Al

lrod

A

, (2.11)

where [,,q is the length of the magnetostrictive rod in the demagnetized state, and
Al is the change of the rod length from [,..4. The saturation magnetostriction A, is
defined in an obvious way. Note our definition of Ay is slightly different from that
in [23].

When the input frequency is low, the magnetostrictive hysteresis is rate inde-
pendent: roughly speaking, the shape of the hysteresis loop does not depend on
the input frequency. In this case, we can relate A to the bulk magnetization M

along the rod direction by a square law [82]
A =a, M?, (2.12)

and relate the input current / to the magnetic field H (assumed uniform) along
the rod direction by

]¥7::00]7+'}{Ma57 (2’13)

where ¢q is the so called coil factor, and Hy,,s is the bias field produced by per-
manent magnets or a dc current. Hy;,s is necessary for generating bidirectional
strains. Hence we can capture the hysteretic relationship between A and I by
the ferromagnetic M — H hysteresis. Venkataraman employed a low dimensional
ferromagnetic hysteresis model in [82]. We will use a Preisach operator to model

M — H hysteresis.

Remark 2.2.2 Due to the thin rod geometry, we approrimate the continuum mag-

netization in the magnetostrictive rod by the bulk magnetization. The square law
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(2.12) follows from the continuum theory of micromagnetics, where the magne-
toelastic energy is of the form linear in the strain and quadratic in the direction

cosines of the magnetization vector [22].

Remark 2.2.3 Mayergoyz has shown that, the necessary and sufficient conditions
for a hysteretic nonlinearity to be represented by the Preisach model are the wiping-
out property and the congruency property [58]. While the wiping-out property for
the ferromagnetic hysteresis can be directly verified, we will indirectly verify the
congruency property by a trajectory tracking experiment based on inversion of the

Preisach operator.

The following parameters are available from the manufacturer: the saturation
magnetization M, = 7.87 x 10°A/m, l,q = 5.13 x 107%m, ¢y = 1.54 x 10*/m.
We can easily identify A\, = 1.313 x 1072 by applying an input of relatively large

magnitude, and then get the coefficient a; = A’\;Q. The bias field Hyp;,s is identified

to be 1.23 x 10*A /m.

Given a measurement of A\, we compute M = i\/% and the sign of M is
determined with further information on the input. The Preisach weighting masses
can be identified with the constrained least squares algorithm as described in the
previous subsection.

Our experimental setup is as shown in Figure 2.7 . DSpace ControlDesk is
a tool for real-time simulation and control. The displacement of the actuator is
measured with a LVDT sensor, which has a precision of about 1 um.

The magnetic field input H is limited to [1.57 x 103A /m, 3.25 x 10*A /m] and we
discretize the Preisach plane into 25 levels. Figure 2.8 shows the distribution of the
identified weighting masses. The constant contribution vy from g (see Figure 2.5)

is estimated to be 4.99 x 10°A /m.
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Figure 2.7: Experimental setup.
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Figure 2.8: Distribution of the Preisach weighting masses.
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Remark 2.2.4 Due to the bias field Hy;,s and the constraint on the input current,
we can not trace the major loop of the M - H hysteresis; instead we can only visit
a certain region inside the major loop. As a result, the magnetostrictive hysteresis

loop (the butterfly curve) is asymmetric (Figure 1.2).

2.3 Inversion of the Preisach Operator

The general structure of models for smart actuators that capture both hysteresis
and dynamic behaviour is shown in Figure 2.9 [85] . In the figure, G(s) represents
the transfer function of the linear part in the actuator, while W denotes a rate-
independent hysteretic nonlinearity. Venkataraman [82] has shown that a key
component of a low dimensional model for magnetostriction in Terfenol-D has a

structure resembling Figure 2.9 .

<1
<

—4 W G(s)

Rate-independent Linear system
hysteresis operator

Figure 2.9: Structure of models for smart actuators [85].

A basic idea for controller synthesis for such systems is to design a right inverse
operator W' for W as shown in Figure 2.10. Then o(-) = v(-) and the controller
design problem is reduced to designing a linear controller K (s) for the linear system
G(s).

In the context of this dissertation, we consider W to be a Preisach opera-
tor. The Preisach operator is highly nonlinear, and in general, we cannot find
a closed-form formula for the inverse operator, unless the density function is of

some special form, as in the work of Galinaitis and Rogers [34]. Hughes and Wen
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Figure 2.10: Controller design schematic [85].

[45, 46] utilized the first order reversal curves in computing the numerical inverse
of the Preisach operator. This method relies on measurement of all first order
reversal curves and involves solving nonlinear equations. Natale and his colleagues
proposed using another Preisach operator as a “pseudo-compensator” to approx-
imate the inverse of a Preisach operator [62], where the Preisach density of the
compensator is identified with the same set of experimental data used in identi-
fication of the original Preisach operator, but with the roles of input and output
swapped. The compensator is “pseudo” because it is well known that in general,
the inverse of a Preisach operator is not a Preisach operator. Venkataraman and
Krishnaprasad [85] utilized piecewise monotonicity and Lipschitz continuity of the
Preisach operator, and proposed an inversion algorithm based on the contraction
mapping principle.

The Preisach operator is rate-independent, and at any time ¢, the memory curve
(and thus the output) depends only on the dominant maximum and minimum
values in the past input. Therefore we are mainly interested in the inversion

problem in the discrete-time setting.
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2.3.1 Inversion of the discretized Preisach operator

First we study inversion of a discretized Preisach operator obtained as a result of
input discretization.

Let U be the discrete control set, i.e., U = {u;,1 <1< L+ 1} with

Umaz — Umin

U = Upmin + (I — 1)y, where §, = 7

Let S™ be the set of input strings of length n taking values in U, i.e., if s € S™,
then si] € U, 1 <7 < n. Let ¥, be the set of memory curves for the discretized
Preisach operator.

Trajectory Inversion Problem of Length N: Given an initial memory
curve 1y € Wy and a desired output sequence i of length N, find s* € SV, such
that

max [[[s, ¢o][i] — g[i]| = min max |I'[s, vo][i] — F[i]|. (2.14)

1<i<N seSN 1<i<N
We call this the trajectory inversion problem, to distinguish it from the value

tnversion problem we will discuss in the next section.

Remark 2.3.1 We put a sequence instead of a continuous time function as the
first argument of T in (2.14). To avoid ambiguity, it is tacitly understood that the
input is changed monotonically from sli] to s[i + 1]. Throughout the dissertation
we may use a sequence or a continuous time function as the first argument of I’

depending on the context.

Remark 2.3.2 A discretized Preisach operator is not “onto” since its output takes
values in a finite set. Therefore we don’t seek an exact inverse in the problem

formulation.
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Before we present the solution to the problem above, we first look at the case
when N = 1:
Trajectory Inversion Problem of Length 1: Given an initial memory

curve g € Wy and a desired output 3o, find u* € U, such that
IT[w”, %o] — %ol = qulellfjl L[, 1bo] — Giol- (2.15)

There is a simple algorithm for solving the problem of length 1, which is based
on the piecewise monotonicity of the Preisach operator [79]. We name it the closest
match algorithm because it always generates an input whose output matches the
desired output most closely among all possible inputs.

The idea of the closest match algorithm is as follows. One can obtain the initial
input ©® and output y® from the initial memory curve 1. Consider the case
y© < 7o (the case y© > ¢, is treated in exactly the same way with some obvious
modification). We keep increasing the input by one level in each iteration until,
say at iteration n, the input u™ reaches tmqs, or the output y™ corresponding to
u™ exceeds go. For the first case, the optimal input is clearly wy,q,; for the second
case, two candidates for the optimal input «* are u(Y and ™. We then take
u* to be the one with the smaller output error. Note that we need back up the
memory curve whenever we increase the input, so that we can always retrieve the
consistent memory curve with u*.

The above algorithm yields the optimal input «* in at most L iterations. And
in each iteration, the evaluation of y(™ is very fast since the input has changed by
one level and thus we need only update states of hysterons corresponding to that
level. These factors combine to make this algorithm simple and efficient.

The trajectory inversion problem of length N is solved by combining the closest

match algorithm and the dynamic programming principle [13].
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Let =4 : W4 x U — U, be the evolution map for the memory curve, i.e., if
1 € Uy, is the initial memory curve, then Z;(u,¢) is the new memory curve when
the input w € U is applied.

Given N and the sequence 7, for 1 < k < N, we define

Ji(,8) = max |U'[s,][i] — gi]|, s € SV FL, (2.16)

k<i<N
Ve() = min (0, s), (2.17)
where we call J;, the cost function and Vj}, the value function.
Proposition 2.3.3 The value functions Vi, 1 < k < N, can be solved successively

va:

Viv(¢) = min [Tu, o] — y[N]], (2.18)
Vii(¥) = min max{|T[u, ] — k]|, Vit (Za(u, ) . (2.19)

uelU

Define maps ©f : Vg — U, 1 < k < N, so that () is the argmin in (2.18) and
(2.19). Then for the trajectory inversion problem of length N, 7, 1 < k < N,

gives the optimal control policy at time k.

Proof Straightforward from Bellman’s optimality principle. n

The closest match algorithm can be used in solving (2.18) and (2.19). Propo-
sition 2.3.3 entails pre-computing and storage of the optimal maps, which is un-
desirable when N or the cardinality of W, is large. A sub-optimal approach is to
decompose the inversion problem of length N into N successive inversion problems
of length 1 and solve them using the closest match algorithm. The experimental

result of trajectory tracking based on this approach can be found in [79].
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2.3.2 Inversion of the Preisach operator with nonsingular

measure

We now discuss the inversion problem for a Preisach operator with nonsingular
Preisach measure. In this case, the Preisach operator can be inverted with arbitrary

accuracy, and it suffices to study an inversion problem of length 1: given vy € ¥

and M € [Mpin, Mimae], find H € [Hppin, Hynaz), such that
]\7[ = F[Ha wO]a

where [H,in, Hinaz| and [Moin, Mpna:| are the ranges of the input and the output of
the Preisach operator, respectively. The notation used in this subsection is slightly
different from that in Subsection 2.3.1, but it will be consistent with the notation

in Chapter 3.

Proposition 2.3.4 Let the Preisach measure be nonnegative and nonsingular with

a density function p. Let

@Q

max{sup /ﬁ (3. ), sup /ﬁ p(Ba)da} <o (2.20)

«a 0

_ A
UV =

Let the current memory curve be vy, and let the input and the output of the Preisach
operator corresponding to 1y be Hy and My, respectively. Given M € [Mpin, Maz),
consider the following algorithm:

H0+) — pn) 4 M=M™
v (2.21)
M+ — F[H(nﬂ)’ w(n)]

where ¥ = 1y, HO = Hy, M© = M,, and ™ is the memory curve after

{H®n_ is applied. Then M™ — M asn — oc.

Proof The proposition follows directly from the piecewise monotonicity property

and the continuity property of the Preisach operator. n
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Remark 2.3.5 The algorithm (2.21) also appeared in [85], where approzimate
wnversion of the Preisach operator was studied for the class of continuous, piecewise

monotone functions.

What we have identified in Subsection 2.2.2 is a set of Preisach weighting
masses, which forms a singular Preisach measure. We can obtain a nonsingular
Preisach measure v, by assuming that each identified mass is distributed uniformly
over the corresponding cell in the discretization grid. Note that the diagonal cells
are triangular, while other cells are square (refer to Figure 2.13(a)). The density
function g, corresponding to v, is piecewise uniform, which enables us to solve the
inversion problem exactly, as described next.

We consider the case M > M, and the other case can be treated analogously.
It’s obvious that H > H, and we will increase the input in every iteration. At
iteration n, let d(ln) > 0 be such that H™ + dg”) equals the next input level, and
let dg") > 0 be the minimum amount such that applying H™ + dé") will eliminate
the next corner of the memory curve (see Figure 2.11 for illustration). Since p, is

piecewise constant, for d < min{d\",d{"}, we have

F[H(”) + d’w(n)] _ F[H(”),w(”)] _ &én)aﬂ + agn)d,

where ai"), aé") > 0 can be computed from i, and the square term is due to the

contribution from the triangular region inside the diagonal cell. Let dén) be such
that
M —T[H™, "] = 0y (d5")* + oy .
The inversion algorithm now works as follows:
d™ = min{dy", d\”, 3"}
H@+) — ) 4 g ) (2.22)

M+l — F[H(nﬂ)’ ¢(n)]
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Figure 2.11: Nlustration of d\™ and d{”.

If at iteration n*, d™) = dé”*), then the iteration stops and H = H™ D, Let
n.(1ho) be the number of corners of 1y, and L the discretization level of the Preisach
plane. It’s easy to see the algorithm (2.22) yields the (exact) solution in no more
than 7 = n.(¢o) + L iterations.

Figure 2.12 shows the result of an open-loop tracking experiment using the
algorithm (2.22). The desired trajectory was obtained from the output of a Van
der Pol oscillator to make the tracking task more challenging. In Figure 2.12, the
displacement trajectories (both the desired and the measured), the tracking error
and the input current are displayed. The overall performance is satisfactory since
the error magnitude is less than 4 um most of the time with a tracking range
of 60 um. We can see that the tracking error slightly exceeds 4 pm when the
desired output (and thus the input) undergoes abrupt changes, in which case the

rate-independence assumption no longer holds.
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Figure 2.12: Trajectory tracking based on inversion of the Preisach operator.
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2.4 The Value Inversion Problem and Its Appli-
cation to Micro-Positioning Control

By inverse compensation, one usually refers to the trajectory inversion problem:
given a desired output trajectory, compute an input trajectory whose correspond-
ing output trajectory matches the desired one. In many applications, such as
micro-positioning, we are more interested in the following problem: given a de-
sired output value, find an input trajectory such that the final value of the output
matches the desired value. To distinguish this problem from the trajectory inver-
sion problem, we call it the value inversion problem. This problem has been well
studied for linear systems, but to our best knowledge, very little has been done in
the context of hysteretic systems.

The Preisach operator becomes a finite state machine (FSM) after discretiza-
tion, and the value inversion problem can be transformed into a state reachability
problem for the FSM. We show that the FSM is reachable and indicate how to
construct the input sequence for the state transition. After observing that, for
practical reasons, there may exist a large number of equivalent states in the FSM,
we propose a state space reduction scheme, which can significantly save storage
space and computation time. An algorithm for generating the optimal (the sense of

“optimality” will be clear) representative state in each equivalent class is presented.

2.4.1 The value inversion problem

In any practical identification scheme for the Preisach measure, a discretization
step is involved in one form or another. Figure 2.13(a) shows our discretization

scheme used earlier in measure identification, where the Preisach measure inside
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each cell is assumed to concentrate at the cell center (represented by dark dots in
Figure 2.13(a)). As noted in Subsection 2.2.2, this results in a discretized Preisach
operator. We note that although uniform discretization is considered here, the

results of this section apply directly to the case of non-uniform discretization.
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Figure 2.13: (a) Discretization of the Preisach plane (L = 3); (b) Memory cuve
“001” (bolded lines).

Let S be the set of input strings taking values in U, where U is as defined in
Subsection 2.3.1. Let S4 be the set of alternating input strings [20] in U, in the
sense that, if s, € S, then (s,[i + 2] — s4[i + 1])(sa[i + 1] — s4[]) < 0, Vi > 0. The
value inversion problem is formulated as:

Value Inversion Problem: Given a desired output value yo and an initial

memory curve Yy € Wy, find s € Sa, such that
T ¢[s5, %] — %ol = Sﬁggi T35 %0] — ol (2.23)

where I'¢[s, 1] denotes the final value of the output of the Preisach operator under
input sequence s. If there is more than one such string achieving (2.23), find the

one with the minimum length.
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Remark 2.4.1 Any s € S can be reduced to some s, € Sa using the following
rules, starting from i = 1: if (s[i + 1] — s[i])(s[i + 2] — s[i + 1]) > 0, delete
sli+1] and re-index. For example, s = (uy, us, us, us, ug, uz) € S can be reduced to
Sq = (u1,us,uz) € Sa. The final values of the output under s and s, are identical

(easy to verify), hence we only need search the optimal input sequence in Sy.

Remark 2.4.2 The length of an alternating input string is directly linked to the
number of input reversals and thus the complexity of implementing that input.

Therefore we seek s with the minimum length.

The discretized Preisach operator can be treated as a finite state machine
(FSM). Since there are @ hysterons for a discretized Preisach model with
discretization level L and the output of each hysteron takes values in {—1,1}, the
number of states appears to be 2L54D/2 This is not the case in general, recalling

that the true state is the memory curve.

Proposition 2.4.3 For a discretized Preisach operator with discretization level L,

the number of states is 2%,

Proof In the (5, «) coordinates, each memory curve consists of L horizontal or
vertical segments of length 4, so the total number of memory curves is 2. ]

The proof motivates an indexing scheme for the memory curve. Starting from
the upper left corner, we number each memory curve with L bits corresponding to
the L segments: 0 represents vertical, and 1 represents horizontal. For instance,
the memory curve represented by the bolded lines in Figure 2.13(b) reads “001”.

We can now give a complete description for the FSM. It has state space

\Ifd:{qp:qp:(aL,&Lfl’,..,@1)’a16{0,1}7j:1’...,L}
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and input space U. It is a state output automaton [15] since the output y of
the Preisach operator depends only on the memory curve 1. Therefore the value
inwversion problem is solved if any state of the FSM is reachable, because then all
we have to do is to find the state whose corresponding output is closest to the
desired .

The state transition function Z; : V4 x U — ¥, can be best described in terms
of two state operations, INC: ¥; — ¥,; and DEC: ¥, — ¥, For any state
1 € Uy, we can immediately determine the current input w(v¢): w(v)) = wyqq if ¥

contains n “1”s. For ¢ € U,, we define

INC() 2 Vit u(Y) = ups |

the state after the input is increased by one level if w(v)) # up 41
and

A Y if 77(¢) = Uy
the state after the input is decreased by one level if u () # uy

DEC(4)

As one can easily verify, INC' changes the first “0” bit counting from the right to
“1” and leave other bits untouched. A symmetric remark applies to the operation
DEC. Therefore bit L (bit 1, resp.) is the most (least, resp.) important bit, in
the sense that, if you want to switch bit j from 0 (1, resp.) to 1 (0, resp.), you
must first switch all the lower bits to 1 (0, resp.). Figure 2.14 illustrates the INC
and DEC operations for the case of L = 3.

Now given u € U, the state transition function is expressed as:

(

W, ifu— i) =0
— INCo---INC(v), if u—u(y) = nd,
‘:‘d(wau) — ~ nlxcs 4(w> (w) ,
DECo-- DEQ(w), if u— ﬂ(iﬂ) = —nd,
\ TLD‘E'CS
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Figure 2.14: Operations INC and DEC for L = 3.

(1))

where “o” denotes composition of functions.

Proposition 2.4.4 Any state is reachable. Let v;, 1 = 1,2, be two states. Let
bit ng be the leftmost bit at which 1 and o differ, and let n, be the number of
alternating bit pairs in 1o from bit ng through bit 1. Then 1) is reachable from 1,
by applying an input string s, € Sa of length n, + 1, and the length of any other

Sq € Sa achieving the state transition from iy to 1o is no less than n, + 1.

The proposition is a straightforward consequence of the state transition map =Z,.
The following example illustrates the proposition as well as how to actually con-

struct the input string.

Example 2.4.5 Assume L = 5, ¥; = 00100, 1 = 01011. Then ny = 4, n, = 2,
and the alternating input string s for achieving the state transition has length 3.
Now let’s detail the procedure of state transition:

e Step 0. v contains one “1”, so the current input value is us;

e Step 1. Apply u; (3 consecutive INC's) to make bit 4 “1” and the state

becomes 01111;

e Step 2. Apply us (3 consecutive DEC's) to make bit 3 “0” and the state

becomes 01000;
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e Step 3. Apply uy (2 consecutive INC's) to get 1)s.

Remark 2.4.6 A state-space representation of a general Preisach operator can be
found in [37] and it is shown there that the state space is approximately reachable,
see Proposition 3.4.10. This “approximate reachability” result was also stated in

[58, 86] (in a more casual way).

Corollary 2.4.7 Any state is reachable from any other state with some s} € Sy

of length no more than L.

2.4.2 A state space reduction scheme
Reduction of the state space

In general we need store output values of 2= states for the value inversion problem.
For a reasonable discretization level L, this may take lots of memory. In addition,
computation cost for sorting and searching these states will be very high. There-
fore reducing the number of states without compromising control accuracy is of
practical interest.

Two states 11,1, € U, are equivalent, denoted as iy = 1o, if
F[S:%] = F[San]a Vs € S.

We say a hysteron in the discretized Preisach operator is non-trivial if its associated
weight is not zero, and is trivial otherwise. Existence of trivial hysterons leads to
equivalent states. Let’s look at an example. In Figure 2.15(a), the hysterons
marked with “e”(and labeled by ~q,---,75) are assumed to be non-trivial and
those marked with “o” are assumed to be trivial. It’s easy to verify that the

following states in Figure 2.15(a) are equivalent: 0101, 0110, 1001 and 1010.
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Figure 2.15: (a) Existence of equivalent states (L = 4); (b) Illustration of the

shaded set.

For ) € Wy, define S(¢) to be the set of non-trivial hysterons underneath
the memory curve corresponding to ¢). From the example above, we can see that
1 = 1o if and only if S(¢1) = S(¢2). From the experimental result of measure
identification (see Figure 2.8), we see that indeed many hysterons carry weights of
zero or close to zero, and this provides room for the state space reduction.

The original state space U, is thus a disjoint union of equivalent classes of
states. A reduced state space U is obtained such that each element in W is an
equivalent class in Wy, i.e., U = U,/ =. Denote the set of non-trivial hysterons
as N, ie., NE {80 : Vg.a > 0}, where v, is the weight of 75,. Then a subset
QZ of N can be identified with a member of U if and only if 3¢ € WU, such that
{ﬂv = S(¢). To better capture the latter property, we introduce the notion of a
Lower-Left-Shaded Set . The Lower-Left-Shaded Set (abbreviated as the shaded

set hereafter) A(7s,) of a hysteron 75, € N is defined to be

AVsa) = s € Nt Y0 #980, B < 8,0 < al.

The geometric interpretation of the shaded set of 73, is clear: imagining two rays
from 7, in the Preisach plane, one pointing downwards and the other to the

left, the shaded set consists of non-trivial hysterons lying between the two rays.
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For example, in Figure 2.15(b), A(7v5) = {71, 72, 73} If Vs, lies underneath some
memory curve ¢, all elements of A(73,) must do so too. Therefore we conclude

that @Z C N is identified with a member of W if and only if the following holds:

A(Fsa) C ¥, Y54 € V. (2.24)

To ease presentation, from now on we will simply write {Z € U if (2.24) is satisfied.

Now we can list all members in ¥ using a tree-structured algorithm:

e Step 1. List the equivalent class having no non-trivial hysterons (negative

saturation);

e Step 2. List equivalent classes with one constituent non-trivial hysteron,

i.e., the shaded set of every such hysteron is empty;

e Step 3. Starting from each equivalent class (parent class) QZ with n non-
trivial hysterons, we list equivalent classes (children classes) with n+ 1 non-
trivial hysterons by finding another hysteron ¥ € A such that:

— 7 is not included in {Z,

- A(R) C ¥, i.e., ¥ U7 is an eligible member of ¥, and

— {ﬂv U7 does not coincide with any other equivalent class {ﬂv "with n + 1
constituent hysterons that has been listed so far;

e Step 4. Continue Step 3 until i/j = N (positive saturation) is listed.

The equivalent classes are sorted according to their output values during the
above enumeration process, and we save computation time by using the fact that

the output of a child class is always greater than that of its parent.
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Generating best representative states

For the purpose of realizing state transition, we need find a representative state
v € U, for every @Z € U. From Proposition 2.4.4, the number of alternating bit
pairs of a state 1) is closely related to the number of input reversals required for the
state transition. Therefore the best representative state ¢* € ¥, for @Z € U should
have the least number of alternating bit pairs among all states in the equivalent
class {5

We generate a representative ¢* for QZ ev by first drawing two memory curves
¢} and ¢*, and then picking 1" to be the one whose number of alternating bit pairs
is less. When we draw a memory curve, at most two directions are possible for
each segment: going downwards (denoted by “|”) or going to the right (denoted
by “—=7). Y] is obtained as follows: start from the left upper corner with “|”

and continue that direction as long as it is feasible to do so (i.e., no constituent

hysteron of @Z is left out); when it is infeasible to continue “|”, we switch to “—”
and keep going with that direction until it is infeasible for @Z (i.e., non-constituent
hysterons will be included). We continue until all L segments are drawn. Similarly

7

we obtain ¢*, by starting with “—”. Note it’s easy to see that “—” is feasible

whenever “|” is not, and vice versa.

Proposition 2.4.8 The representative 1* obtained in the above scheme has the

least number of alternating bit pairs among all states in the equivalent class i[j

Proof For any state v starting with “]”, we can show its number of alternating
bit pairs is no less than that of ¢)] by exploiting the strategy in generating 7.
Instead of giving a general proof, we will illustrate the essential idea by looking

at a concrete example with discretization level L = 8 (Figure 2.16). In the figure,
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Figure 2.16: Illustration of the proof of Proposition 2.4.8.

we assume that the memory curve represented by the bolded lines A-B-C-D-E
(“001110017) is Y]. Let ¢ be any other state in the same equivalent class J
starting with “|”. Now imagine we are growing the two curves ¢| and ) segment
by segment, starting from the left upper corner. The curve v has to switch to “—7”
no later than it reaches the point B (since otherwise it will be infeasible). This
implies that when we encounter the first alternating bit pair in ¢*,, we must have
encountered at least one alternating bit pair in . For the same reason, ¢ has to
switch to “|” before 9] does so at point C. This argument goes on until we hit
the line @ = [ and stop. Therefore whenever one alternating bit pair occurs in
Y7, at least one alternating pair occurs in 1. Hence the number of alternating bit
pairs in ¢ is no less than that in ¢)7. The curve represented by the dashed lines
A-F-G-H-I-E in Figure 2.16 gives an example of such 1.

Analogously for any state ¢ starting with “—”, we can show its number of

alternating bit pairs is no less than that of ¢*,. The proof is now complete. [

Example 2.4.9 For the equivalent class {71,72,73} in Figure 2.15(a), 1)} = 0110
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with 2 alternating bit pairs and *, = 1001 with the same number of alternating

bit pairs. So ¢* = ¢} (or ¥*,).

2.4.3 Experimental results

We now apply the value inversion scheme and the state space reduction scheme
to micro-positioning control of a magnetostrictive actuator. The Preisach plane is
discretized with L = 25, which results in 300 hysterons. By treating 201 hysterons
whose weights are zero or very small as trivial, we are left with 99 non-trivial hys-
terons. The final number of states in the reduced state space is 99,217, compared
with 33,554,432, the number of states in the original state space.

Given a sequence of 8 desired displacement values (10 pm, 30 pm, 15 pm,
40 pm, 20 pm, 40 gm, 60 gm and 50 pm), we want to drive the actuator head to
these positions consecutively. Three control schemes are implemented to achieve
the positioning goals. The first one is based on the value inversion scheme, the
second one is based on the closest match algorithm, and the third scheme is based
on a non-hysteretic model where the input-output relationship is approximated by
a single-valued function y = —7.4413 — 2.631? + 40.811 + 30.34. The current input
and the measured displacement are shown in Figure 2.17 through Figure 2.19.
We intentionally hold the input current constant for about 1 second after each
positioning is completed. Figure 2.20 compares the errors of the three schemes for
the eight positioning tasks. We see that Scheme 1 yields the minimum positioning
error. As a trajectory inversion algorithm, Scheme 2 does not allow input reversals
for each desired output value and thus has less control freedom than Scheme 1
does. This can explain why scheme 1 is better than scheme 2. Scheme 3 delivers

the worst performance because hysteresis is not taken into account.

41



N

0.5

Current (Amp.)

6
Time (sec.)

=3
=]

a
=]

IS
S

w
S

[N
=]

Displacement (1 m)

-
o

6
Time (sec.)

Figure 2.17: Micro-positioning control based on the value inversion scheme.
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Figure 2.18: Micro-positioning control based on the closest match algorithm.
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Figure 2.19: Micro-positioning control based on a non-hysteretic model.
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Figure 2.20: Comparison of three schemes. Scheme 1: the value inversion algo-
rithm; Scheme 2: the closest match algorithm; Scheme 3: the inversion algorithm

based on a non-hysteretic model.
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Chapter 3

A Dynamic Model for

Magnetostrictive Hysteresis

When the input frequency gets high, the magnetostrictive hysteresis is rate de-
pendent! (Figure 3.1) due to the eddy current effect and the magnetoelastic dy-
namics of the actuator rod [82, 83]. The rate-dependent hysteresis can no longer
be modeled by a Preisach operator alone. In this chapter, we propose a novel
dynamic model for the magnetostrictive hysteresis, consisting of a Preisach oper-
ator coupled to an ordinary differential equation (ODE) in an unusual way. Due
to its special structure, the model presents interesting problems in analysis and
computation. We establish the well-posedness of the model and study its various
system-theoretic properties. Existence of periodic solutions is proved. Numeri-
cal integration schemes, parameter identification methods and an inverse control

scheme are presented.

n some literature, e.g., [86, 20], the word hysteresis is referred to rate-independent memory

effects only. We use “hysteresis” in the more general sense in this dissertation.
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Figure 3.1: The rate-dependent magnetostrictive hysteresis.
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3.1 A Dynamic Hysteresis Model

Venkataraman and Krishnaprasad proposed a bulk magnetostrictive hysteresis
model based on energy balancing principles [82, 83]. The model has a cascaded
structure as shown in Figure 3.2. The block W takes care of the M — H hysteresis
and the eddy current losses. G(s) is a lumped second order linear system modeling

the magnetoelastic dynamics of the rod.

L w M M2 g Y

Figure 3.2: Model structure of a magnetostrictive actuator.

We now have a closer look at the block W. Due to the finite resistivity of the
magnetostrictive material, there are eddy currents circulating inside the rod. One
way to represent the eddy current losses is to place a resistor R4, in parallel with
a hysteretic inductor [23, 82|, as shown in Figure 3.3. We note that this is a phe-
nomenological approach and the underlying details of the eddy current dynamics
are ignored here. Considering the thin structure of the rod, we assume that the

magnetic flux density B is uniform over the cross section of the magnetostrictive

rod. Then the voltage V' across the nonlinear inductor is NmAmCil—lf, where N, is
the number of turns of the coil, and A,, is the cross sectional area. Let I be the
input current applied, and I; be the current flowing in the inductor branch. Since

V = (I — I)Reqay, we have

d_B o Reddy
dt  N,A,

(I-1,). (3.1)

In ST units, B = po(H + M), where pgp = 47 x 10~ "Henry/m is the permeability

of vacuum. H is related to I1 via H = col;, where ¢y is the coil factor. The

46



j.
/g L R
|

Figure 3.3: Representation of eddy current losses in a magnetostrictive actuator

82).

constitutive relationship between M and H was modeled by a low dimensional bulk
ferromagnetic hysteresis model in [82] and that led to an overall model described by
switching ordinary differential equations. We use a Preisach operator I' to model
M — H hysteresis and obtain the following new model for the block W:
o (3.2)
M = F[Ha wO]
where 1)y represents the initial memory curve and

A Reddy
0= —".
,U/ONmAm
G(s) has a state space representation [82, 83] (after some manipulations):

2
Wy lrod /\s

— TSQM?(t), (3.3)

§(t) + 28woy(t) + woy(t)

where y is the displacement, wg = 27 fy, fo is the first resonant frequency of
the actuator, £ is the damping coefficient, [,.,4 is the length of the rod, A\, is the

saturation magnetostriction and M; is the saturation magnetization.
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Note if we set derivatives in (3.2) and (3.3) to zero, the dynamic model degen-

erates to the static hysteresis model we have discussed in Chapter 2:

H(t) = col(t)
M(t) = L[H(:), tho] (t) - (3.4)
y(t) = pt= M (1)

3.2 Well-posedness of the Model

Eq. (3.3) is just an ODE, therefore we will focus on the well-posedness of (3.2).

3.2.1 Existence and uniqueness

Eq. (3.2) involves time derivatives of both H and M. It is well known that, in
general, a Preisach operator does not map C! into C!. Indeed, when corners in
the memory curve are eliminated, discontinuities occur in the output derivative if
the Preisach measure does not vanish in a neighbourhood of the corner [86]. Hence
we will interpret (3.2) in the sense of Carathéodory [87]. Some partial differential
equations with hysteretic operators appearing in the principal parts have been
studied, see [86, 20] and references therein. Existence and uniqueness proof of

solutions to equations of the form

Y= f(tv Y, F(y))7 (35)

where I' is some hysteresis operator, can be found in [20]. To our best knowledge,
no such result has been published for equations like (3.2).

The following lemma will be used in the proof of uniqueness of the solution to

(3.2).
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Lemma 3.2.1 (The Gronwall inequality) /[2// Let A(t) be a real continuous
function and v(t) a nonnegative continuous function on the interval [a,b]. If a

continuous function y(t) has the property that
t

v SN0+ [ vio(s)ds

for a <t <b, then on the same interval
t t
y(t) < A1) +/ A(s)v(s)els VI,
In particular, if A\(t) = Ao, where Ao is a constant, then
y(t) < /\Oef; V(s)ds.

Theorem 3.2.2 If the Preisach measure v is nonnegative and nonsingular, and
I() is piecewise continuous, then for any vy € ¥, for any T > 0, there exists a

unique pair {H(-), M(-)} € C([0,T])xC([0,T]) satisfying (3.2) almost everywhere.

Proof 1. We first show the existence. From 1)y, one can evaluate initial values

H(0) and M(0). Eq. (3.2) is equivalent to the following: Vt € [0, 77,

H(t)+ M(t) = H(0) + M(0) + [ ci(I(s) — HQ@)@ 5.6
M(t) = L[H(-), 0] (t)

As in the proof of the existence of solutions to the heat equation with hysteresis
in [20], we use an Euler polygon method to approximate (3.2): for N > 0 and

hy = %, solve consecutively

B | M )
v e =Gy co

M](Verl) _ F[H](\7m+1)7wm]
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for 0 <m < N —1, with HY = H(0), MY = M(0), I\ = L f(m“)’w I(s)ds,

hny Jmhy

and 1, the memory curve resulting from application of the sequence {H . As
discussed in Chapter 2, we tacitly understand that the input of I' is changed mono-

tonically from H ](\,m) to H ](\,mﬂ). From the continuity and the piecewise monotonicity

properties of I'[-, ¢,,] (Theorem 2.1.3), (3.7) admits a unique solution for Hy (m+1)

and thus for My (™) " Furthermore, by the piecewise monotonicity, Hy, (m+1) Hj(vm)

and M"Y — M{™ have the same sign, from which we have

m+1 m m
e HEY
=] < allf |

N Co
HY|
< (]I ]+ . —). (3.8)
0

Since I(-) is piecewise continuous, we have Vm, I ) < Cr, with C; > 0 indepen-

dent of N. From (3.8), we can get

m aT
HY) < (4 )Y (HO)]+ @Cr) = aC
< ¢ ([H(0)| + coCy) — coCr =: C, (3.9)

for all m, and C' is independent of N. Boundedness of M ](Vm) is a natural conse-
quence of (3.9).

We obtain Hy(-), My(:) € C([0,T]) by linearly interpolating {H{"} and
(MUY, e, Hy(t) = THY + (1 = )HT™Y for t = (m + 7)hy, 0 < 7 < 1,
and analogously for My(-). Combining (3.8) and (3.9) we see that Hy(-) is Lip-
schitz continuous with Lipschitz constant L = ¢;(Cr + %) and the same is true
for My(-). Therefore {Hy(:)}n>1 is an equicontinuous and equibounded family
of functions, and by Ascoli-Arzeld Theorem, by extracting a subsequence if neces-
sary, Hy(-) — H(-) € C([0,T]) uniformly as N — oco. It’s casy to see that H(-)
is also Lipschitz continuous and thus differentiable almost everywhere. Similarly

My(-) — M(-) € C(]0,T]) uniformly.
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Now define ey (t) = Hy (t)+My (t)—c1 (1(t)— 22D at t where Hy(t) and My (t)

co

exist. By the definitions of Hy(:) and My(-), we know ey(t) is well defined a.e.

(m)
and ey (t) = ey (IV" — I(t)) — ally “HvO) for t € (mhy, (m-+1)hy). Integrating

(€]

 Hy(t)

Hy(t) + My(t) = ey (1(t) )+ en(t)

from 0 to ¢, and letting N — oo, one can show H(-) and M (+) satisfy the first part
of (3.6) and we are left to show M(t) = C[H(-), v(t), V¢ € [0, T).

Let My = [Hn(+), 1. By the strong continuity of I', My — T[H (-), ¥ since
Hy(-) — H(-). Furthermore we have My (mhy) = My(mhy), 0 < m < N. This
together with the piecewise monotonicity of I" enables us to conclude

sup |My(t) — My (t)| < Lhy.

t€[0,T]

Therefore as N — oo, {My} and {My} have the same limit, i.e.,

M(t) = F[ﬁ()v¢0](t)v vt e [O7T]

2. We now prove the uniqueness. By contradiction we assume that there exist
two solutions { H (), M;(-)} and {Ha(+), Ma(-)} and Hy(t") # Ha(t') for some ¢’ > 0
(we know H;(0) = Hy(0)). Define ey = Hy — Hy and ey = My — M. Using (3.2),
we get

&1

en(t) +en(t) = =& /0 e (s)ds. (3.10)

Co
Define t to be

t =sup{t: ey(r) =0,Vr € [0,t]}.

By the continuity of ey, there exists 6 > 0 such that ey(t) has a constant sign,
say, > 0 (without loss of generality), on (¢,¢ + 6]. Using the order preservation

property of I' (Theorem 2.1.3), ey (t) > 0, Vt € [t, ¢+ d]. This together with (3.10)
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leads to
t
len(t)] < ﬂ/ leni(s)|ds, vt € [0,F+ 0], (3.11)
Co Jo
which implies |eg(t)] < 0 by the Gronwall inequality, V¢ € [0,¢ + 6], and this

contradicts |ey (t)| > 0, Vt € (¢,t+ d]. n

Remark 3.2.3 With minor modification, the above proof can be used to show
existence and uniqueness of solutions to more general systems where the right hand
side of the first equation in (3.2) is replaced by some function f(H,I) continuous

i I and Lipschitz continuous in H.

3.2.2 Continuous dependence on parameters

Continuous dependence of the solution to (3.2) on the parameters and the initial
condition can be proved using the properties of the Preisach operator and analysis
techniques for ODEs [24].

Before we go to the main result of this subsection, we first look at some lemmas
about the Preisach operator. In this subsection we deal with nonsingular Preisach
measures exclusively. Since we will discuss a sequence of Preisach operators, a

Preisach operator with a density function p will be denoted as I',.
Lemma 3.2.4 If {u,} and p satisfy

[ [ 118,00 = uis,0)ldsaa o,
then Yy € W, Vu € C([0,T]), L'y, [u, o] — T'ufu, 1] uniformly on [0,T].

Proof For any t € [0,71], for any n, I',, and I, have the same memory curve.

Therefore

T, o1, 0] (£) — T, ] (1)) < / / (B, @) — (B, )| dpdar,
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and the conclusion follows. ]

Recall the definition of ¢, (Subsection 2.1.1).

Lemma 3.2.5 Let pu be a density function. Let {1no € U} be a sequence of mem-

ory curves such that [ [, (3, @)|Cpno (8, @) —Cyo (8, @) |dBdac — 0 for some 1 € V.
Let the sequence u,, € C([0,T]) — u € C([0,T]) uniformly. Then

L [tn, Yol — Tplu, ¢o] uniformly on [0,T].

Proof This follows from Theorem IV.3.4 in [86], page 114. m

Lemma 3.2.6 Let {y,} be a sequence of density functions such that [ [, |pn(3, a)—
w(B,a)ldBdo — 0 for some Borel measurable function p. Let {0 € U} be a se-

quence of memory curves such that

/ /P (B, 0)[Cona (B @) — Cyo (B, )| dBdax — 0,

for some g € V. Let the sequence u, € C([0,T]) — u € C([0,T]) uniformly.

Then Ty, [tn, ¥no] — T'ulu, o] uniformly on [0, T).
Proof We get this by combining Lemma 3.2.4 and Lemma 3.2.5. ]

Remark 3.2.7 Theorem IV.2.5 in [86] shows continuous dependence of T, [u, o)
on [, u, Yy, and there convergence of the Preisach measure in the weak® sense is
assumed which enables one to conclude only pointwise convergence for the output.
We use a stronger assumption j, — p in the Ly norm in Lemma 3.2.6 and the

payoff is that we get the uniform convergence for the output.
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Theorem 3.2.8 Let {H(-), M(-)} be the solution to (3.2) with the initial condition
o € V. Assume that the Preisach measure v for I' in (3.2) is nonnegative and
nonsingular, and let p be the corresponding density function. Consider a sequence

of equations:

Hn+Mn:Cn1( n

Mn = F/Ln [Hm 77Z)nO]

where {p,} is a sequence of nonnegative density functions, {I, € PC([0,T))} is

o)
o’ (3.12)

a sequence of piecewise continuous functions. From vy and 1,g, we get H(0) and

H,(0), respectively. If the following assumptions are satisfied:

i — ¢y i =01, (3.13)
I, — I uniformly on[0, T), (3.14)
H,(0) — H(0), (3.15)
[ [ 18,00 = w(s.0)1d5a0 — . (3.16)
/ /P (8, 0) |G (B, @) = Cun(B, ) dBder — 0, (3.17)

then {H,(-), M,,(\)} — {H(-), M(-)} uniformly on [0,T].
Proof From Theorem 3.2.2, (3.12) has a unique solution
{Hn(-), My(-)} € C([0,T]) x C([0,T]).

Let F C R? be a compact set containing in its interior the graph of H = H(t) for

0<t<T. Let (Q >0 be such that

~

er(I(s) — C—f)\ < Q. Ys.H)eE.

From (3.13) and (3.14), there exists 7y, such that when n > 7, (by increasing @ if

necessary)

[cni(Ln(s) — —)| < Q, V(s,H) € E.
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Choose 6 > 0 such that the rectangle

~

R={(s,H): 0<s<0,|H—H(0)| <2Qd} CE.

By (3.15), there exists ng, such that when n > ngy, |H,(0) — H(0)| < Q) and hence
(0, H,(0)) € R. Now from the piecewise monotonicity of T, H,M, > 0, which
implies |H,| < Q. Therefore (t, H,(t)) € R for 0 <t <.

{H,(-)} is a sequence of equicontinuous (with same Lipschitz constant ()) and
equibounded functions on [0, §]. From the Ascoli-Arzeld Theorem, by extracting a

subsequence if necessary, H, — H € C([0, 6]) uniformly. Using Lemma 3.2.6,
M, — M2 T ,[H, o] uniformly on [0, 4].

It’s easy to show that {H(-), M(-)} solves (3.2) on [0, d]. By the uniqueness of the
solution to (3.2), we have {H(-), M(-)} = {H(-), M(-)} on [0,4]. Hence we have
shown any subsequence of (and thus the whole sequence) {H,,(-), M,,(-)} converges
to {H(-), M(-)} uniformly on [0, §]. Following a standard argument for ODEs (see,

e.g., [24]), the region of uniform convergence can be extended to [0, 7. N

3.3 A New Perspective to Study the Model

In this section, we look at (3.2) from a different perspective. This will lead to an al-
ternative proof for the well-posedness as well as provide insight into understanding

of various properties of the model.

We define an operator B : C([0,7]) x ¥ — C([0,T1]), such that
B[H, 4o](t) = H(t) + T'[H, vol(t), VH € C([0,T1), Vb € ¥, (3.18)

where T is the Preisach operator. Let B = B[H, ). Recall B = uo(H + M)
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(Section 3.1), hence the physical interpretation of B is the scaled magnetic flux
density.
If for any B € C(]0,T]) and any v € W, there exists a unique H € C([0,T7),

satisfying B= B[H,y], then in terms of E, (3.2) can be written as:

= B_l[éﬂﬂo]

B=c(l- ), (3.19)

Co

where B~! denotes the inverse operator of B. Eq. (3.19) is of a more amenable
form and people have studied such systems, see [20] and the references therein.

For an interval J, we define
C5([0,T]) 2 {ue C([0,T]) : u(t) € J,¥t € [0,T]}.

Let Jy = [Hmin, Hmaz] C R be the range of H. Then the Preisach operator
F . CJH([OyT]) X \Ij - CJM([OvT])y Where JM - [MminuMmaac] and Mmm (Mmaacu
resp.) is the negative (positive, resp.) saturation corresponding to Huin (Hpmaz,

resp.)

Proposition 3.3.1 Let the Preisach measure of I' be nonsingular and nonnega-

tive. Then for any vy € ¥V, the mapping
B['a %] : CJH([(]? T]) - CJB([(]? T])
18 precewise monotone, continuous and injective, where

JB = [Hmzn + Mmina Hmax + Mmax]'

Proof It’s obvious that the range of B C C;,([0,T]) and B is piecewise monotone.

Continuity of Bl-, 1| follows from that of I'[-,4y]. To show B[, 1] is injective,
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consider Hy, Hy € Cy,([0,T]) and Hy(t) # Hy(t) for some t € (0,7). We can
find ¢/, 0 < ¢ < t, and 6 > 0, such that H,(t) = Hy(t), Yt € [0,#] and (without
loss of generality) H;(t) — Ha(t) > 0, V¢ € (¥,t' 4 6]. From the order preservation
property of T, we have B[Hy,o](t) > B[Hz,1o](t), Vt € (t',t' + §], which proves
the claim. (]

We can also show B is surjective. We first present a lemma which will be used

in the sequel.

Lemma 3.3.2 [86] Let XY be metric spaces, f : X — Y be continuous and
Y C f(X) be dense in'Y . Also assume that for any relatively compact set K C 17,
the set f~H(K) 2 {z € X : f(x) € K} is relatively compact. Then f(X) =Y. If

moreover f is injective, then f=1:Y — X is continuous.

Proof For any y € Y, we can find a sequence {y, € )7} convergent to y. Then
for any choice of z, € f~!(y,), the sequence {z,} is relatively compact, hence
x, — x for some subsequence {z,,} and some x € X. Since f is continuous, we
have f(x) =y and therefore f is surjective.

Let now f be injective. By the same argument as above, if y, — y € Y, we
get f1(y,) — x = f~(y) since z is unique and independent of the choice of the
subsequence. [

For u € C([0,T1]), we define

A .
R R S A

Lemma 3.3.3 Let the assumption in Proposition 3.3.1 hold. Then Y, € ¥,

osc H < osc]B[H,wo], VH e C(0,T)), Vti, ta] C [0,T]. (3.20)

[t1,t2] [t1,t2
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Proof Let

t* = argmax H, t, = arg min H.
[t1,t2] [t1,t2]

It’s easy to verify that I'[H, ¢o](t*) > I'[H, 1o](t.). Hence

OSC]B[H, o] > B[H, o) (t") — B[H, ¢y](t.) > osc H.

[t1,t2 [t1,t2]

Proposition 3.3.4 Let the assumption in Proposition 3.3.1 hold. Then for any
o € W, B[, 1] : Cy, ([0,T]) — Cy,([0,T)) is surjective, and its inverse

B 4] : ([0, T]) — Cyy ([0, 1)
1S continuous.

Proof The results will follow from Lemma 3.3.2, by letting X = C},([0,T1]),
Y = CJB([OaT])a f= B['ﬂﬂo], and

Y = Coms, ([0, T]) 2 {u € Cy,([0,T]) : wis piecewise monotone}.

We now verify that the assumptions in Lemma 3.3.2 are satisfied.

From Proposition 3.3.1, f is continuous and injective. Y is obviously dense in Y.
To show Y C f (X), we adopt a technique used in [85]. Given 1)y € ¥, we evaluate
H(0) and M(0). Without loss of generality, we assume B € Cyp s, ([0,7]) has
only one monotonicity partition with B(0) < B(T') (The argument extends to the
case of multiple partition regions easily). We assume the compatibility condition

is satisfied?, i.e., B(0) = H(0) + M(0). We want to find H € Cyp,.s,,([0,T]), such

2If this condition fails, we will have to “blow up” the point of input discontinuity into an
interval with nonzero length and make the input continuous by linear interpolation, see [55],

page 55, or [20], page 51.
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that B[H, o) = B. Let H(t) = H(0) 4+ t. By the (strict) piecewise monotonicity
of B, there exists T, such that B[H,vo](T) = B(T). Let Hy(t) = H(0) + %t,
and By = B[Hy, ). Then B, is strictly monotone increasing, By (0) = B(0) and
By(T) = B(T). Now we introduce a time transformation ¢ : [0, 7] — [0, 7] so that
o(t) = By' o B(t). It’s easy to sece H = Hy o ¢ will yield B.

We are left to show f~'(K) is relatively compact for any relatively compact

set K C Y. Using Lemma 3.3.3, the set B7'[K, 1] is equicontinuous if K C

Cpm.s5([0,T]) is. Then we conclude with the Ascoli-Arzeld Theorem. N

Remark 3.3.5 Properties of B and B~ we have shown so far and the Lipschitz
continuity of B~' (to be shown next) parallel those of T and T~' when the Preisach

measure v satisfies an extra assumption:
V(A(/\l, /\2)) > 0, V[)\l, )\2] C JH, A< )\2, (321)

where A(A1, \2) = {(B,a) € P: X\ < B < a< N} [21, 86, 20]. This is not
surprising since the operator B can be regarded as a Preisach operator I with
measure V' = v + vy, where vy is a strictly positive singular measure concentrated

on the line o = 3.

Proposition 3.3.6 Let the assumption in Proposition 3.3.1 hold. Then the oper-

ator Bl-, -] is causal, rate-independent and order preserving.
Proof Straightforward. |

Theorem 3.3.7 Let the assumption in Proposition 3.3.1 hold. Then Y1y € W,

B, 4] is Lipschitz continuous with Lipschitz constant 2, i.e.,

sup |Hi(t) — Ha(t)| <2 sup |B[Hy,¢ol(t) — B[Ha, o] (t)], (3.22)

t€[0,T) t€[0,T)]

for Hy, Hy € C;,([0,T1]).
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Proof Essential ideas of the proof are borrowed from [21], where the inverse
of the Preisach operator I' is shown to be Lipschitz continuous if (3.21) and the

following condition are satisfied:
x(x) > Cz, Vx >0, (3.23)
for some constant C' > 0, where
(@) 2 min{v(ANA+ 7))+ Hyin <A < Hypaw — 2}
It suffices to show that, V¢ € [0, T],

|Hy(t) — Ha(t)| < 2 sup [B[Hy,o](T) — B[Ha, 1] (7)]. (3.24)

T€[0,t]
If Hi(t) = Hs(t), the claim is trivial. Assume H;(t) < H(t) (the case H;(t) >
H,(t) is similar). Let the corresponding memory curves at ¢ be 1[t] and ,]t]
in (r,s) coordinates. If ¥y[t](r) < ¥s[t](r), Vr > 0, (3.24) is obviously true. So
we consider only the case that iy[t](r) > 1s[t](r), for some r > 0, as shown in
Figure 3.4 (same as Figure 5.1 in [21] with different notation).
Define

ro =inf{r > 0 : P [t](r) > ¢t](r)},

r* =inf{r > r, : Pi[t](r) = Po[t](r)}.
Since 11[t](0) < 2[t](0) and we consider a compact support for the Preisach
measure, 0 < 7, < r* < oo. As illustrated in Figure 3.4, r, indicates the first

(counting from the left) bifurcation point of 11 [t] and v, [t] after they first intersect,

and r* indicates the next intersection point of the two curves. Define regions:

Dy ={(r,s): 0<r<r,, lt](r)

IN

< s < t](r)},
<s <y

Dy ={(r,s): re <7 < 71", oft](r) [t](r)}.

IN
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H,(t)

H, (t)

Figure 3.4: Hlustration of the proof of Theorem 3.3.7.

Now

THy, o)1) — T[Hy, () :—2//Dlw(r,s)dsd7“—|—2//DQw(r, §)dsdr + v,
(3.25)

where v, represents the contribution from the region where r» > r*. Since w > 0,

we get from (3.25)

Hy(t) — Hi(t) < B[Hay, o] (t) — B[H1, o] (t) + 2//D w(r, s)dsdr + vso. (3.26)

Our next goal is to show that we can find 7 € [0, ], such that

; / /D ol )+ v < BlHy, t0](7) — BlHa, t0](7), (3.27)

then (3.26) and (3.27) would imply (3.24).

We observe that both graphs of ¢, [t] and s [t] when restricted to [r., 7*], consist
of at least two segments of different slopes and we let m; be the second segment
of Y;[t]|[rs, r*] counting from the left, where “|” denotes restriction. Let ¢; be the

time when m; is formed on v;[t]. Let 7 = max{ty,ts}. Clearly 7 > 0. We claim 7
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satisfies (3.27). To see this, let’s assume, without loss of generality, 7 = t;. Then

dilr] = max{i[t], ¥},
velr] < max{yu(t], v} in 0,72,
Ua[r] = Wst] in [rs, 00,
where 11 and 1), are the straight lines with slope —1 through Q; and Q,. Therefore
[U[Hy,vol(T) > T'[Ha, 1ho)(7) and Hy(1) > H(7), which implies (3.27). n
Corollary 3.3.8 Let the assumption in Proposition 3.3.1 hold. Then
B ] Con([0,T1) x W = o (10,T))

is Lipschitz continuous: ¥ 1,199 € ¥, ¥V Hy, Hy € Cy,,([0,T1),

sup |Hy(t) — Ha(t)| <2 sup [B[Hy, ¢1](t) = B[Hs, o] ()| +2 [| 1 =2 ||, (3.28)

t€[0,7) t€[0,7)

where

b — i 12 / / 1Gor (B, @) — G (8, )\, ) A,

and Cy 15 as defined in Subsection 2.1.1.

Proof The proof is almost identical to that of Theorem 3.3.7, except that when

 # e, T = max{ty, ta} may be 0. But if that’s the case, we immediately have

2//])2 w(r, s)dsdr + ve < 2 || ¥ — 1o ||, (3.29)

which completes the proof. m
Now we can provide another proof for Theorem 3.2.2 (see also Theorem 3.1.1

in [20], page 124):

Proof Define B as in (3.18) and rewrite (3.2) as (3.19). The latter is equivalent

to

B(t) = B(0) + /Ot ca(I(s) — B_I[BC;O?#O](S))CZS —: T[B|(¢), (3.30)
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where §(O) = H(0) + M(0). From Theorem 3.3.7, when 7 is small enough, the
operator 7 is a contraction mapping on a closed subset of C([0,7]). Therefore
(3.30) has a unique solution B defined on [0, 7] by the contraction mapping theorem
(Appendix A). Furthermore, the solution can be extended to the interval [0, 7.
One can then obtain H = B~![B, ¢] and M = T'[H, ). n

From Corollary 3.3.8, we can obtain an explicit formula for the continuous

dependence of the solution to (3.2) on the initial condition:

Proposition 3.3.9 Let the Preisach measure v be nonsingular and nonnegative.
Let wr be the modulus of continuity for T'. For i = 1,2, denote by {H;(-), M;(-)}
the solution to (3.2) corresponding to the initial memory curve i; € W. Then for

any T >0, any I(-) € PC([0,T]), we have

| Hy = Ha llogom< 2(ace o + || 1 = s ), (331)
| My — My ||eqom< wr(|| Hi — Ha |leo.))- (3.32)
where
ay = |H1(0) + Mi(0) — H2(0) — Ma(0)| + 2l fol — H;
and || - ||c(o,m) denotes the sup norm on C([0,T7).

Proof Let B;(t) = H;(t) + M;(t), i = 1,2. Then for i = 1,2,

= = B, ¢i)(s)

&@:&@+AQMQ—&W% )ds,

which gives rise to

El(t) - §2(t) = él(o) - §2(0) -a /o (B_l[gl, Ui](s) — 8_1@27 Ua](s))ds. (3.33)

Co
From Corollary 3.3.8 and the Gronwall inequality, we obtain

2c1T

| By — By o< age o . (3.34)
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Then (3.31) follows from Corollary 3.3.8 and (3.32) follows from the continuity of

T. ]

3.4 System-Theoretic Properties of the Model

In this section we study system-theoretic properties associated with the model
(3.2). In particular, we look at stability of equilibria, input-output stability, reach-

ability and observability.

3.4.1 Stability of equilibria

The state for (3.2) is the (infinite-dimensional) memory curve ¢ € W since both
H and M can be derived from 1. We set the input I = 0 in (3.2) and investigate
stability of the equilibria of the following equation:
H+M=-2H
SR (3.35)
M = F[Hu 77Z)0]

To get the set of equilibria, we let H = M = 0 in (3.35) and obtain H = 0.

Therefore the equilibria set
Uy = {¢ € U : the graph of ¢ intersects the line « = 3 at (0,0)}.

In (r,s) coordinates, ¥y = {¢p € ¥ : ¢(0) = 0}. Note ¥, forms a continuum and
any ¢ € ¥ whose graph is embraced by those of 1, and 1; in Figure 3.5(a) belongs
to Uy.

Stability of an equilibrium point is usually discussed in the sense of Lyapunov
[54]. An equilibrium point is stable if all solutions starting at its nearby points

stay nearby. It is asymptotically stable if it is stable and all solutions starting
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W
Y Yol -—

Gl |

(a) (b) (c)

Figure 3.5: Stability of the equilibria: (a) the set Wy; (b) evolution of v, when

H(0) > 0; (c) evolution of ¢, when H(0) < 0.

at nearby points tend to it as time approaches infinity. Different metrics can be
defined to measure the distance between two memory curves 11, 1 € W. Recall

the definition for ¢, (Subsection 2.1.1). We can define

_ = ) — _)|dBda, 3.36
=2 12 [ [ 16(8.0) = (8. 0)1d5da (3.36)
and
= e, 2 [ [ 160(8.0) = Gu(B0)ln(B.a)dBda. (337
P
We use the notation || - ||z, and || - ||z, since the metrics (3.36) and (3.37) are

defined in terms of the L; norm where the underlying measures are the Lebesgue
measure in R? and the Preisach measure with density j, respectively.

A third metric uses the Hausdorff distance

| 1 — o || = di(graph of ¢y, graph of ), (3.38)

and we recall for a metric space X with metric d(-,-), the Hausdorff distance

dp (51, S2) between two sets Sy, So C X is defined

dy(S1,52) = max{ sup inf d(s1,ss), sup inf d(sy,sq2)}.

51651 $2€S52 52€85 $1€S51
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Y am* 5 (H, H,
S .
—f——-(-ﬁ‘é*,ﬁ) (H, H) 5 }'/.
0 /i 0
AMY T H)
RS
(a) (b)

Figure 3.6: Illustration of the definition %7 (¢, 4): (a) definition of 4 (¢, +); (b)

definition of 9% (y, —).

We now define two quantities, 4 (¢, +) and %2 (1, —), where 937

o, -

resp.) carries the interpretation of the derivative of M with respect to H when H

is being increased (decreased, resp). For ¢ € W, Let (H, H) be the point where ¢

intersects with the line a = 3. Define (see Figure 3.6 for illustration)

Hjz = mf{ﬁ (8, H) € graph of ¥},

and
A

H, =sup{a: (H,«a) € graph of 1}.

Note usually either Hz or H, is equal to H.

We let
o AMY
W +) AH o+ AH '’
dM  AM-
ag ) = i

(3.39)

(3.40)

if the limits in (3.39) and (3.40) exist, where AM™* and AM ™ represent contribu-
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tions from the shaded areas in Figure 3.6(a) and (b), respectively:

_2/H+AH/H (5, )dpdo,
[

AM- = Z/HAH /ﬂHau(ﬁ,a)dadﬁ.

If ;1 is continuous, 4 I M (4, 4) and fl—]\g(@/), —) are well defined and given by
dM B
S =2 [ u(s.mas (3.41)
Hg
dM Haoo
EEWwﬁ=2é u(, a)do. (3.42)

It turns out that our stability result is independent of the metric we use.

Proposition 3.4.1 Assume that the Preisach measure is nonnegative and non-
singular, and that the density function is piecewise continuous. Then each ¢ € U

is a stable but not asymptotically stable equilibrium of (3.35).

Proof Consider ¢* € ¥,. Denote v, the memory curve at time ¢ > 0 when the

system starts from ¢y € ¥ at ¢ = 0. We claim
| by — " [I<]| o — 4" ||, VE >0, (3.43)

where || - || is any of the three metrics we defined above.

We first show if H(0) corresponding to 1 is not zero, then H(t) — 0 mono-
tonically. By the assumptions of the proposition and the implicit assumption that
1 has a compact support, %(qﬁt, sgn(H)) is well defined a.e., and

dM
0< - — (¢, sgn(H)) < C, (3.44)

for some C' > 0. Then the first equation in (3.35) is of the form

(&1

H=—aaram™

(3.45)
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where g(t) = 9L (1), sgn(H)), and 0 < g(t) < C. From (3.45), we can see H(t) — 0
monotonically. This implies that for ¢y € ¥ with H(0) # 0, ¥y — 1 as illustrated
in Figure 3.5 (b) and (c). If H(0) = 0, i.e., ¥y € ¥y, then ¢y = 9. Therefore
(3.43) holds and any @ € W is stable. Any ¢ € W, is not asymptotically stable

due to that ¥, forms a continuum. ™

Remark 3.4.2 Although any individual equilibrium ¢ € Wy is not asymptotically

stable, Wy is “globally asymptotically stable”, in the sense that, starting from any

¢0 - \Ij, ].lmt_)oo inf¢€¢0 || 77Z)t — ¢ H: O

3.4.2 Input-output stability

For each ¢y € ¥, (3.2) defines a mapping from the input /(-) to the output H(-)

and M (). Here we discuss the question of finite gain stability for this mapping.

Definition 3.4.3 A mapping M is finite gain L stable if there exist v > 0 and

by, such that for all u in the input space,
| Mullz< [l wllz +bo, (3.46)

where || - ||z denotes the signal space norm. We say M has an L gain less than or

equal to v, and call by the bias term.

We study the finite gain L, stability and the finite gain Lo stability of (3.2).

Accordingly, we define two input spaces

1>

Us = {I(+) : I(-)is piecewise continuous and sup |I(t)| < oo},

t>0

U, 2 {I(:) : I()is piecewise continuous and / I(t)dt < oo},
0
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and we write
1 1() llo=sup|L(t)], VI() € Uw,
>0
1 10 o= /‘p@muvuqe@.
0

Finite gain L., stability

Since the Preisach measure is assumed to be finite, |M(t)] < M, Vt > 0 for
any input /(-), where M, stands for the saturation magnetization. Therefore the
mapping from I(-) to M(-) is finite gain L., stable with v =0 and by = M.

For the mapping from I(-) to H(-), we have the following:

Proposition 3.4.4 Let the Preisach measure be monnegative and nonsingular.

Then Yy € U, VI(-) € Uy, we have

FH () Jloo< max{|H(0)],co [ 1(-) [loc}- (3.47)

Proof The proposition follows from the observation that, due to the piecewise

monotonicity of the Preisach operator, (3.2) gives

H>0if I(t) >

H<0if I(t) <

Finite gain L, stability

The mapping from I(-) to M(-) is not Ls stable in general. To see this, consider

an example: Let the initial memory curve ¢y € ¥ be such that the corresponding
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H(0) =0 (i.e. ¢ € W) and M(0) # 0, and let I = 0. Then M = M(0) and hence
not square integrable although || 1(-) ||2= 0.

The mapping from [(-) to H(:) is finite gain L, stable:

Proposition 3.4.5 Let the Preisach measure be nonnegative and nonsingular with

a piecewise continuous density p. Then Y € W, VI(-) € Uy, we have

1 H(C) N2< 7 (| () |l2 +bo, (3.48)
where
&1
Y =8Up
o i+ it
- Co(]. +C)
by = H(0

and C' > 0 is the constant in (3.44).

Proof For each ¢y € ¥, we can rewrite (3.2) as

_00(1 +9(t))

where ¢(t) is as defined in the proof of Proposition 3.4.1. Eq. (3.49) is a linear

(&1

H(t) + —21(p), (3.49)

H(t) = 5900

time-varying ODE and its solution is given by [61]: H(t) = Hy(t) + H;(t), where

Ho(t) = ¢ o wrsaen® (), (3.50)

t t c1
H() = [ e Faasem® Y 1i0dr 3.51
) = [ oAt O r(rar (351)

From (3.44), one obtains || Hy(-) ||2< by. Again from (3.44),
[HL(0)] < Ho(t) 2 & 507 @ | ()] (3.52)

where “®” denotes the convolution. Note Hs is just the output of a linear time

invariant system
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when the input is |I(-)|. Denote Fourier transforms of Hy, I and |I| by PAIQ(jw),

I(jw) and I'(jw), respectively. Then

I Hi() M3 < |l Ha(o) 13 (3.53)
= —/ 1Go(ju)T(jw)|*dw (3.54)
< 7 5; |ITJW)Fdw (3.55)
- o °°|f<jw>|2dw (3.56)
= 72||fﬁ)lba (3.57)

where we have used the Parseval’s identity [39] in (3.54), (3.56) and (3.57). Eq. (3.48)

now follows by using the triangular inequality. n

Remark 3.4.6 The bound 7 is just the Hoo norm [39] of the system Go(s).

3.4.3 Reachability

In this subsection and next subsection, we will adapt the notions of reachability
and observability [74] to the Preisach operator I" and the system (3.2).

Let H € C([0,T]) be the input to the Preisach operator and let ¢[t] be the
memory curve at time ¢. It’s easy to check that [-] is continuous on [0,T] under

any of the three metrics on W defined in Subsection 3.4.1, and we write

Let = : C([0,7]) x ¥ — C(]0,T],¥) be the evolution map of the memory curve
(c.f. Section 2.3 for the definition of =, in the discrete-time case), i.e., for the input

H € C(]0,T]) and the initial memory curve ¢, € U,

Y[t] = E[H, o] (t).
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Definition 3.4.7 (Reachability for the Preisach operator) Let 1,1y € V.
We say 1o is reachable from 1y if there exists a finite T > 0, and H € C(]0,T)),
such that vy = Z[H,1](T). The state space ¥ is called reachable if any state is

reachable from any other state.

Definition 3.4.8 (Approximate reachability for the Preisach operator)

Let d(-,-) be one of the three metrics in ¥ defined in Subsection 3.4.1. We say
vy € VU is approximately reachable from 1y € W if for any € > 0, there exists
Y € Y, such that 1. is reachable from ¢y and d(ie,12) < €. The state space W
1s called approximately reachable if any state is approzimately reachable from any

other state.

Remark 3.4.9 The definition of approximate reachability above is adapted from
that in [37].

Proposition 3.4.10 [37] For the Preisach operator T', the state space ¥ is not

reachable, but approximately reachable.

Proof Denote ¥, C ¥ the set of memory curves composed of segments with
slope £1 in (7, s) coordinates. It’s easy to check that W, is a dense subset of ¥,
and any 1, € ¥, is reachable from any ¢ € V. m

Now for the system (3.2), for any input I € PC([0,T]) (the space of piecewise
continuous functions), the corresponding trajectory ¥[-] € C([0,7], V) by Theo-
rem 3.2.2. Denote Zp : PC([0,T]) x ¥ — C([0,T], V) the state evolution map for

(3.2).

Definition 3.4.11 (Reachability and approximate reachability for (3.2))
Same as Definition 3.4.7 and Definition 3.4.8, except we replace H € C([0,T]) and

= by I € PC([0,T]) and Zp, respectively.
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Proposition 3.4.12 Let the Preisach measure be nonnegative and nonsingular.

The state space V for (3.2) is not reachable, but approximately reachable.

Proof VW is not reachable since the state space for the Preisach operator is not
reachable. 'We now show W is approximately reachable, i.e., given 1,19y € U,

€ > 0, there exists I € PC([0,T]), such that

Epll,W](T) =4, € Uy, (3.58)

with d(¢,, 1) < €. Indeed, from the rate-independence property of the Preisach
operator and Proposition 3.4.10, we can find H € C([0,T]) (the space of continu-
ously differentiable functions), such that Z[H, ¢4 ](T) = ¢, € ¥, with d(t,, ¥2) < €.
By the hypothesis, M= F[f[, Y] € C([0,T]) and it is a.e. differentiable. Then by

the uniqueness of the solution to (3.2), the input

H+M H
+ —
C1 Co

satisfies (3.58).

3.4.4 Observability

Definition 3.4.13 (Observability for the Preisach operator) We say ¢, €
U is distinguishable from 1y € WU, if there exists a finite T > 0 and H € C([0,T)),
such that My(t') # My(t") for some t' € [0,T], where M; = T'[H,v;], i = 1,2. The
Preisach operator is observable if any state 1 € V s distinguishable from any other

state.

Proposition 3.4.14 Recall the definition of ¢ (Subsection 2.1.1). Let the Preisach

measure be nonnegative, and nonsingular with density p. The Preisach operator is
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observable if and only if V1,109 € U and ¥y # s,

/ /P (B, 0)[Cor (B ) — Con(B, )| dBdcr > 0. (3.59)

Proof If (3.59) holds, straightforward analysis on the Preisach plane shows any
state can be distinguished from any other state. Conversely, if (3.59) is violated
for some pair 1, 15, then one can find ¥ # ) both intersecting the line o = /3

at the same point and

[ [ #8.0)16(5.0) = G (3. lapda =0, (3.60)

It’s obvious that v] is not distinguishable from %,. [
As in Subsection 3.4.2, we take I(-) as the input and {H(-), M(-)} as the output

of the system (3.2).

Definition 3.4.15 (Observability for (3.2)) Let ¢y, € V. We say ¢, is
distinguishable from 1y, if there exists a finite T > 0 and I € PC([0,T]), such
that Hy(t') # Hy(t') or My(t') # My(t') for some t' € [0,T]. The system (3.2) is

observable if any state 1 € VU is distinguishable from any other state.

Proposition 3.4.16 Let the Preisach measure be nonnegative, and nonsingular

with density p. The system (3.2) is observable if and only if Yip1,¢9 € U and
W # 19, (3.59) holds.

Proof We first show if (3.59) holds, (3.2) is observable. Let’s consider ¢y, 1y € ¥
such that H;(0) = Hs(0) and M;(0) = M>(0) (otherwise v is already distinguished
from 15 by taking ¢’ = 0). From (3.59),

M;(0) — M5(0) = 2//Dlw(7“, s)dsdr—Q//D2 w(r, s)dsdr + v, =0, (3.61)
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Wi

Figure 3.7: Hlustration of the proof of Proposition 3.4.16.

where D; and Dj are regions as illustrated in Figure 3.7(a) and v, represents
the contribution from the region r > r*. Applying a monotonically increasing (or

decreasing, resp.) input I with 7(0) > HZ—(EO) (1(0) < 19 resp.). Then

co

{H1(2), Mi(t)} = {Hy(t), Ma(t)}

until at some time ¢, the segment msy (my, resp.) is touched and the area D; starts
to change (Figure 3.7 (b)). This breaks the balance in (3.61) and we will observe
M (') # My(t') for some t' > t.

Conversely, if (3.59) is violated for some 11,15 € W. Then as in the proof of
Proposition 3.4.14, we can find ¢} # 1}, and they satisfy (3.60) and the correspond-
ing H{(0) = H5(0). Then we can show (using, e.g., the Euler polygon method),
for any I(-) € PC([0,T)), {H;, M|} = {H}, M}}. |
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3.5 Existence of Periodic Solutions under Peri-
odic Forcing

We observe a periodic motion of the actuator head when a periodic input is applied
(Figure 3.1). We want to investigate whether the model (3.2), (3.3) has this same
property. Eq. (3.3) is a linear system when we treat M?(t) as its input, and it’s
easy to show it has an asymptotically orbitally stable periodic solution [54] when
M? is periodic. Therefore we need only study whether (3.2) has periodic solutions
when the input [ is periodic.

Brokate and Pokrovskii studied asymptotic stability of oscillations in nonlinear
ODE systems with small hysteretic perturbations [19], where the hysteresis non-
linearity is required to satisfy certain contraction property. Studies on oscillations
in systems with hysteresis can also be found in [56, 14, 66]. Techniques from these
papers can not be directly applied to (3.2), but the key idea of finding a fixed point

of some operator in these papers proves to be useful in our following result:

Theorem 3.5.1 Let the Preisach measure be nonnegative and nonsingular. Define
Jr = [HCLO", HCLO‘”] Let I € Cy,([0,00)) be T-periodic, i.e.,

It+T)=1I(t), Vt > 0.
Let Zp : C([0,00)) x ¥ — C([0,00), V) be the state evolution map for (3.2). Then
there exists 1y € W, such that Zp[I,wo](t +T) = Zp[I, 1o|(t), ¥t > 0.

Proof We will use the Schauder fixed point theorem (Appendix A). Recall
Definition 2.1.1 and Figure 2.4. It’s obvious that ¥ is a convex set. Denote

L1(]0, 7)) the Banach space of integrable functions on [0, ro]. First we show ¥ is a
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closed subset of L;([0, 7)), where we borrow some ideas from the proof of Theorem
3.3 in [37).

In (r,s) coordinates, any ¥ € W is a continuous function of r on [0, 7], and
thus ¢ € Ly1(]0,7o]). Let {t, € ¥} be a sequence that converges to 1 € Ly ([0, ro])
(in the L; norm). By definition of W, {#,} is equicontinuous and equibounded.
Therefore by the Ascoli-Arzeld Theorem, a subsequence 1, — ¥ € ¥ uniformly
on [0,7q], which implies {1, } converges to ¢ in the L; norm. Therefore {E =1

and ¥ is closed.

Given ¢y € ¥ and a T-periodic I € C,([0,00)), we have
ED[Iaqu)O](t) € \Ijv Vit Z 07
from Proposition 3.4.4. We then define the map =5 : ¥ — ¥ by

ET (o) = Ep[L, o) (T), Yapy € . (3.62)

The metric of L;([0,7¢]) on ¥ is equivalent to the metric (3.36), which is further
equivalent to the metric (3.37) under the assumptions on the Preisach measure.
Hence =% is continuous by Theorem 3.2.8. Also =% is a compact mapping since

U itself is compact. Therefore =% has a fixed point by Schauder’s fixed point

theorem, and this completes the proof. n

Remark 3.5.2 Theorem 3.5.1 implies that the corresponding solution {H(-), M(-)}

18 also periodic.
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3.5.1 Existence of recurrent solutions

Pokrovskii and his colleagues studied existence of so called recurrent oscillations

in the differential-operator equation of the form [64, 65]:

l‘(t) = f(t,l‘(t), Z(t))
2(t) = Alz(), 2(t)](¢)

, (3.63)

where Vt, z(t) € R?, 2(t) typically represents the internal state of some hysteresis
operator and belongs to an infinite dimensional metric space Z with the metric
dz, and A[-,-] is the evolution map for the state z. For instance, for the case of
the Preisach operator I', Z = ¥ and A = =.

Roughly speaking, a function u(t) with —oo < t < oo is recurrent if, given
e > 0,T > 0, there exists A > 0, such that V7 € (—o00,00), any interval longer
than A contains o such that the function t — u(t + 7) is “e-close” to the function
t - u(t+o),t € [-T,T]. The class of recurrent functions includes periodic, quasi-
periodic, almost-periodic functions and many more [65]. It was shown in [64, 65]
that (3.63) has at least a recurrent solution, if f(¢,x, z) is recurrent in ¢ and (3.63)
has a uniformly bounded solution. One can adapt the proof of this result to get
the following: when [ is recurrent, (3.19) (and thus (3.2)) has at least a recurrent

solution.

Remark 3.5.3 One should not say the result of existence of recurrent solutions
is stronger or weaker than that of existence of periodic solutions (Theorem 3.5.1).
In some sense, the result of existence of recurrent solutions is more general but it

does not imply Theorem 3.5.1.
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3.6 Numerical Simulation of the Model

Numerically solving (3.2) helps predict behaviors of the model, verify theoretical
analysis, and validate the model by comparing the simulation result to the exper-
imental measurement. It will also prove useful in parameter identification for the

model.

3.6.1 Explicit Euler algorithm

The Euler polygon method was used in establishing the well-posedness of (3.2) in
the proof of Theorem 3.2.2. Here we use the Euler method to obtain an approx-
imate solution to (3.2). Given the memory curve ¢[ty] at time ¢, and the input

I(-), approximate values of H and M at ty + h are computed via

H(to+h)—H M(to+h)—M H
(to+})L (to) + (to+})l (to) _ e (I(to) (to))

co

: (3.64)

M(to + h) = T[H(to + h), ¢[to]]

where h is the time step size (see the comments in the proof of Theorem 3.2.2 for
proper understanding of the notation in (3.64)). We call (3.64) the explicit Fuler
scheme since H (to + h) is not involved in the right-hand side of the first equation
in (3.64), following the terminology in the ODE literature [40].

As noted in the proof of Theorem 3.2.2, (3.64) has a unique solution if the
Preisach measure is nonnegative and nonsingular. Eq. (3.64) can be solved by
adapting the inversion algorithms for I' discussed in Subsection 2.3.2. Denote the
right-hand side of the first equation in (3.64) as go. We consider the case gy > 0
and the other case can be dealt with similarly.

If the Preisach measure satisfies the assumptions of Proposition 2.3.4, the fol-
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lowing algorithm can be used to solve (3.64):

HO+D) — o) 4 i(:;
M®FD = P[H®FD 4] (3.65)

[(n+1) — (n) _ (H(n+1) — H(”)) — (M(n+1) — M(”)),

with 7 as defined in (2.20), H® = H(ty), M = M (ty), 1) = hgp.
If the density pu is piecewise uniform, obtained from the collection of identified
weighting masses as discussed in Subsection 2.3.2, the algorithm (2.22) can be

modified to solve (3.64). At iteration n, evaluate d\™, d$”, a{™ and a{” as in

Subsection 2.3.2. Then solve
@y (dg") 4+ (1+ 0" )y = 1)
for dé"), where (9 = hgq, and
((nt1) — () _ (H(n+1) _ H(”)) _ (M(n+1) _ ]\4(71))7 Vn > 0.

Then iteration of (2.22) will yield the solution to (3.64).

3.6.2 Accuracy of the Euler algorithm
We have the following result about accuracy of the algorithm (3.64):

Proposition 3.6.1 Assume that the Preisach measure is nonnegative, and non-
singular with a piecewise continuous density. Assume that the input 1(-) is contin-
uous and bounded. Consider the algorithm (3.64). Let the true solution to (3.2)
be {H(-), M(-)}. Assume UL(Y[to], £) and the derivatives of H(t) and M(t) at to
exist. Then

|H (to + h) — H(to + h)| = O(h?), (3.66)

|M(ty + h) — M(to + h)| = O(h?). (3.67)
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Proof Denote gq the right-hand side of the first equation in (3.64). Taylor series

expansion of H and M at ¢, gives us

H(ty+ h) = H(to) + H(to)h + O(h?), (3.68)
M(to 4+ h) = M(to) + M(to)h + O(h?), (3.69)
where
. 90
) = T T o] sgm(0))
and

. dM

M(ty) = ﬁ@[to]a sgn(go))H (to).

From (3.64) and the piecewise monotonicity property of T,

|H(to + h) — H(to)| < hlgo| < hC, (3.70)

for some constant C' > 0. From this we have

—~

M (to+ h) — M(to)

= %W[to], sgn(go))(H (to + h) — H(to)) + O(|H (to + k) — H(to)]?)
= o, saman)) (T 10+ ) = H (1) + O(12), 371)

Combining (3.64) and (3.71), we have

_ B hgo
H(to +h) = H(to) + 77 DT () lto], sgn(go))

Then (3.68) and (3.72) lead to the estimate (3.66), while (3.69), (3.71) and (3.72)

+O(R?). (3.72)

lead to (3.67). u
We have seen the local error (the error in one step) for the algorithm (3.64)
is O(h?) and thus the global error is O(h). This is consistent with the accuracy

order of the Euler method in numerical integration of usual ODEs.
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A natural question to ask is whether we can obtain algorithms of high order
accuracy for solving (3.2) by properly adapting high order integration methods
for ODEs, e.g.,the mid-point rule and other Runge-Kutta methods. From our

preliminary investigation, the answer appears to be “no”. One of the difficulties is

f «wdM»

77 on the sign of H.

due to the dependence o

3.6.3 Implicit Euler algorithm

Implicit methods perform better than explicit ones for many problems, especially
for stiff problems [41]. Existence of fast transient dynamics in a system is a typical
cause of stiffness. Eq. (3.2) is stiff, which one can see easily after it is rewritten as

(3.49). Therefore we propose an implicit Euler algorithm to solve (3.2):

H(to+h)—H M (to+h) =M o)
(to+ })l (to) + (to+ }Z (to) = Cl([(to + h) o %) (3 73)

—~ ~

M (to + h) = L'[H(to + h), ¥[to]]
Solving (3.73) does not require more effort than solving (3.64) since (3.73) can

be rewritten as

G G)(H o+ ) = H(to)) + FEEEE = ea(T o 4 1) = 508)

—~ ~

M(to+ h) =T[H(to + h), ¥[to]]

which carries the same structure of (3.64). Figure 3.8 compares the performance of
the explicit scheme (3.64) and the implicit scheme (3.73). Same input [ is applied.
The step size h = 8 x 107° second. We can see that the implicit algorithm is much

more stable and it can provide meaningful solutions even if A is not very small.
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Figure 3.8: Comparison of the implicit Euler scheme with the explicit Euler scheme.
(a): the input current; (b), (d): trajectories of H, M computed by the explicit

scheme; (c), (e): trajectories of H, M computed by the implicit scheme.
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Figure 3.9: Displacement amplitude vs. input frequency.

3.7 Parameter Identification

In this section we discuss how to identify parameters involved in the model (3.2)
and (3.3). The Preisach measure is identified as described in Section 2.2. The
following parameters are provided by the manufacturer (some of them presented
already in Section 2.2): N,, = 1300, A,, = 2.83 x 107°m?, l,,¢ = 5.13 x 10™?m,
M, = 7.87 x 10°A/m, ¢y = 1.54 x 10*/m. The saturation magnetostriction \,
is identified to be 0.001313. To estimate the first resonant frequency, we apply
sinusoidal inputs of the same amplitude but different frequencies and measure the
amplitudes of the displacement. Figure 3.9 displays the displacement amplitudes
at different frequencies and we determine the first resonant frequency to be 392
Hz.

We are now left with identification of R.44, and . Generally it’s impossible
to write down the explicit solution of (3.2) in terms of Regqy, therefore we can

not identify Rcqq, directly. A theoretical value of Re4q, can be computed with the
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8tpN2, (b2 —a?)
formula Reddy = m

[82], where p is the resistivity of the magnetostrictive
material, b and a are the outer and inner radii of the magnetostrictive rod. We use
this formula to obtain an upper bound R of R.s, by letting a = 0. Plugging in
p = 5.8 x 1077Q/m for Terfenol-D, we get R = 480.202. We then discretize [0, R]
and denote the mesh points by Rfj}dy, 1 =1,---,N. The discretization need not
be uniform and we make it finer in the region where the dynamics of (3.2) is more
sensitive to Reqay-

We observe a periodic motion of the actuator head when a periodic input
is applied. We have also shown (3.2) and (3.3) have periodic solutions if I(-)

is periodic (Section 3.5) . These observations motivate the following scheme to

identify Re4q, and &:

e Step 1. We apply a sinusoidal current (with some dc shift if necessary) I(-)
with frequency f to the actuator and measure the phase lag 0, ; between the

fundamental frequency component of the displacement and the current;

e Step 2. For each Rggdy, we numerically integrate (3.2) with I(-) as the
input, and calculate the phase lag 02 ; between the fundamental frequency

component of M?(-) (in its steady state) and I(-).

e Step 3. The difference 8, ; — 02 s is considered to be the phase lag between
the fundamental frequency component of y(-) and that of M?(-) in (3.3),

from which we can compute £@.

Remark 3.7.1 The idea of relating the phase shift between the output and the
input to hysteresis can also be found in [28]. We note that in general, the phase

lag depends highly nonlinearly on the initial condition, and the amplitude and the
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frequency of 1(-), so we should make sure that the initial condition in simulation

18 consistent with the condition in the experiment.

We repeat the above experiment (Step 1 to Step 3) K times with different input
frequencies and denote the damping coefficients as {5,(:) K| for Rf(zid)dy' If Rigdy is
close to the true parameter R.qqy, § ,gi) should not vary much with k. Therefore we
pick i* € {1,---, N} such that {{,ii*)}szl has the minimum variance, and estimate
R.gay via Reqqy = Rigd)y and let £ be the mean of {f,iz)}

Figure 3.10 shows the variation of ¢ with respect to frequency for different
Rigdy’s. The parameters are determined to be R.qq, = 7012, § = 0.7783. Figure 3.11
compares the rate-dependent hysteresis loops measured in experiments to those
obtained through simulation based on the identified parameters. We see that the
simulation results agree with the experimental results reasonably well up to 200
Hz. Since the depth of eddy current penetration depends on the frequency, so
does R.qqy. This explains why the comparison in Figure 3.11 goes worse when the
frequency is beyond 200 Hz. In practice, one can identify R4, according to the

operating frequency range of the specific application.

3.8 An Inverse Control Scheme

In this section we propose an inverse control scheme for the dynamic hysteresis
model (3.2) and (3.3). We first formally describe the scheme to highlight the idea,
then we discuss how to implement it.

Given a desired displacement trajectory () € C?([0,T]), we compute for every
t, u(t) = wg%:m(g(t) + 26woy(t) + w2y(t)) and then let M(t) = y/u(t). Next we

obtain H(-) from M(-) by inverting the Preisach operator I'. We then (formally)
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Figure 3.10: Identification of R.qq, and &.

let

)+ a1 + 2y (3.75)

1

I(t) B 0_1 Co
Due to the uniqueness of the solution to (3.2) and (3.3), we expect the output y(-)
under /(-) to agree with (-).

All we have just said is the ideal case. Several issues need to be taken care of
in implementing the scheme.

First of all, the desired trajectory g(-) may not be twice differentiable. For (3.3),
let D([0,T]) be the space of attainable y(-) under some control u(-) € C([0,T])
and 0 < u(t) < M2Vt € [0,T] (u plays the role of M? in (3.3)). In general,
we need first find y*(-) € D([0,T]) which is closest to g(-) in the sup norm (i.e.,
the projection of g(-) on D([0,7])) and then work with y*(-). In our experiments
below, however, 7 is picked from D([0,71]) since our main objective is to validate
the model.

Since (3.3) is a linear system, sometimes %(-) (and therefore M(-)) is available

as the output of some linear controller. In such cases, the inverse problem becomes

how to get I from M and the solution to it is just (3.75).
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Figure 3.11: Model validation. Solid line: experimental measurement; Dashed line:

numerical prediction.

Another question is that M(-) or H(-) may not be differentiable. In general
this should not bother us because we work in the discrete-time setting (for digital
computer control) and the derivatives are approximated by the finite difference
method.

Three inverse control schemes have been implemented to track a desired dis-
placement trajectory. The first one is based on the dynamic hysteresis model,
the second one is based on the Preisach model alone (c.f. Section 2.3), and the

third one is based on the non-hysteretic model described in Subsection 2.4.3. The
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sampling period used is 0.05 ms. Experimental results are shown in Figure 3.12 -
3.14. In each figure, the displacement trajectories (both the desired and the mea-
sured), the tracking error and the input current are displayed. We can see that the
performance of the first scheme is very satisfactory. This shows that the dynamic
hysteresis model can capture high frequency effects in the actuator, and that our

identification and inverse control schemes are effective.
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Figure 3.12: Trajectory tracking based on the dynamical hysteresis model.
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Figure 3.13: Trajectory tracking based on the Preisach model alone.
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Figure 3.14: Trajectory tracking based on the non-hysteretic model.
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Chapter 4

A Robust Control Framework for

Smart Actuators

Due to the open loop nature of inverse compensation, its performance is susceptible
to model uncertainties and to errors introduced by the inverse schemes. In this
chapter we address this problem by combining inverse control with robust control
techniques. Appendix C provides the background (and notation) on robust control
necessary for development of results in this chapter.

Figure 4.1 illustrates the idea underlying the robust controller design method
for smart actuators. We consider the discrete-time setting in the interest of digital
control. W and @a()\) represent the nonlinear part and the linear part of the
actuator model, respectively. W could be a Preisach operator (rate-independent
hysteresis), or a rate-dependent hysteretic operator, like (3.2), together with other
nonlinearities, e.g., the square operator in Figure 3.2. We recall (see Appendix C)
that A-transform @()\) of a LTI system G is essentially the usual z-transform of
G with A = z71. CA;O(/\) denotes the plant we want to control. An approximate

(right) inverse W1 is connected in series to W, to approximately cancel out the
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Figure 4.1: A robust control framework for smart actuators.

nonlinearity W. Then a linear controller K () is designed for the composite plant
CAJOCAJG. In addition, actuator saturation is also considered in Figure 4.1.

As an example, we study the robust trajectory tracking problem. The require-
ments for the controller can be roughly stated as: in the presence of the inversion
erTor €, = u — u and the model uncertainties in @a and CA;O, for all desired trajec-

tories in a certain class,
e the closed-loop system is stable,
e the tracking error is minimized, and
e the output of K does not exceed the saturation limits.

A more precise formulation of the robust control problem will be presented in

Section 4.2.

Remark 4.0.1 We take the saturation limits into account in the design of K
to ensure that the overall system operates in the linear region and thus predictions
based on the linear design are credible. We will see, however, that strictly enforcing

the saturation constraint at the stage of controller design compromises the tracking
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Figure 4.2: Two ways to represent the inversion error.

performance. Further discussions on how to incorporate the saturation nonlinearity

into controller design will be provided in Section 4.4.

A first step toward the robust controller design is to quantify the inversion error

4.1 Quantification of the Inversion Error

In general W-1 is not an exact inverse of W (Figure 4.1) and two factors may
contribute to the inversion error: parameter uncertainties and non-existence of
exact inverse schemes.

There are two possible ways to model e,. The first one is to model it as the
output of some uncertainty block A (Figure 4.2(a)) and the other one is to simply
model it as an exogenous disturbance v (Figure 4.2(b)). As we will see shortly, e,
is independent of u and it is possible that e, # 0 for u = 0. Therefore there exists
no stable A such that e, = Au, and we will treat e, = v as an external noise.

We need specify the signal spaces for quantification of the inversion error. The
inversion error for the Preisach operator is bounded in magnitude instead of in
energy. Hence a natural choice for the signal spaces is [, and not ls. Also it is more

appropriate to use [, for the desired trajectory and the tracking error. Another

93



Figure 4.3: The error in inversion of the Preisach operator.

advantage of using [, for signals is that the actuator saturation constraint can be
easily handled in the corresponding [; robust control theory, while it’s very hard
to be formulated in H,, control theory.

We first quantify the error in inversion of the Preisach operator, and then con-
sider a new inversion scheme for the dynamic hysteresis model (3.2) and quantify
the error introduced by this scheme. In both cases we are concerned with quan-
tification of e); = M—M , where M and M denote the trajectories of achieved
magnetization and desired magnetization, respectively. Finally we indicate how to

obtain e, from e;; when a square nonlinearity is included in W.

4.1.1 Error in inversion of the Preisach operator

Consider Figure 4.3, where I' is a Preisach operator with nonsingular Preisach
measure v.

Error due to an inversion scheme

Assume we are given the Preisach measure. Consider the inversion algorithm
(2.21) with the stopping criterion |M — M| < e. Then it’s straightforward that

| e [|oo< € for any M € .
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Error due to the parameter uncertainty

If the Preisach measure is not given, we can discretize the Preisach plane and
identify a collection of weighting masses, as discussed in Subsection 2.2.2. We can
then obtain a nonsingular Preisach measure v, with a piecewise uniform density
iy by distributing each weighting mass uniformly over the corresponding cell in
the discretization grid. We have presented an exact inversion scheme (2.22) for the
Preisach operator I with measure v, (Subsection 2.3.2). For the inverse algorithm
(2.22), ey can be attributed to the measure uncertainty |v, —v|. We now quantify

ejs 1n terms of the identification error and the discretization level.

Proposition 4.1.1 Let the true Preisach measure v be nonnegative, and nonsin-
gular with density p. Assume p(B,a) < i, for any (5, «) in the Preisach plane,
where i > 0 is a constant. Let H, = oy — [y, where [y, ap] is the input range of
the Preisach operator. Given a discretization of level L, denote the integral of
over a cell i (either square or triangular) as v?, 1 <i < N,, where N, is the total
number of cells. Consider the measure identification scheme in Subsection 2.2.2
and denote by v; the identified mass for celli, 1 < i < N.. Assume that the relative

error in identification is dy, i.e.,

— 0
bioil < 1<i< N

v

Assume that the initial memory curve g € V is given. Then for any M € l,, any
¢0 € \Ij;

20 H?
I enr oo 81M, + 2, (4.1)

where M, s the positive saturation corresponding to v.

Proof  Define p, as discussed earlier. We obtain another Preisach measure

with a piecewise constant density ,ug by distributing 2 uniformly over the cell i,
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Figure 4.4: Ilustration of the proof of Proposition 4.1.1 (L = 8).

1 <4 < N,.. To distinguish the Preisach operators, we will put the corresponding
density as the subscript of I', e.g., I, means the Preisach operator with the density
L.

Given M € I, and vy, we denote the output of [!in Figure 4.3 as H. Then,

Yk > 0,

lexr (k]| = T [H, wo][k] = T, [H, o] [K]]

< [CulH, ol (k] = Tpg [H, sho] [F]] + [Ty [H, o] [K] = T, [H, o] (k]| (4.2)

All three Preisach operators involved in (4.2) share the same memory curve [k,
VEk > 0. It’s obvious that the second term of (4.2) is bounded by 6;M;. To bound
the first term, we note that for any & > 0, the memory curve ¢[k| spans L — 1
square cells and one triangular cell (Figure 4.4). Any cell not touched by v [k] will
contribute the same amount to I',[H, o] [k] and I',0[H, 1o][k]. Hence the first term
of (4.2) is bounded by twice the interal of u over cells spanned by [k], which is

further bounded by

2pH; (L —5) _ 2nH}
L? L
This completes the proof. [ ]

Remark 4.1.2 From Proposition 4.1.1, the bound on the inversion error consists
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of two parts: the first part is proportional to the relative identification error, and

the second part is inversely proportional to the level L of discretization.

Remark 4.1.3 The assumption that 1y is known is not very restrictive since in
many cases we have the choice to initialize the system. On the other hand, if g
is not known exactly, we can easily include a term in || ey ||o which takes care of

the uncertainty in .

4.1.2 Error in inversion of the dynamic hysteresis model

Given a desired trajectory of magnetization, we proposed an inverse control scheme
(3.75) for the model (3.2) in Section 3.8. But if there is uncertainty in the model
parameters, it is very hard (if not impossible) to derive a bound for the inversion
error. Here we will present another inversion algorithm. This algorithm leads to
an inversion error even if the exact parameters are known, but it will allow us to
quantify the inversion error when model uncertainty is considered.

One way to rewrite (3.2) is:

H(t) _ _a ([(t) _ H(t)>

1+g() co

M(t) = T'[H, 4ol (t)

: (4.3)

where ¢(t) = Z—%(@Dt,sgn(ﬂ(t))) and 0 < g(t) < C (c.f.(3.45)). We can treat the
first equation in (4.3) as a linear time-varying ODE of H, and regard (4.3) as

perturbed from the following decoupled system:

H(t) = 12 (1(t) — 52 (4.4)

M(t) = TTH, o] (t)

where g € [0, C] is some constant. Based on (4.4), an approximate inversion scheme
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for (4.3) is given formally by

H(t) =T~ [M, 1ol (t)

I(t) = 22 (1) + 10

€0

(4.5)

When implementing (4.5) in the discrete time, we have two ways of writing
I[-], which correspond to the explicit Euler scheme and the implicit Euler scheme
in discretizing the first equation in (4.4), respectively: for k£ > 0,

1437 H[k —1]

] = 20 - He - 1) + =, (4.6)
I4] = =220k = Hlk - 1)+ 5 E)k], (4.7)

where h is the time step size, H[—1] = H|[0].

Remark 4.1.4 Direct discretization of the first equation in (4.4) by the explicit

Euler scheme (a similar remark applies to the implicit Euler scheme) gives:

= 9y 1) - mp) +

I[K]

but this is not a causal system and thus not realizable. An intrinsic delay is intro-

duced in the inversion due to the dynamics in the rate-dependent hysteresis model.

We now want to study the errors caused exclusively by the inversion algorithms,
i.e., we assume that we have exact values of parameters. For the inversion algorithm
(4.6), the discrete time version of the first equation in (4.3) is obtained by the

explicit Euler scheme:

R 1+ g ) (48)

where g[k] = g(kh). Similarly, if the inversion algorithm (4.7) is used, we will
use the corresponding discrete-time model obtained by the implicit Euler scheme.

Figure 4.5(a) shows the problem setup for the explicit Euler case.
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For the purpose of deriving the bound on the inversion error, we will not need
the exact values of g[k].

Due to the delay caused by the inversion, the error e, is now defined as (Fig-
ure 4.5(d)):

é/\/

en[k] 2 MK — M[k — 1].

Proposition 4.1.5 Let the Preisach measure be nonnegative, and nonsingular
with a precewise continuous density . Let the Preisach operator I be Lipschitz
continuous with Lipschitz constant L,,. Let H,, 2 max{|fol, |ao|} where By, o) is
the input range of I'. Consider the inversion algorithm obtained from the explicit
Buler method (Figure 4.5(a)). Let H[—1] = H[0] = H[0]. Pick g € [0,C], where
C' is the constant as defined in (3.44). Then for any M € l, for any vy € ¥,

H €M Hoog 2Lu:}/eHm: (49)

where
C-g
_ 1+C

1— max{hc—? —1,1— 7%{;30)}'

max (3,

e

The optimal g to minimize 7, s CLJFQ
Proof We first derive a bound for ey, defined by ey [k] = H[k] — H[k—1], k > 0.

Substituting (4.6) into (4.8), we have

enlk+ 1] = alklex k] + bk (H[k] — H[k — 1)), (4.10)
where
A hey o g—glkl
e A M A e

From (4.10), we compute

exll+ 1) = ([T aliDes0) + S (T] abihbliil - Hli— 1), (4.11)
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Figure 4.5: The error in inversion of the rate-dependent hysteresis model.
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Since eg[0] =0,

k
lenlk +1]] < 203 a)b | H ||

=0
2b
< o H (112)
where
_ A hCl - A g xT
ad= max |l — —————|, b= max | |.
2€[0,C] co(l+ ) z€(0,0] 1+
It’s easy to verify that
_ hCl hCl - _ C g
= — 11— — b=
“ fax { Co C(](l—*—CY)}7 fax {g 1—|—C

Therefore || ey [|< 2% || H ||oo- The error ey can be thought of as the output
of some uncertainty block Ay with the induced gain less than or equal to 27,
(Figure 4.5(b)). But since I',I'"! sit outside the dashed box in Figure 4.5(b),
we can not carry Ay along further. Instead we represent ey as an exogenous
disturbance with magnitude bounded by 2%.H,, (Figure 4.5(c)). Eq. (4.9) now

follows using the Lipschitz continuity and the time invariance properties of I'. It’s

_c

casy to see that the optimal g minimizing the error bound is #. n

Similarly we can derive the error bound for the implicit Euler algorithm (4.7):

Proposition 4.1.6 Let the assumptions in Proposition 4.1.5 hold. Consider the

implicit Euler algorithm (4.7). Then for any M € l, for any 1y € ¥,

where
% = max{ g C—-g } (1+C)+clh
h 149071 4 C 4 ab cih
(CQ+Clh)C

The optimal g to minimize 7; s Sleo el TooC
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Remark 4.1.7 For the explicit algorithm, the step size h has to be chosen small
enough to ensure stability of (4.8) and (4.10). The implicit algorithm, however, is

stable Yh > 0. Therefore the implicit algorithm is preferred in general.

Propositions 4.1.5 and 4.1.6 quantify the errors solely due to inversion algo-
rithms (4.6) and (4.7). It’s straightforward to extend the error estimates to the
case that there are parametric uncertainties in ¢ and ¢, e.g., when Reqq, in (3.2)
is not exactly known. The error due to inversion of the Preisach operator and
the uncertainty in the Preisach measure can also be included as done in Subsec-
tion 4.1.1.

When the square operator is present, like in the case of a magnetostrictive
actuator, the estimate of e, can be derived from that of ey;. Let u € [Umin, Umaz)

(recall Figure 4.1). One can easily verify that

Few o<l ear lI3 +2 II €ar lloo vatmas-

4.2 Formulation of the Robust Control Problem

We formulate the robust control problem precisely in this section. For simplicity of
presentation, we consider @0()\) to be the identity operator, i.e., we are interested in
trajectory tracking of the actuator head itself. We aim to convey the essential ideas
for robust control of general smart actuators through the example of controlling
the magnetostrictive actuator.

Figure 4.6 shows the closed-loop system after the inverse compensation is done,
where the exogenous noise v represents the inversion error. From Section 4.1,
| v ||oo< © where the bound v is quantifiable in terms of inverse schemes and

parametric uncertainties. @a()\) stands for the discretized version of the second
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Figure 4.6: Robust control of a magnetostrictive actuator.

order system (3.3). The composition A o WO()\) represents the deviation of the
actual plant from the nominal plant CA}’a()\). We assume that A can be any nonlinear
operator with || A ||, —ma< 1. WO()\) is a weighting function and it reflects that
at a higher frequency the model uncertainty is larger.

Let || Yres ||oo< 7, where y,¢s is the reference trajectory. The error e, = Yref — Y
is fed into the controller K (A). The delay A following K (A) is due to inversion of
the dynamic hysteresis model.

Let the saturation limits of the actuator be —u and u respectively. Then
the saturation constraint translates into || ug ||o< 1, where wuq is as defined in
Figure 4.6. The case Uin # —Umas Will be discussed in Section 4.4.

There are two delays in the loop since G,(\) contains a pure delay. This

motivates us to define the tracking error e, as

60[]6] _ yref[k _,3] — y[k]7 (414)

where v > 0 is the desired disturbance attenuation level. To ease the formulation,

we normalize signals v and ¥,.r, and regard vy and 7 as inputs to the system with

103



A
Vi
Vo
w{ ro G(\) U_} 2
u 57
K(\)
(a)

[=]
A
Vi m
T 80 Z
u Y
K(\)
(b)

Figure 4.7: Formulation of the robust control problem.

| v [|o< 1, || 70 l< 1 (Figure 4.6).

The transfer function G (M) of the open-loop system is

ni

€o

Ug

0 T)Wo()\) 0 )\Wo()\) U1
1 oVal FA2 AA
— —;Ga()\) 3 —;Ga()\) Vo
0 0 0 % 70
—1 —35G,(\) 7 | =AG.(\) u
G\

(4.15)

In terms of CA;, the closed-loop system in Figure 4.6 can be simplified as in Fig-

ure 4.7(a).

The control objective is: find the smallest v and a stabilizing controller K (N),

such that

1. the closed-loop system is stable for any A with || A ||, —ina< 1,

2. || eo [|lo< 1if A =0, for all vy, 7o with || vy [|< 1 and || 7o [|< 1, and

3. || uo [|oo< 1if A =0, for all vy, 79 with || vo o< 1 and || 7o [|o< 1.
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If we define the exogenous input w and the regulated output z as

A Vo A €o
w = s Z = s

To Ug

items 2 and 3 above are equivalent to the following:

where ®.,, is the mapping from w to z.

By the small gain theorem (Appendix C), (4.16) is equivalent to requiring
robust stability of the system when we wrap a nonlinear uncertainty block Ap from
z to w with || Ap [|i,—ina < 1, as shown in Figure 4.7 (b). Therefore the control
problem can be reformulated as: find the smallest v and a stabilizing controller
K (A), such that the closed-loop system in Figure 4.7 (b) is robustly stable for all
A € A, where A 2 {A = diag(A, Ap) : A is nonlinear and of dimension 1 x 1,

Ap is nonlinear and of dimension 2 X 2, || A ||, _ina< 1}.

4.3 Solving the Robust Control Problem

To solve the robust control problem, we need determine, for a fixed v > 0, whether
we can find a stabilizing K (A), such that the closed-loop system is stable, VA € A.
This will be called the robust control problem with disturbance attenuation level ~y.
From Theorems C.3.2 and C.3.4, the robust control problem with attenuation level
v is solvable if and only if

inf inf | D™'F(G,K)D |:< 1, (4.17)

stabilizing k DP€D
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where

dy
D: d2 d17d2>0 9

1>

dy
and Fj(-,-) denotes the lower Linear Fractional Transformation (c.f. Section C.2).
We will restrict ourselves to finite dimensional LTI (FDLTI) controllers. Eq. (4.17)
is a [; model matching problem and it can be solved as discussed in Section C.4.
First one can use the D — K iteration method to decompose the joint optimization
problem (4.17) into a sequence of decoupled optimization problems.
In Step 1 of the D — K iteration (Section C.4), for a fixed D € D, we want to

solve

inf | D7 F(G,K)D ||, . (4.18)
stabilizing K

Partition G into a 2 x 2 block matrix as shown in (4.15) and denote it as
. Gn G
& A11 A12

Ga1 G2
Since @22 is stable, the set of stabilizing FDLTT controllers K is parametrized by
(see Corollary C.2.5):

K(\) = —LA, Qe RH, (4.19)

1_G22

and the scaled achievable closed-loop maps is parametrized by
D'F(G,K)D = E - UQV, Q € RHX", (4.20)

where E 2 D_lénD, U2 D—léu and V 2 62117. Therefore (4.17) is trans-
formed into

inf || E-UQV | . (4.21)
QERHLXL
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Problem (4.21) is a multi-block /; model matching problem (Appendix C). We can
approximate it by a one-block /; model matching problem through delay augmen-
tation (DA) (c.f. Subsection C.4.3). The latter problem is then solved using linear
programming (c.f. Subsection C.4.2). Re-ordering input and output variables of
G if necessary, the lower bound 7, and the upper bound 75 both converge to the
minimum /; norm ¥ (see Theorem C.4.11 for notation) as the number of aug-
mented delays N — oco. We also obtain a sub-optimal controller for (4.20) from

the DA method.

Remark 4.3.1 For the system we consider, the only zeros that the delay aug-
mented matrices Uy and Vi (c.f. Subsection C.4.3) have inside the unit disk are

0’s. This has two pleasant consequences:

1. In computation of null chains (c.f. Subsection C.4.2) and evaluation of the
zero interpolation conditions, relevant coefficients can be obtained directly
from the impulse responses and we thus avoid expensive symbolic calculation

of high order derivatives.

2. From the zero interpolation conditions (C.17) in Theorem C.4.10, the upper

bound on the (finite) length of the impulse response ® is explicitly known.

Since there are only two blocks in the structured uncertainty class 5, an ana-
lytical expresssion for the optimal D* exists in Step 2 of the D — K iteration.

We now present some computation results on how the optimal attenuation level
~v* is affected by the following factors: the magnitude of uncertainty, the magnitude
v of the inversion error and the saturation limit «.

The sampling frequency we use is 2000 Hz. The corresponding @a()\) is

223 10712 +4.28 x 10711\

G
Ga(A) 0.147X2 — 0.549\ + 1
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Figure 4.8: Effect of the model uncertainty on ~*.

cw(s+1)

st300 » Where

We choose the continuous time weighting function to be Wy(s) =
cw > 0 determines the magnitude of the uncertainty in the plant. Discretizing
Wo(s) gives

- 1.1759¢,, (A — 1.0005)
) =
Wo(A) A\ — 1.1765

We let 7 = 30.

Figure 4.8 shows the effect of the uncertainty magnitude on v*. Other param-
eters used are 0 = 0.1M2, 4 = 7.5M2, where M is the saturation magnetization.
Since the range of u for the magnetostrictive actuator is [0, M?], expressing v and
@ in terms of M2 allows one to make more concrete sense out of these numbers.
From Figure 4.8, we see that the higher the uncertainty, the bigger v*.

Figure 4.9 displays how v* varies with the magnitude v of the inversion error,
where we have fixed ¢, = 6.53 x 107!3 and @ = 1.25M2. As one expects, the
optimal attenuation level v* increases as v increases.

Figure 4.10 shows how ~* is affected by the saturation constraint. We have

used ¢, = 6.53 x 10713 and v = 0.1 M2. v* drops when @ increases, but * becomes

a constant when @ hits 4.5M?2, beyond which the saturation constraint no longer
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plays a role.

4.4 Simulation and Experimental Results

In this section we conduct simulation and experiments to examine the effectiveness
of the robust controller design method.

The saturation constraint considered so far is of the form |u| < @. But for
real actuators, the saturation limits may be asymmetric, i.e., Upin # —Upmas. FOT
example, for the magnetostrictive actuators, v € [0, M?]. To handle the general
constraint u € [Umin, Umae|, We let 4 = #mezrmin and u;, = W The quantity
u is the saturation limit to be used in the controller design, while u, is a bias input
to be injected into the system. Then the actual control will be v = u,. + u;, with
lue| < .

Since the gain of ﬁ/\o is close to 0 for a dc signal, we can ignore the contribution

of uy to the actuator output y through the AO/WO branch. Its contribution through
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Figure 4.10: Effect of the saturation limit on ~*.

the CAJa branch can be calculated as

AG,(\) .

T ARWNGLO

Yb

The previous robust control framework applies if we add ¥, to the reference tra-
jectory y..y (or alternatively, taking y, off from y). Figure 4.11 shows the flow
diagram for simulation of trajectory tracking.

As we have seen from Figure 4.10, the tracking performance deteriorates as the
saturation constraint # is tightened. For the magnetostrictive actuator, @ = 0.5M2
and strictly enforcing this constraint will lead to large tracking errors. This reveals
the limitation of pure linear design for an intrinsically nonlinear plant. Hence a
practical approach would be to properly relax the constraint.

Figures 4.12 and 4.13 show the simulation results of tracking two desired tra-
jectories: a sinusoidal signal and an irregular signal generated via a Van del Pol
oscillator. In the figures, the desired signals are intentionally delayed by two time
steps (recall our definition of tracking error (4.14)). The current I applied is also

displayed. The controller K ()) is designed based on ¢, = 3.3 x 10713, 5 = 0.1M2,
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Figure 4.11: The flow diagram of the closed-loop system.

and @ = 3.25M2.

Figure 4.14 shows the inversion error M [k 4+ 1] — M[k] during simulation of
tracking the sinusoidal signal. Figure 4.15 shows the control output u. of K ()),
and we see that although we set 4 = 3.25M2 in the controller design, the output u,
stays in the (true) unsaturated region [—0.5M2 0.5M?] except during the transient
period at the beginning.

Our composite controller (the linear robust controller plus the inverse algo-
rithm) is compuation efficient and we can implement it in real-time. Figures 4.16
and 4.17 show the experimental results of trajectory tracking based on the same
controller as used in the simulation. We can see that the experimental results
match well with the simulation ones and the overall performance is satisfactory.

The saturation limit % can not be “over-relaxed”. For example, we design
another controller based on 7 = 25, ¢,, = 3.3 x 107%, v = 0.05M?2, and u = 5M?2.
The simulation result (Figures 4.18) based on this new controller is better than
that in Figure 4.12. But in the experiment the tracking performance suffers from

the persistant saturation (Figure 4.19).
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Figure 4.12: Simulation result of tracking a sinusoidal signal.

‘ — — Desired trajectory ‘
| — Measured trajectory |

~
o

Displacementy{ m)
N w B o (2]
o o o o o

=
o

o

0 0.05 0.1 0.15 0.2 0.25 0.3 0.35 0.4 0.45 0.5
Time (sec.)

Input (A)

-1 1 1 1 1 1 1 1 1 1

0 0.05 0.1 0.15 0.2 0.25 03 0.35 0.4 0.45 05
Time (sec.)

Figure 4.13: Simulation result of tracking an irregular signal.
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Figure 4.16: Experimental result of tracking a sinusoidal signal.
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Figure 4.17: Experimental result of tracking an irregular signal.
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Chapter 5

Optimal Control of Hysteresis: A

Viscosity Solutions Approach

In this chapter we study optimal control of hysteresis in smart actuators. Optimal
control of dynamical systems with various hysteretic nonlinearities has been studied
in [18, 2, 3, 4, 11, 12]. Dynamic programming is one of the most important tools
in the optimal control theory. All the work mentioned earlier except [18] took
the dynamic programming approach, while in [18] the author aimed to seek the
necessary conditions (the Pontryagin Maximum Principle) for optimality.

When the value function of the control problem is smooth, we can derive the
Hamilton-Jacobi-Bellman (HJB) equation from the Dynamic Programming Prin-
ciple (DPP), and in many cases, solving the HJB equation amounts to solving the
optimal control problem. The value function however, in general, is not smooth
even for smooth systems, not to mention for a hysteretic system. Crandall and Li-
ons [26] introduced the notion of viscosity solutions to Hamilton-Jacobi equations.
This turned out to be a very useful concept for optimal control since value func-

tions of many optimal control problems do satisfy the HJB equation in the viscosity
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sense; and under mild assumptions, uniqueness results for viscosity solutions hold.
For references on application of the viscosity solutions theory to optimal control
problems, please see [32, 9], where [32] mainly deals with stochastic optimal control
problems while [9] is devoted to deterministic problems.

The viscosity solutions approach was taken in [2, 3, 4, 12]. We will explore this
approach for control of hysteresis in smart actuators. We will first discuss control
problems based on a low dimensional hysteresis model [78]. The model is a hybrid
system with both controlled switching and autonomous switching. It belongs to
the class of Duhem hysteresis models and can be rewritten as a system involving
both continuous control and switching control. Then we will consider an optimal
control problem based on the dynamic hysteresis model proposed in Chapter 3.

Lots of work has been done in control of hybrid systems. Witsenhausen for-
mulated a class of hybrid-state continuous-time dynamical systems and studied
an optimal control problem back in 1966 [89]. Yong studied the optimal control
problem for a system with continuous, switching and impulse controls in [91]. The
Pontryagin Maximum Principle or its variant was used in optimal control for hy-
brid systems in [63, 68]. By solving the Bellman inequality, a lower bound on the
value function and an approximation to the optimal control law were obtained in
[42, 67]. With a unified model for hybrid control, Branicky, Borkar and Mitter
proposed generalized quasi-variational inequalities (GQVIs) satisfied by the value
function [17].

This chapter will be organized as follows. First we introduce the low dimen-
sional hysteresis model in Section 5.1. Based on this model we then formulate
and solve an infinite time horizon control problem using the viscosity solutions

approach in Section 5.2. The approach is extended to other control problems of
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practical interest in Section 5.3. Finally we discuss an optimal control problem

based on the dynamic hysteresis model (3.2) in Section 5.4.

5.1 The Low Dimensional Ferromagnetic Hys-

teresis Model

As we introduced in Chapter 2, when the input frequency is low, the magnetostric-
tive hysteresis is rate-independent. Furthermore, we can relate the magnetostric-
tion to the magnetization M by a square law and relate the input current I to the
magnetic field H by a proportional law. Hence in this case the magnetostrictive
hysteresis is fully captured by the ferromagnetic hysteresis between M and H.

Jiles and Atherton proposed a low dimensional model for ferromagnetic hystere-
sis, based upon the quantification of energy losses due to domain wall intersections
with inclusions or pinning sites within the material [51]. A modification to the
Jiles-Atherton model was made by Venkataraman and Krishnaprasad with rigor-
ous use of the energy balancing principle [84]. The resulting model, named the
bulk ferromagnetic hysteresis model, has a slightly different form from the Jiles-
Atherton model. Also based on the energy balancing principle, they derived a bulk
magnetostrictive hysteresis model [83], where high frequency effects are considered.

Here we will restrict ourselves to the low frequency case to highlight the method-
ology of hysteresis control. Extension to the high frequency case is straightforward.
We now briefly outline the bulk ferromagnetic hysteresis model.

For an external magnetic field H and a bulk magnetization M, we define
H.=H+aM

to be the effective field, where « is a mean field parameter representing inter-
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domain coupling. Through thermodynamic considerations, the anhysteretic mag-

netization M,, can be expressed as

Mo (H,) = Ms(coth(%) - 5) = ML) (5.1)

where £(-) is the Langevin function, £(z) = coth(z) — £, with z = = M is the
saturation magnetization of the material and a is a parameter characterizing the

shape of the M,, curve.

Define
5
Sl A= Ca — &cMsagiz) 7
) - MG — poa(Ma(H) M)
k(a — acM,22C)) + poaa( M (H.) — M)
A — kM 8’;” +pon(Man(He) = M)
k(a — aeMs d%iz)) — poca( My, (He) — M)

where ¢ is the reversibility constant, po is the permeability of vacuum, k is a
measure for the average energy required to break a pinning site. Note each f; is

smooth in H and M.

The bulk ferromagnetic hysteresis model is as follows [84]:

1, dH <0, M < M,,(H,) or
dM dH >0, M > Mu,(H,
TH = fi(H, M), where i= (He)

2, dH <0, M > M (H.)

3, dH >0, M < My (H,)
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If we define a control v = H, the model is rewritten as

(
1, u<0, M < M,,(H,) or
H 1 (% Z 07 M Z Man(He)
' = u, where ¢ =
M fi(H, M) 2, u<0, M>M,,(H.)
\ 3, u>0, M < M,,(H.)

(5.3)

Remark 5.1.1 Note that the control u defined above is different from the physical
current I we apply to the actuator. The current I is related to the state component
H by a constant ¢y (the coil factor): H = col. Therefore from the control u, the

current we will apply is 1(t) = I1(0) + % f(f u(s)ds.

Remark 5.1.2 The switching in (5.3) depends on both (the sign of ) the contin-
uous control u and the state (H, M), therefore the model (5.3) is a hybrid system

with both controlled switching and autonomous switching [16, 17].
We can represent (5.3) in a more compact way. Letting
N={(H,M): M < My, (He)}, Q={(H,M): M > M,,(H,)},

and z = (H, M), we define

! ifx e QQ ! ifx e Ql

fola) = fi(z) Cand [ (x) = fi(z)
! ifx e Ql ! ifx e QQ

|\ (@) |\ (@)

. , o A
79 ~ > 3 - ) . - an e y J+ —
Since f;,1 < i < 3, coincide on I' = {(H, M) : M = M,,(H.)}, f+ and f_ are

continuous. We define two continuous control sets

Up={u:u.>u>0}, U-={u:—u.<u<0},
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where u, > 0 represents the operating bandwidth constraint of the actuator (recall
u = col ). To ease the presentation, we make the dependence of switching on u
explicit by introducing a discrete control set D = {1,2}.

Now the model (5.3) can be represented as a system with both a continuous

control u and a discrete mode (switching) control d:

x)u, weUy, if d=1
T = f(z,u,d) 2 f+(@) * ) (5.4)
fo(@)u, welU_, if d=2

The (state-dependent) autonomous switching has now been incorporated into
the definitions of f,, f_, thanks to the nice structure of the physical model. Note

the model (5.4) belongs to the category of Duhem hysteresis model [86].

5.1.1 Properties of the model

We first present a lemma which will be useful in the proof of Proposition 5.1.4.

Lemma 5.1.3 [77] L(z) satisfies:

oL(z) 1
< — .
0< 5. =73 (5.5)
|L(2)] < 1. (5.6)
Proof
8/;(2) - 2
5 = 2 csch®(z)
1 1
22 (ez—Qe*Z)Q
1 1
= — — - - ) 5.7
22 (z + St+5E+ )2 (5.7)
Therefore
%(ZZ) >0, Vz #£0. (5.8)
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Further manipulation on (5.7) yields

OL(z) (+5+5+ )G +5+-)
4 2

0z (1+ g_f + I ’
from which we obtain
%( )= % (5.10)
Combining (5.8) and (5.10) we have
agf>>(y (5.11)
Since in addition,
zlggo L(z) =1, Zl_i)r_nooﬁ(z) =1,
we have (5.6).
To prove a%iz) < %, it suffices to show
328'2(;) > (0Vz <0,
a;i(;) <0Vz>0.
But
0*L(z) _ 8(ef+e®) 2
022 (e —e2)3 23
:2u+§+%+~d—u+§+§+mﬁ’ (5.13)

Bl+45+5+)
so we need only to show that the numerator of (5.13) is always less than 0, Vz # 0.

We first note that the coefficient of 22*, k > 1 in the second term is

1 1 1
S twoos ) dmoos
1 3(2%)
(BRI
1
SRCT
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while % is the coefficient of 2% in the first term. For k = 0, 1, the coefficients of

both terms cancel out. The proof is now complete. n

Proposition 5.1.4 (Boundedness of f;) If the parameters satisfy:

> 0, (5.14)

A acM,

) — 2upaaMy > 0, (5.15)
then 0 < f; < Ct i =1,2,3, for some constant Cy > 0.
Proof By (5.5) and (5.14)

acM; <a— achl, 0L(2)
0z

0<Ti=a— <a

We rewrite f; as

f 1 . a
1= — 5
@ ala-— 040]\/[5%)

and note that it is a nondecreasing function of %. Since

i = OWhenM:O,

0z
cM 8£(z) 1
_ — O wh 1
h 3a — acM, 1 WHEL 7 3
we get
0< fi<Ch.

The function f, can be written as

f 1 n ka 1
= —— =
“© @ k(a — acM, 8;(22)) + poca( My, — M)

- 7
g

=T

From the model (5.3), when fy is selected, M,, — M < 0. Since magnitudes of

both M,, and M must be less than My, M,, — M > —2M,. These facts together
with (5.5) yield
0<T5 <T<ka.
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Therefore

ka —T:
0< fo < a4 2:3 Cy.
OéTQ

Similarly we can show 0 < f3 < Cy. Picking Cy = max{C}, Cs}, we have 0 < f; <
Cy foriv=1,2,3. n

Remark 5.1.5 Conditions (5.14) and (5.15) are satisfied for typical parameters.
For example, taking the parameters identified in [82], a = 1.9 x 107*, a = 190,
k =48 Gauss, c = 0.3, M, = 9.89 x 10®> Gauss and py = 1, we calculate T} = 189.8,
T, = 8.40 x 105,

Proposition 5.1.6 (Lipschitz continuity) Functions f,(x) and f_(x) are Lip-
schitz continuous with some Lipschitz constant L, and f(z,u,d) is Lipschitz con-

tinuous with respect to x with Lipschitz constant Lo = Lu...

Proof We first prove f_ is Lipschitz continuous with some Lipschitz constant

L_. We discuss three cases:

e Case I: Both x1, 29 € ;. In this case, mode 1 is active, and thus

of_ 0 0
fo) . (5.16)
0w Ofr(H.M)  Ofi(H,M)
OH oM
It can be shown that ]dfl )| < ¢, \%\ < aC} for some C > 0.

Therefore ]f(;—afx\ < L, for some L; > 0, and the following holds:
[/~ (1) = f=(22)| < Li|z1 — 3o].

e Case II: Both x1, 29 € €)5. In this case, mode 2 is active. Following similar

steps as in Case I, we can show \%] < Oy for some Ly > 0 and therefore

|fo(71) — f-(22)| < La|r1 — 22].

125



e Case III: 1 € Q1,25 € . Then there exists o € I', such that the line
segment connecting z; and x5 intersects I' at xo. We express zg = 0z + (1 —

0)xy with 0 < 6 < 1. Thus

[f~(@1) = f-(@2)] = [f-(21) = f-(20) + f=(20) — f-(22)]
< Li|zy — wo| + La|wg — 22

— Li(1 = 0)|21 — o] + Lofl21 — 9

< L_|xy — x9,

with L_ = max{Lq, Lo }.

Following exactly the same arguments, we can show, there exists L, > 0, such
that

|fr(21) = fr(z2)| < Lyfzy — ma|, Vg, 2o

We conclude the first part by taking L = max{L_, L, }. The rest of the proposition

follows trivially. [ ]

5.2 The Infinite Time Horizon Optimal Control
Problem

We first formulate an infinite time horizon optimal control problem for the system

(5.4). Define the cost functional with an initial condition = and a control pair

a(-) ={d(-), u()} as
J(z,a(-) = /000 Wx(t),u(t))e Mdt, (5.17)

where the discount factor A > 0. Note the running cost I(-,-) is defined to be

independent of the switching control d, since this makes sense in the context of
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smart actuator control. We require u(-) to be measurable. This together with
Proposition 5.1.6 guarantees that (5.4) has a unique solution z(-) (the dependence
of z(-) on z and «(-) is suppressed when no confusion arises).

The optimal control problem is to find the value function
V(z) = inf J(z, a(")),

and if V(x) is achievable, find the optimal control a*(-).

We make the following assumptions about [(-, -):
e (Ay): l(x,u) continuous with respect to = and u, l(x,u) > 0, YV, u;

o (A2): 1(0,0) = 0, |l(z1,u) — Uz2,u)| < CY 1+ |z1| + |z2|)|21 — 22|, Vu, for

some C) > 0.

Note (As) includes the case of quadratic cost.

5.2.1 Properties of the value function
We can show the value function is locally bounded and locally Lipschitz continuous.

Proposition 5.2.1 (Local boundedness) Under assumptions (Ay) and (As),
VA >0, V(x) is locally bounded, i.e., VR > 0,3 Cr > 0, such that

V(z)| < Cr, Yo € B(0,R) 2 {z : |z| < R}.

Proof First note that since [(+,) is nonnegative, V(x) > 0, Vx. Take u(t) = 0,

then z(t) = x. Letting a(t) = {d(t),u(t)} where d(t) = 1, we have

Viz) < J(z,a() = /OOOZ(x,O)eMdt

[(z,0)
o
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By (A2), I(z,0) < Ci(1 + R)R, and the proof is complete with Cr 2 C’(L/\R)R. u
To prove the local Lipschitz continuity of the value function, we will need the

following lemma:

Lemma 5.2.2 Let z1(-),z2(+) be solutions to (5.4) under some admissible control

a(-) ={d(-),u(-)} with initial condition x1,xy respectively. Then

21(8) = 22(0)] < ]y — ), (5.18)
C

21(8)] < foafe™ + (ePt — 1), (5.19)
0

where C' = maxy | f(0,u., d)|, and Ly is as defined in Proposition 5.1.6.

Proof 1. We first show (5.18). Denote the sequence of mode switching times as

{t;;i=0,1,---} with t; = 0, and the mode during [¢;,t;+1) as d;. Then ¥Vt € [0, 1),

d

aml(t) - Ig(t)|2 = 2(1‘1(t) - xQ(t)) ' (f(‘rl(t)vu(t)de) - f(x2(t)7u(t)7d0)

< 2Ll () — ao(t) [,

where the inequality comes from Proposition 5.1.6. Integrating both sides from 0

to t and applying the Gronwall inequality, we get
j21(t) — 22(t)|* < |21 — xof?e*™",

from which (5.18) follows. Now Vit € [tq, ), taking xq(t1), z2(t1) as initial condi-

tions, we follow the above procedures and get

lo1(t) — 20(t)| < |oi(ty) — x2(t1)|€Lo(t—t1)

Lo(tfh) Lo(tlfo

< oy — xsle e ) = |zy — 25|elot,

Using the same argument successively, we can show that (5.18) holds V¢ > 0.
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2. Now we show (5.19). Vz;(t) # 0, we can write

IS0 = 5 OF = w(6) - (o), u(t), dr)
= @) (FO.u). d0) + Flaa(t), ult), 1)) — F(0, u(t), d(2))

Cla1(t)] + Lolz1(t)]?,

IA

from which we obtain

d
2101 = €+ Lol (£)].

Integrating it from 0 to ¢ and then using the Gronwall inequality, we have (5.19).

Proposition 5.2.3 (Local Lipschitz continuity) Under assumptions (A;) and
(As), YA > 2Lg with Ly as defined in Proposition 5.1.6, V(x) is locally Lipschitz,
i.e., VR > 0,3 Lg > 0, such that |V (z1) —V (22)| < Lg|r1 — 3|, V1,22 € B(0, R).

In addition, Ly can be chosen to be C(1+ R) for some C > 0.

Proof Fore >0, let a“(-) = {d°(-),u(-)} be e—optimal for z,, i.e.,
V(xz) 2 J(w2,0(1)) — €

Since V(z1) < J(z1,a(+)), we have

Vie) = Viz) < Sy, 0()) = J(22,0())
< /o e M1z (t), us(t)) — (o), u(t))|dt + €

< / eNCH(L+ a1 (8)] + [ea(®)) 1 (£) — wa(6)]d + €,
0
where the last inequality is from (As). Using Lemma 5.2.2, we get

V(Il) — V(ZEQ) S LR|ZE1 — ZE2| + €,
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where Lg = (Cy + >\_2—§L0>Cl and Cj is a constant independent of R. Since € is
arbitrary, we have

V(Il) - V(ZEQ) S LR|ZE1 - ZEQ‘.

The proof is complete by noting that x; and x5 are symmetric. [

Remark 5.2.4 One can get a sharper estimate for |z1(t)| (linear growth) by ex-
ploiting Proposition 5.1.4. This can be used to weaken the condition A\ > 2Ly to

A > Lo in Proposition 5.2.3 and anywhere else it appears.

5.2.2 The Dynamic Programming Principle and the Hamilton-

Jacobi-Bellman equation

The value function satisfies the Dynamic Programming Principle (DPP):

Proposition 5.2.5 (DPP) Assume (A;) and (A2), A > 0. We have

V(z) = Llr(lg{/o e l(x(s),u(s))ds + e~ MV (x(t))}, Vt >0, V. (5.20)

The proof is omitted since the argument is standard, see, e.g., [9].

Based on the DPP, we can show that the value function V(-) satisfies a Hamilton-
Jacobi-Bellman equation (HJB) of a hybrid type in the viscosity sense. Viscosity
solutions to Hamilton-Jacobi equations were first introduced by Crandall and Lions

[26]. Here we use one of the three equivalent definitions [25]:

Definition 5.2.6 (Viscosity solutions) [9] Let W be a continuous function from

an open set O C R™ into R and let DW denote the gradient of W (when W is
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differentiable). We call W a wviscosity solution to a nonlinear first order partial

differential equation

F(z,W(x),DW(x)) =0, z € O, (5.21)

where F 1 O x R x R® — R is continuous, if W is both a wviscosity subsolution
and viscosity supersolution; and by viscosity subsolution (supersolution, resp.), we
mean: Yo € C*(O), if W —¢ attains a local mazimum (minimum, resp.) at xo € O,

then F(xo, W (zo), Do(z0)) <0 (20, resp.).

Viscosity solutions have a couple of nice properties [25, 26]. We mention one
elementary property here, consistency with the notion of classical solution, that is:
1) any classical solution to (5.21) is a viscosity solution; 2) the viscosity solution

satisfies (5.21) in the classical sense at any point where it is differentiable.

Theorem 5.2.7 (HJIB) Assume (A1) and (A2), A > 2Lg. V(x) is a viscosity

solution of:

AW (z) + max{ max{—uf,(z) DW(x)—l(z,u)},

uelUy

max{—uf_(z) - DW(z) —I(z,u)}} =0, v € R*. (5.22)

uelU_

Proof 1. We first show V(-) is a viscosity subsolution. For any u € U_, take

a(-) ={d(-),u(-)} with d(t) = 2, u(t) = u. From (5.20), for any ¢ > 0,
V(z) < /0 I(z(s), w)e Mds + e MV (x(t)),
which we rewrite as

V(z(t)) —V(z)+ /0 I(x(s),u)e ds + V(z(t)) (e — 1) > 0. (5.23)
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Now suppose that V — ¢ with ¢ € C*(R?) has a local maximum at z, then

V(a(t) — o(x(t) < V(z) — o(z),

for t sufficiently small. This together with (5.23) implies

o(x(t)) — b(x) + / (x(s), we™ds + V(z(B) (e — 1) > 0,

Divide (5.24) by ¢ and let ¢ — 0, we obtain

wf_(z) - Do(x) + U(z,u) — \V(z) = 0, Yu € U_,
ie.,

AV (@) + max{—uf_(x) - Dé(x) — l(w,u)} < 0.
Similarly, we have

AV (@) + max{—ufi(z) - Dé(z) — I(z,u)} < 0.
Therefore

AV (2) + max{max{—uf_(z) - Dé(z) — Iz, u)},

max{—uf(z) - Do(x) — Uz, u)}} < 0.

ue

(5.24)

(5.25)

2. The proof of supersolution is much more technically involved and therefore

omitted here. It can be found in [77].

5.2.3 Uniqueness of the solution to the HJB equation

We would like to characterize the value function V' as a unique solution to the

HJB equation. The uniqueness result basically follows from Theorem 1.5 in [47].
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In [47], the author gave only a sketch of proof. For completeness, we will provide
the full proof here.
Before stating the theorem, we first identify structural properties of the HJB

equation. We rewrite (5.22) as:
AW (z) + H(x, DW (z)) = 0, x € R?, (5.26)
where
H(a,p) & mas{max{~uf (2) -~ e, )} max{ —uf () p— 1z, )}

is called the Hamiltonian of (5.26).
Proposition 5.2.8 Assume (Ay). H(z,p) satisfies the following:

|H (21,p) — H(x2,p)| < COr(1+|p])]x1 — xal, Yau, 22 € B(0, R), Vp,(5.27)

|H(z,p1) — H(z,p2)| < Colp1 — pal, Yz, Vp1,p2, (5.28)
for some Cr > 0,Cy > 0, with Cr dependent on R.

Proof We will only prove (5.27), since proof of (5.28) is analogous.
Without loss of generality, suppose u; € U_ attains the maximum in H(xq,p).

Since H(x2,p) > —urf-(x2) - p — Uz, w1),

H(z1,p) — H(wz,p) < —uif-(z1) - p— (21, u1) +ur f-(22) - p+ Uz2, u1)
< |p|Lo|lz1 — x| + C1(1 + |21 | + |22|)|21 — 22|
< Cr(1+[p])z1 — 22f,
where Cf is a constant dependent on R. By symmetry, we conclude. n

Remark 5.2.9 As we have seen above, despite the hybrid structure of our physical
model, H(x,p) enjoys nice structural properties, which enables us to prove the

uniqueness result.
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From Proposition 5.2.3, we know that the value function V'(-) belongs to the
class
P(R2) = {W() . ’W(Jl'l) — W(JZ'Q)‘ S C(l + R)’Z'l - xg‘,v.l'l,.flfg c B(O, R),

VR > 0, for some C > 0}.
The following theorem is adapted from Theorem 1.5 in [47].
Theorem 5.2.10 If (5.26) has a viscosity solution in P(R?), it is unique.

Proof Without loss of generality, we take A = 1. Let W(-),V(:) €P(R?) be

viscosity solutions to (5.26). For € > 0, > 0,m > 2, define

O(z,y) =W(x)—V(y) — M —al<z >+ <y>"),

with < z >2 \/1+ |z|2. Since W (-), V(-) €P(R?), imz[4|y|—o0 P(, y)= —00. By
continuity of ®(-,-), there exists (zg,yo) where & attains the global maximum.
First we want to obtain bounds for |xg|, |yo| and |z¢ — yol.

From ®(0,0) < ®(xg, 1), and W(-), V(-) €P(R?), we can get
<xp >+ <y > Of(14+ < 19 >2 + < o >?),

where C,, is a constant independent of ¢ (but dependent on «). Since m > 2, there
exists R, > 0 (independent of €), such that |z¢| < Ra, |yo| < Ra-

From ®(zo, ) + (vo, yo) < 2 P(xg,yo), we can derive
|[z0 — yo| < €Cy,, (5.29)

with C! depending on « only.
Define

1
M@ZV@d+gm—mﬁ+M<x>m+<m>W,

1
Y(y) = Wi(xo) — E|$0 —yP —al<zy >" + <y >").
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Since W — ¢ achieves maximum at xy, and V' — 1 achieves minimum at y,

W (o) + H(z0, D (0)) < 0, (5.30)

V(yo) + H(yo, DY(yo)) > 0. (5.31)

Subtracting (5.31) from (5.30) and using Proposition 5.2.8, we have

2
Wi(xo) = V(y) < Cr,(1+ E|$0 — yol)|zo — Yol

+aCom(< g >m=l <y >m_1).

Now fix «a, construct a sequence {e;} with limy_ . e = 0. We denote the
corresponding maximizers of ® as (zog, yor). Since VE, (zor, yor) € B(0, Ry), by

extracting a subsequence if necessary, we get
kh—{go(x()k’ yOk) - (Jfa, ya) € B(Oa Ra) (532)
From (5.29), we have x, = y,. For each ¢, from ®(x,z) < ®(xok, yor), we can get

2
W(ZL‘) — V(I) —2a<zx >m§ ORa(l + ;|ZL’0]€ — y0k|)|x0k — y0k|

+ aCom(< zor >+ < yor >™Y) — al< zor >™ 4 < yor >™),
and letting £k — oo,
W(z) —V(x) <2a(Com < 24 >"' — <20 >™) + 20 < 2 >™.
Since Com < z, >™ 1 — < 2, >™< C" for some C” > 0,
W(x) —V(x) <2a(C"+ <z >™).

Letting o — 0, we get W(x) — V(z) < 0, Yx. We conclude by noting W and V
are symmetric. n
From Theorem 5.2.10, if we can solve for a solution to (5.26) in P(R?), it must

be the value function. One way to solve it is by the discrete-time approximation.
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5.2.4 The discrete approximation scheme

The approximation will be accomplished in two steps. First we approximate the
continuous time optimal control problem by a discrete time problem, derive the
hybrid discrete Bellman equation (DBE), and show the value function of the dis-
crete time problem converges to that of the continuous time problem locally uni-
formly. Following [9], we call this step “semi-discrete” approximation. Then we
indicate how to further discretize (DBE) in the spatial variable, which is called
“fully-discrete” approximation. The approaches we take here follow closely those
in [9](Chapter VI and Appendix A).

Consider a discrete time problem obtained by discretizing the original contin-

uous time one with time step h € (0, +). The dynamics is given by
z[n] = x[n — 1] + hf(z[n — 1],u[n — 1],d[n — 1]), z[0] = x, (5.33)

and the cost is given by

Ip(z, af]) = Z hi(z[n],uln])(1 — Ah)", (5.34)
where af-] = {d[], u[-]} is the control. The value function is defined to be
Vi(x) = inf Jy(z, af]). (5.35)

af]

It’s not hard to show:

Proposition 5.2.11 Assume A; and Ay, X > 2Lg. Then V,(-) € P(R?), and the

coefficient C' in defining P(R?) can be made independent of h.

Following standard arguments, one can show:
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Proposition 5.2.12 (DBE) V,(-) satisfies:

Vi(x) = mm{z{rquIi{(l — M)V (x + hufi(x)) + hl(z,u)},
5161(1}1{(1 — M)Vi(z + huf_(2)) + hl(z,u)}}, z € R (5.36)

It’s of interest to know whether (5.36) characterizes the value function Vj(z).
Unlike in [9](Chapter VI), where a bounded value function was considered, we
have V}, unbounded. But it turns out that with a little bit additional assumption,

(5.36) has a unique solution.

Proposition 5.2.13 There exists a unique solution in P(R?) to (5.56), if

(1= Ah)(\/CZ+4+Cy) o
VC2+4—Cy ’

(5.37)

1
where Cy = hu, and Cy is as defined in Proposition 5.1.4.
Cr
Proof Let Vy(z) = Vi(z) < x > m > 2, where < z 2 T+ |z|2. Since

Vi, € P(R2), V, is bounded. In terms of V;,, (5.36) is rewritten as

Va(z) = (G(Va)(x) & min{ (5.38)

~ h "
min {(1 = M)Va(z + hufi(z) - +< Zf;g) -

V €T hutf_ (x m
qfrelllfri{(l — AR))Vi(z + huf_(x)) < +< xf>£n ) >

+ hl(z,u) <z >""},

+ hl(z,u) <z >""}}

It suffices to show (5.38) has a unique solution. It’s clear that the operator G(-)
maps any W € BC(R?) into BC(R?), where BC(IR?) denotes the set of bounded
continuous functions. When (5.37) is satisfied, one can show that G(-) is a con-
traction mapping. Hence we conclude using the contraction mapping theorem.
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The following theorem asserts that V},(-) converges to V(-) as h — 0. The proof

can be found in [9](Chapter VI)(with minor modification).

Theorem 5.2.14 Assume Ay and Az, X > 2Ly, and (5.37). Then

sup |Vi(z) = V(z)] = 0 as h — 0, (5.39)

zek

for every compact K C R?.

It was also shown in [9] that one can obtain a sub-optimal control for the
continuous time problem when solving the DBE. Theoretically the solution to
(5.36) can be obtained by successive approximation. A practical approximation
scheme for solving the DBE is described in [9] (Appendix A, by Falcone). It
was shown there that when space discretization gets finer and finer, the solution

obtained via solving a finite system of equations converges to V().

5.3 Other Control Problems

In this section, we briefly discuss how to extend the viscosity solutions approach
to other control problems of practical interest. Since key ideas have been studied
in details in Section 5.2, we will just state the results without proof.

In some optimal control problems or dynamical games, the value functions
may be discontinuous. To handle this problem, we introduce the notion of non-
continuous viscosity solutions.

We recall that a function f: E C R™ — R is upper (lower, resp.) semicontin-
uous if for any x € E and € > 0, there exists ¢ > 0, such that f(y) < f(z) + €
(fy) > f(x) — ¢, resp.) for all y € E and |y — x| < 6. An upper (lower, resp.)
semicontinuous function achieves its maximum (minimum, resp.) value on any

compact subset of F.
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Definition 5.3.1 (Semicontinuous semisolutions) /9] Let W be an upper (lower,
resp.) semicontinuous function from an open set O C R™ into R. W is called a vis-
cosity subsolution (supersolution, resp.) to (5.21), provided V¢ € C*(O), if W — ¢

attains a local mazimum (minimum, resp.) at xy € O, then

F(o, W(xo), Dg(10)) <0 (=0, resp.).

Definition 5.3.2 (Semicontinuous envelopes) [9] For a locally bounded func-

tion V : E C R" — R, its upper semicontinuous envelope V* is defined by

V*(z) = limsup V (y) 2 lim sup{V(y):y € E, |y — x| <r},

y— r—0+

and its lower semicontinuous envelope V, is defined by

Vi(z) = liminf V(y) 2 lim inf{V(y):ye€ E, |y — x| <r}.

Yy—x r—0t

It’s easy to check that V* is upper semicontinuous and V, is lower semicontin-

uous.

Definition 5.3.3 (Non-continuous viscosity solutions) A locally bounded func-
tion V is a non-continuous viscosity solution of (5.21) if V* is a subsolution of

(5.21) and V. is a supersolution of (5.21) according to Definition 5.5.1.

We note that Definition 5.3.3 coincides with Definition 5.2.6 if the function is
continuous. Hence from now on, whenever we say a viscosity solution, it should

be understood in the sense of Definition 5.3.3.
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5.3.1 The finite time horizon optimal control problem

We define the cost functional for the finite time horizon problem: starting from =z

at time ¢,
J(z,t,ar) = /t W (), u(r), 7)e dr + g(x(T)), (5.40)

where 7> 0,0 <t < T,z € R X\ > 0, and g is the terminal cost. The value

function V' (z,t) is defined as

V(z,t) = 1r(1f) J(z,t,a)).
We assume:

o (As3): I(-,-,-) is continuous, [ > 0;

o (Ay): |z, u,t) = Uzo,u, t)| < CL+ |z1| + |z2|) |z — @2, YU,V a1, 20,V €

[0, T, for some C; > 0;
o (As): |g(x1) — g(x2)| < Co(1 4+ |z1| + |22|) |21 — 22|, V 21, 25

Example 5.3.4 A trajectory tracking problem on a finite interval can be formu-

lated as above with A =0, g =0, and
l(l‘7 U(t), t) - q(t)(l'g - j?(t))2 + U2(t),

where q(t) > 0, Vt, zo denotes the M component of x and ZTz(-) is a bounded,

desired trajectory of M.

We can show the value function has some nice properties.

Proposition 5.3.5 Under assumptions (As) — (As), V(z,t) is locally bounded.
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Proposition 5.3.6 Under assumptions (As)—(As), V(z,t) is locally Lipshitz con-

tinuous, i.e., VR > 0,

|V (21,t) — V(zo,8)| < Lr(|z1 — o] + |t — 8]), Va1, 22 € B(0, R), Vt,s €[0,T],
(5.41)

and Ly can be written as Lg = C(1 4+ R) for some C > 0.
Therefore V' belongs to the following class of functions on R? x (0,7):
Pi(R? x (0,7)) = {W (-, ) 1 [W(1,8) = W(zz,5)] < C(1+ R)(|w1 — @of + |t — s]),
Vi, 15 € B(O,R),YR > 0,Yt,s € (0,T), for some C > 0}.
We can prove:

Proposition 5.3.7 The value function V' is a viscosity solution of the following

evolutive HJB equation:
~Wy(z,t) + AW (2, t) + H(z, DW (x,t),t) =0, 2z € R* t € (0,T),  (5.42)
W(z,T) = g(x), z € R?, (5.43)
where the Hamiltonian
H(w,p,) S max{max{—ufy(r) - p— 1w 0}, max{—uf () - p = w0 0)} .

Wy denotes the partial derivative with respect to t, and DW denotes the partial

derivative with respect to x.

The Hamiltonian in (5.42) enjoys nice regularity properties, similar to those in

Proposition 5.2.8. Based on this, we can prove:

Proposition 5.3.8 If the HJB equation (5.42) with the terminal condition (5.43)

has a viscosity solution in Py(R? x (0,T)), it is unique.

The proof can be found in [47, 60].
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5.3.2 The time-optimal control problem

Time-optimal control is important in applications, like micro-positioning. Since
only the M component of z is related to the displacement output, we consider the

target set 7 to be
T é {(H7 M) € R2 c Hypin < H < Hma:va M = MO}, (544)

where My € [—Ms, M| is the magnetization corresponding to, say, the desired

displacement.

Remark 5.3.9 The constraint H € [Hpin, Hynae) in (5.44) reflects the limitation
on the input current of the actuator. Also without this constraint, the time-optimal
control problem would be uninteresting: since f; > 0,1 =1,2,3, in the model (5.3),
the optimal control would be u = u. if M < My, uw = —u. if M > My and v =0 if

M:Mo.

For any control pair a(-), z € R?, define

coif{t:x(t)eT} =10
ty(a) = { Q s ) (5.45)
min{t : z(t) € 7} otherwise
Then the minimum-time function, the value function for the time-optimal problem,

is defined as
T(x) = (ilnf te (). (5.46)
Let 9T denote the boundary of 7, and 7°¢ denote the complement of 7 in R2.
In the case of (5.44), 07 = 7. The continuity of T'(z) is closely related to the
small-time controllability on T [9]. Due to lack of controllability in (5.4), we are
unable to establish the small-time controllability of (5.4) at 7, and therefore we

have to take T'(z) to be a non-continuous (not necessarily continuous) function.
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It’s often more convenient to study the KruZkov transform of T'(z) [9]:

Al 1=eT@ if T(z) < 0

V(z) (5.47)

1 if T'(z) = o0

We note that V' (z) is the value function for the optimal control problem with cost

functional

a()

te ()
J(z,a(-)) = inf/ e”'dt, (5.48)
0

and the optimal control for (5.48) coincides with the time-optimal control.

One can show that V' (z) is a non-continuous viscosity solution of

W(z) + H(z, DW(2)) =0, x € T°, (5.49)

W(z)=0, x €07, (5.50)
where the Hamiltonian

H(z,p) = max{max{—uf.(x) - p}, max{—uf_(z) p}} — L

It is very hard to characterize the value function as the unique solution of the
Dirichlet problem (5.49),(5.50) in the class of non-continuous functions. To proceed
toward that direction, we introduce a generalized solution, the envelope solution,
of the Dirichlet problem.

Consider the Dirichlet boundary value problem:

F(z,W(z),DW(x)) =0, 2 € O | (5.51)
W(z) = g(z), z € 00

where O C R™is open, F': O xR xR" — R continuous, ¢ : 90 — R. Let O denote
the closure of O. We say that a bounded upper (lower, resp.) semicontinuous

function W : O — R is a subsolution (supersolution, resp.) of (5.51) if it is
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a viscosity subsolution (supersolution, resp.) of F(x, W (x), DW(x)) = 0 on O
(Definition 5.3.1) and is < g (> g, resp.) on JO.

Now denote
= {subsolutions of (5.51)}, Z 2 {supersolutions of (5.51)}.

Definition 5.3.10 (Envelope solutions) [9] Let W : O — R be locally bounded.

1. W is an envelope viscosity subsolution of (5.51), briefly, e-subsolution, if

there exists SW) C S, S # 0, such that

Wi(z) = sup w(z), z € O;
weS(W)

2. W is an e-supersolution of (5.51), if there exists Z(W) C Z, Z # (), such

that

W(z)= inf w(z), z€O0;

weZ(W)

3. W is an e-solution of (5.51) if it is an e-subsolution and e-supersolution.

We can show:

Proposition 5.3.11 V.(x) (recall Definition 5.3.2) is the unique e-solution of the

Dirichlet problem (5.49),(5.50).

The proof can be found in [9].

5.3.3 The exit problem

It’s natural to consider problems with the restricted state space for control of a

magnetostrictive actuator. Let

1>

Q={(H,M) €R?*: Hypin < H < Hpoo, =M, < M < M,},
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and let ©, Q° be its closure and complement in R?, respectively. The constraint
on H has been explained in Subsection 5.3.2, while the constraint on M is from
the physics.

For a control problem with state space constraint, in which any admissible
control has to keep the state within certain domain throughout the time period of
interest, the value function, if it’s continuous, is a constrained viscosity solution of
the corresponding HJB equation [73]. As in the case of time-optimal control, the
continuity of the value function depends on the controllability of the system at the
domain boundary.

In this subsection we study an exit problem for the model (5.4). For any 2 € R?,
any measurable control pair «(+), we denote by t,(«) the first exit time of z(¢) from
the open set . Clearly, if z € Q, t,(a) = 0 for any «(-). The cost functional is
defined as

ool foz(a)l(f(t),u(t))e*tdt—i—e*tm(a)g(x(tx(a))) if t, (o) < 00
S U (t), ult))etdt if to(a) = oo

(5.52)
where for simplicity, we have let the discount factor A = 1. The running cost
[ is assumed to be bounded, continuous with respect to x and wu, and Lipschitz
continuous with respect to x. The terminal cost ¢ is assumed to be bounded,

continuous, and satisfies a global principle of sub-optimality:
t
g(x) < 1r(1§{/ I(x(s),u(s))e *ds + e 'g(z(t))}, Vo € R*, Vit > 0. (5.53)
(o1 0
Eq. (5.53) plays a role of a compatibility condition.

Remark 5.3.12 [If we let Q@ = T¢, g = 0, | = 1, we recover the time-optimal
control problem. Hence the result of this subsection applies to the time-optimal

problem as well.
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We can’t prove the continuity of the value function V(z) = infs) J(z, a(-)),
again due to lack of controllability. V' (z) is a (non-continuous) viscosity solution of
the HJB equation. As discussed in Subsection 5.3.2, we need some additional tools
to single out the value function from all viscosity solutions of the HJB equation.
In Subsection 5.3.2, we used the notion of e-solutions, here we will make use of
another concept, the bilateral supersolutions of Dirichlet problems.

The HJB equation associated with the exit problem is

W (x) + H(x, DW(x)) =0, z € Q 7 (5.54)
W(z) = g(x), v € 00

where the Hamiltonian
H(z,p) 2 max{max{ —ufy (@) -p = o)}, max{—uf(2) - p =1z, u)}}
Consider the first equation in (5.54):
W(x)+ H(z, DW(x)) =0, x € Q. (5.55)

Definition 5.3.13 (Bilateral supersolutions of (5.55)) /9] A lower semicon-
tinuous function W : Q — R is a bilateral (non-continuous viscosity) supersolution

of (5.55) if it is both a supersolution of (5.55) and
—W(z) — H(z, DW(z)) = 0, z € Q.

Definition 5.3.14 (Bilateral supersolutions of (5.54)) /9] Given a lower semi-
continuous function g : R> — R, a lower semicontinuous function W : R? — R
is a bilateral supersolution of (5.54) if it is a bilateral supersolution of (5.55),

W(z) =g(x), Vo € Q°, and it is a supersolution of

~W(x) — H(x, DW(z)) =0, v € R%
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The following result is adapted from [9]:

Proposition 5.3.15 V() is the unique bounded bilateral supersolution of (5.54).

5.3.4 The nonlinear H,, control problem

In this subsection, we consider the nonlinear H,, control problem. For that we
introduce an exogenous disturbance w into the model (5.4) and define a regulated
output z:

&(t) = fa(t), u(t), d(t) + g((t))w(t)

, (5.56)

2(t) = h(x(t), u(t))
where ¢ is a continuous function taking values in R?*?P, p > 0, w takes values in
Wy C RP, 2z takes values in R?, ¢ > 0, and h is continuous. We will assume that

w() € L2 (R, Wo), i.e.,

loc

T
/ lw(t)|?dt < oo, VT < oo, and w(t) € Wy, Vt.
0

Definition 5.3.16 The (state feedback) sub-optimal Ho, control problem with dis-
turbance attenuation level v > 0 is solvable if there is a state feedback controller
K(+), such that:

1. (Dissipativity) the closed-loop system is dissipative with level v, i.e., there

exists some finite function U(z) > 0 and U(0) = 0, such that starting from z € R?
T
/ 2(8)2 — 22 |w() 2t < U(x), Yo, VT > 0,Yw() € L2, (R, Wy).  (5.57)
0
2. (Stability) the closed-loop system is stable when w(t) = 0.

A general theory of dissipative systems has been studied by Willems [88], where
dissipativity is defined in terms of an inequality involving the storage function and

the supply rate. (Asymptotic) stability of a dissipative system can be obtained
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with a further assumption on detectability of the system [44]. James [48] has
shown that a system is dissipative if and only if a partial differential inequality
(PDI) admits a lower semicontinuous solution in the viscosity sense. Van der
Schaft made use of the dissipativity theory in the H,, control setting and derived
the Hamilton-Jacobi-Isaacs (HJI) equation for nonlinear affine systems with state
feedback [70].

The connection between H,, control and differential games has been well-known
6, 10, 49]. The value function of a differential game (when it exists) is the viscosity
solution of the HJI equation under very general assumptions [31]. The relationship
between H,, control and viscosity solutions of the appropriate HJI equations has
been pursued by [59, 5, 75, 92, 90, 76], to name a few. Here we mention that
in particular, Soravia has shown that the H., control problem is solvable if and
only if the corresponding HJI equation admits a nonnegative lower semicontinuous
supersolution, which is null and continuous at the origin [76]. This result is the
parallel of that in [48] for dissipative systems.

The differential game corresponding to the problem (5.57) is

T
Vite) = gt swpsup [ o) (o), (5.59

where V, is called the lower value function since the controller has advantage over
the disturbance. If we let the disturbance have advantage over the controller, the
corresponding Vw will be called the upper value function. In our problem, since the
control pair o = {d, u} and the disturbance w are seperate in the dynamics and
the cost, the Isaacs condition is satisfied and V, = Vy.

One can show V, satisfies the following HJI equation in the viscosity sense:

H(z, DV, (z)) = 0, (5.59)
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where the Hamiltonian

H(z.p) £ inf {~g(x)w-p + 7w} +max{max{-uf(z) -p— [h(r,u)}.

max{—uf_(z) p—[h(z,u)|"}}.

uel_

From the previous discussion, if we can obtain a supersolution of (5.59) which
satisfies certain conditions, then the sub-optimal H., problem is solvable. We
note that in general, (5.59) has many supersolutions and one does not seek the
uniqueness of the solution. Some computational techniques for solving a PDI
in the viscosity sense can be found in James and Yuliar [50]. Controller synthesis
based on a (super)solution of the HJI equation has been investigated under various
assumptions in, e.g., [5, 75, 92, 90], but it remains an open problem for general

cases.

5.4 Optimal Control Based on the Dynamic Hys-

teresis Model

In this section we briefly discuss how to extend the viscosity solutions approach to
optimal control problems based on the dynamic hysteresis model (3.2).

Consider the system (3.2). Given the initial memory curve ¢ € ¥ with cor-
responding H, the cost functional associated with a control input I(-) is defined
as

I 10) = [ 10, 200, 1e)e e,
0
where {H(-), M(-)} is the solution of (3.2) under I(-) with the initial condition 1,

and A > 0. The value function is defined as
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Remark 5.4.1 We know the true state space for (3.2) is V. In the definitions
above, we “augment” the state space by including the H component, which will be
useful in applying the viscosity solutions approach. Note the H component must be

consistent with 1.

From our analysis in Chapter 3, { H(-), M(-)} is bounded if I(-) is so. Hence it’s

natural to make the following assumptions about the running cost [: [ is continuous,
0 < Z(H, M, I) < Co,VH, M,VI € [_107[0]7 and

’l(HlaMhI) - Z(H27M27I)‘ S Cl(’Hl - HQ’ + ’Ml - MQD7VH17H27M17M27

VI € [—1o, Iy], where Cy > 0,C; > 0 are constants, and j is the limit on the input
current of the actuator.

From Proposition 3.3.9 and the assumptions on [, one can easily show that V'
is bounded and uniformly continuous.

In [4], the author considered an optimal control problem for a controlled system

with the form:

, (5.60)

where " is the Preisach operator. The value function was shown to be the unique
bounded, uniformly continuous solution of a discontinuous, infinite dimensional
HJB equation in an adapted viscosity sense. In [12], the authors studied optimal

control of the following system:

: (5.61)

and proposed a new type of HJB equations, where one of the arguments is the

active set (P (t) in Figure 2.2).
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The approach in [4] can be extended to our problem after we rewrite (3.2) as

L 95 (0, sgn(1 (1) — £2)) o

co

H(t) ), (5.62)

where 92(. ) is as defined in Subsection 3.4.1. Although ¢, appears in (5.62), it

does not cause extra difficulty since ¢ is an argument in the HJB equation.
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Chapter 6

Conclusions

This dissertation has been centered around modeling and control of hysteresis in
smart actuators. Extensive simulation and experimental work based on a com-
mercial magnetostrictive actuator have been conducted to validate the modeling
approach and the control schemes.

The contribution of this dissertation in the modeling aspect is the proposal
of a novel dynamic hysteresis model, consisting of a Preisach operator coupled to
an ODE. We have established the well-posedness of the model from two different
perspectives. Apart from being useful for the control purpose, the model presents
many interesting system-theoretic problems due to its special structure. We have
studied the following properties of the model: stability of the equilibria, input-
output stability, reachability and observability. We have also looked at algorithms
to numerically integrate the system. In addition, the existence of periodic solutions
under periodic forcing has been proved. This helps validate the model and provides
a theoretical basis for an identification scheme.

We have pursued the problem of hysteresis control along three different but

connected paths: inverse control, robust control and optimal control.
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The idea of inverse compensation is to construct an inverse operator to cancel
out the hysteretic nonlinearity in smart actuators. This is done for the Preisach
operator based models. We have presented parameter identification methods and
proposed several efficient inversion schemes, all of which can be implemented in
real-time. A special type of inversion problem, the wvalue inversion problem, has
also been formulated and solved.

Inverse control is open-loop in nature and its performance is susceptible to
model uncertainties and to errors introduced in the inversion process. To combat
this problem, we have come up with a robust control framework for smart actua-
tors. The inversion error is modeled as an exogenous disturbance whose magnitude
is quantifible, and then robust control techniques are employed to attenuate its
impact. We have also been able to incorporate the saturation constraint into the
controller design.

We have studied optimal control problems mainly based on a low dimensional
hysteresis model. We have adopted the dynamic programming approach and stud-
ied the Hamilton-Jacobi-Bellman equation satisfied by the value function in the
viscosity sense.

There are several possible directions to extend the work reported in this dis-
sertation.

We observe that the hysteretic behavior of the actuators varies slowly, possi-
bly due to fluctuation of the temperature. An interesting research direction is to
include this variability in hysteresis modeling, for example, proposal of a general-
ized Preisach operator having extra parameters to account for the variability. We
note that a time-dependent Preisach model has been proposed in [27], where the

thresholds (3, ) of hysterons are allowed to be time-varying.
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An alternative approach to tackle the above problem would be adaptive pa-
rameter identification and adaptive inverse control. Although this idea has been
pursued for several other (relatively simple) hysteretic operators [80, 57], adaptive
inverse control remains an open problem for the Preisach operator.

With fast development of the micro-electro-mechanical systems (MEMS) tech-
nology, many applications will involve thousands of smart sensors, actuators, and
processors, where information processing and decision making should be done in
a distributed but coordinated way. In such a setting, control with communication
and compuation constraints is currently an active research area, and how to take
into account the hysteresis in sensors and actuators becomes an important and

challenging problem.
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Appendix A

Elements of Functional Analysis

In this appendix, we review some basic notions and results of functional analysis
which have been used in the development of this dissertation. In particular, we
introduce metric spaces, Banach spaces and fixed point theorems. The material in

this appendix can be found in, e.g., [69, 93].

A.1 Metric Spaces

Definition A.1.1 (Metric spaces) A metric space < X, p > is a nonempty set
X of elements together with a real-valued function p defined on X x X such that

forall x, y and z in X:

L p(z,y) =0,
2.p(xz,y) =0 if and only if x =y,
3.p(z,y) = ply, z), and

4.p(x,y) < p(x, 2) + p(2,9).

The function p is called a metric.
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For a metric space < X,p >, O C X is called open if, Vx € O, 30 > 0 such
that {y € X : p(z,y) < 6} C O. A point z € X is called a point of closure of the
set £ C X if, V§ > 0, Jy € F, such that p(x,y) < §. The set of points of closure
of E is denoted as E. A set E is called closed if E=E. If E = X, F is said to be
dense in X. A metric space < X, p > is called seperable if it has a subset D which
has a countable number of points and is dense in X.

A function f on a metric space < X, px > into a metric space < Y, py > is
sald to be continuous at z if, Ve > 0, 30 > 0 such that if px(z,2) < 0, then
py(f(x), f(2)) < e. It is called continuous if it is continuous at every z € X.
f is called injective if it is one-to-one, and is called surjective if it is onto, i.e.,
f(X)é{zeY:z:f(x) for some z € X} =Y.

A sequence {x,} from a metric space < X, p > converges to x € X if given
€ > 0, there is an N such that p(z,z,) < € for all n > N. The point z is called
the limit of {x,}, and we write z,, — x. We call x a cluster point of {z,} if a
subsequence of {z,} converges to x.

A sequence {x,} from a metric space < X, p > is called a Cauchy sequence, if
given € > 0, there is an N, such that p(z,,x,,) < € for all n,m > N. A convergent
sequence is a Cauchy sequence, but the converse is not generally true. If the metric
space has the property that every Cauchy sequence converges, we say that space
is complete.

A collection U of open sets in a metric space is an open covering of a set E if
FE is contained in the union of the sets in U. A set E is said to be compact if every

open covering U of F has a finite subcovering, i.e., if there is a finite collection

{01,04,--+ ,Ox} CU such that £ C UY,0;.
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We say that a set E' in a metric space < X,p > is relatively sequentially
compact if any sequence {z,} in E has a convergent subsequence z,, — = € X.
E is sequentially compact if any sequence {z,} in E has a convergent subsequence
Tp, — T € H.

For a metric space, the notions of compactness and sequential compactness are
equivalent.

A family F of functions from a metric space < X,px > to a metric space
<Y, py > is called equicontinuous at x € X if, Ve > 0, 3 an open set O containing
x such that py (f(x), f(2)) < eforall z € O and f € F. The family is said to be

equicontinuous on X if it is equicontinuous at each point x € X.

Theorem A.1.2 (The Ascoli-Arzeld theorem) Let F be an equicontinuous fam-
ily of functions from a seperable space < X, px > to a metric space < Y, py >.
Let {f,} be a sequence in F such that for each x € X, the closure of the set
{fu(x) : n > 0} is compact. Then there is a subsequence {f,, } that converges
pointwise to a continuous function f, and the convergence is uniform on each

compact subset of X.

Corollary A.1.3 Let F be an equicontinuous family of real-valued functions on a
seperable space X . Then each sequence {f,} in F which is bounded at each point
has a subsequence { f,, } that converges pointwise to a continuous function, and the

convergence is uniform on each compact subset of X.

A.2 Banach Spaces

In the following K = R or K = C, where R denotes the set of real numbers and C

denotes the set of complex numbers.
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Definition A.2.1 (Vector spaces) A set X of elements is called a vector space
(or linear space) over K if we have a function + on X x X to X and a function -

on K x X to X that satisfy the following conditions: for any z,y € X, o, 3 € K,

lLz+y=y+uz,
2(x+y)tz=a+(y+2),

3.30 € X, such that x +60 = z,Vo € X,
da-(z+y)=a-x+a-y,
S.(a+f)-z=a-x+ (-
6.a-(8-z)=(af) x,

7.0-x=0,1-x=ux.

For a vector space X over K, the elements uq, us, - - - , uy of X are called linearly

independent if and only if
a1y + agg + -+ ayuy =0, oz €K, 1 <1< N,

implies o; = 0, 1 < ¢ < N. The maximal number N of linearly independent
elements in X is called the dimension of X. We say X is finite dimensional if

N < oo, and X is infinite dimensional otherwise.

Definition A.2.2 (Norms) A nonnegative real-valued function || - || defined on

a vector space is called a norm if for x,y € X, a € K,

1. || z ||= 0 if and only if x = 0,
2.z +yl<lel+ 1yl

3. | ax [|=lal [« ||
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A normed vector space becomes a metric space if we define a metric p by
p(x,y) =] x —y ||. If a normed vector space is complete in this metric, it is called
a Banach space.

A point z is called a fixed point of a mapping f if f(z) = .

Theorem A.2.3 (The Banach fixed point theorem) Let E be a closed nonempty
subset of a Banach space X . Let the mapping f : E — E be k-contractive, i.e., for
all x,y € F,

I f(x) = fy) ISkl 2=yl

*

where 0 < k < 1. Then there exists a unique x* € E satisfying f(x*) = x*, and

starting from any xog € E, we have x,, — x*, where
Ty = f(xp_1),¥n > 1.

The Banach fixed point theorem is also known as the contraction mapping
theorem.
A subset E of a vector space X is called conver if ax + (1 —a)y € E for all

r,ye E,0<a< 1.

Theorem A.2.4 (The Brouwer fixed point theorem) Let E be a compact,
convex, nonempty subset of a finite dimensional normed vector space X. Let the

mapping [ : B — E be continuous. Then f has a fized point in E.

Let X and Y be normed spaces over K. The mapping f: EF C X — Y is called
compact if f is continuous and it maps bounded sets into relatively compact sets.
The Brouwer fixed point theorem has been generalized to the setting of a Ba-

nach space:
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Theorem A.2.5 (The Schauder fixed point theorem) Let E be a bounded,
closed, convex, nonempty subset of a Banach space X. Let the mapping f : £ — E

be compact. Then f has a fixed point in E.
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Appendix B

Measure and Integration

The material in this appendix can be found in, e.g., [69].

B.1 Measure

A o-algebra o/ is a family of subsets of a given set X which contains () and is
closed with respect to complements and with respect to countable unions. A set

function v is a function which assigns an extended real number to certain sets.

Definition B.1.1 (Measurable space) A measurable space is a couple (X, <)
consisting of a set X and a o-algebra o/ of subsets of X. A subset A of X is called

measurable (with respect to o ) if A € <.

Definition B.1.2 (Measure) A measure v on a measurable space (X, <) is a

nonnegative set function defined for all members of & and satisfying v(0) = 0 and

(e 9] o0

W E) =Y E.

= =1

for any sequence {E;} of disjoint measurable sets. By a measure space (X, o, v),

we mean a measurable space (X, o) together with a measure v defined on < .
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A measure v is called finite if v(X) < oo. It is called o-finite if there is a

sequence { X, } of sets in ./ such that

X = G X,
n=1

and v(X,,) < oco.
A measure space (X,.o/,v) is complete if o/ contains all subsets of sets of

measure zero.

Proposition B.1.3 If (X, <7, v) is a measure space, then we can find a complete

measure space (X, %, vp) such that

1. AC %,
2. E€c A= v(E)=wr(E), and

3. FecAys E=AUB where Be & and AC C,C € o/, v(C)=0.

The measure space (X, %%, 1) given in Proposition B.1.3 is called the completion
of (X, o, v).

For a metric space < X, p >, the Borel algebra & is the smallest o-algebra
containing all the closed subsets of X, and any member of & is called a Borel set.
A Borel measure v is a measure defined on the Borel algebra & or the completion
of such a measure. We assume that a Borel measure has finite values on compact
sets.

For the space R¥, the unique Borel measure that assigns the standard volume

Hfil(bi — a;) to every rectangular cube

[al,bl] X e X [aN,bN],
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is called the Lebesgque measure .

Let (X, /) be a fixed measurable space. Two measures v; and v, are called
mutually singular if there are disjoint sets A and B in & such that X = AU B and
v1(A) = 15(B) = 0. A measure v is said to be absolutely continuous with respect

to the measure v if v1(A) = 0 for each set A satisfying 15(A) = 0.

Definition B.1.4 (Signed measure) A signed measure on the measurable space
(X, ) is an extended real-valued set function v defined for the members of </ and

satisfying the following conditions:

1. v assumes at most one of the values 0o, —00,
2. v(0) =0, and

3. for any sequence {E;} of disjoint measurable sets

o0

W JE) =3 v(E),

=1

where the equality is taken to mean that the series on the right converges

absolutely if v(J E;) is finite and that it properly diverges otherwise.

Proposition B.1.5 (Jordan decomposition) A signed measure v on the mea-
surable space (X, o) can be uniquely decomposed as v = vt — v~ where vt and

v~ are mutually singular measures on (X, <7 ).

The measure |v| defined by |v| = v + v~ is called the absolute value of v.

B.2 Integration

For a measurable space (X, o), a function f: X — [—o00,00] is called measurable
if
FUN Bz e X : f(z) €U} € o,
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for any open subset U of [—00, 00], and f is called Borel measurable if the <7 is the

Borel algebra #. A function ¢ is called simple if it is a finite linear combination

n

o(r) =Y cixm (@), (B.1)

i=1
of characteristic functions of measurable sets E;.

For a measure space (X, .o, v), if £ is a measurable set and ¢ is a nonnegative
simple function of the form (B.1), we define

N

/ ¢dv = Zciy(Ei NE).
E

i=1

For a nonnegative measurable function f and a measurable set F, we define

/ fdv 2 sup / odv.
E ¢ simple o<¢<f/E

A measurable function f: X — [—o00, o0] is integrable on X with respect to v,

if [ « |fldv is finite. For an integrable function f, for a measurable set E, we define
/ fdv 2 fodv — / fdv,
E E
A A
where fi = max{f,0} and f_ = max{—f,0}.

Theorem B.2.1 (The Radon-Nikodym theorem) Let (X, <7, vy) be a o-finite
measure space, and let v5 be a measure defined on &/ which is absolutely continuous

with respect to vy. Then there is a nonnegative measurable function u such that

v(F) = / pdvy, VE € of .
E
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Appendix C

Basics of Robust Control

In this appendix we collect some fundamental results of robust control from [29].
Following [29], we carry out the discussions in the discrete-time setting. For other
references on linear robust control, in particular, H, control, please see [33, 39, 94].
A dynamic game approach for H,, control can be found in [10]. For a treatment

on nonlinear H,, control, please refer to [43].

C.1 Signals and Systems

Denote Z, the set of nonnegative integers. Denote {"(Z, ) the space of all vector-
valued real sequences on Z,, of dimension n, i.e., Vo = {z[k]}32, € I"(Z,), x[k] €

R" k=0,1,---. For an integer 1 < p < oo, we define the space
n A n
by ={x € l™(Zy) || = |[p< oo},

where
o0 n

Ha f,= (OO0 laifk] )

k=0 i=1
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and x;[k] denotes the i-th component of z[k]. For instance, (3 is the space of finite
energy signals. For p = oo, we define [ to be the space of bounded magnitude
signals:

s, = {z € I"(Zy) : sup max |z;[k]| < oo}.
k (2

A system 7 is an operator between two signal spaces X and Y. Denote by

P, k € Z, the truncation operator on I"(Z,), i.e.,

Denote by S the unit shift operator, i.e.,
S(x[O], x[l]a o ) = (0,33'[1],.1'[2], e )

Definition C.1.1 (Linearity, causality, and time-invariance) An operatorT :

X —Y is linear if
T(ax + By) = a7 (x) + 57 (y), Yo, B € R, Va,y € X.

An operator T is causal if for all k, P,T = PTPy, and is strictly causal if
P T = PrTPr_1 for all k. T is time-invariant if ST =T S.

Definition C.1.2 (Stability) Let X, Y be two normed linear spaces. An opera-
tor T : X — Y s stable if

T
17 12 sup LT o
w20 |l [lx
where || - [|x and || - ||y denote the norms on X and Y, respectively. We call | T ||

the induced norm of T .

We now characterize classes of linear time-invariant (LTI) systems on [ and

3. Causality is implicitly assumed for a LTI system.
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Let R be a LTI system from ["(Z,) to {™(Zy). Then for any =z € I"(Z,),

y = Rz € I"(Zy) can be expressed as

i=0
where R = {R[k]}?2, € I"™*™(Z) is called the impulse response of R. Write the
(¢,7)-th component of R[k] as R;;[k], then R;; € I"(Z1),1 <i<m,1 <j<n.

From now on we will denote R by its impulse response R.
Theorem C.1.3 A LTI system R is stable from [ to I} if and only if

A n
| R 1= max > || Ry [1< oo, (C.1)
J=1

1<i<m 4

and || R ||1 is the induced norm of the system.

Remark C.1.4 Recall that a matriv A = (A;;) € R™" is a mapping from R"
to R™. When we equip the vector spaces R™ and R™ with the | - | norms, the
induced norm of A is the so called l; norm |A|; 2 maxi<i<m Y iy |Aij|. Now write
R = (Ryj) with Rij =|| Rij ||1. Then || R ||y defined in (C.1) is just composition
of the Iy norm of R with the l; norms of R;;’s. This is the reason we use notation

| - |l1 for R.

We will denote by [ the space of LTI systems with finite /,-induced norm.

For R € I™*™(Z,), we define the A-transform of R:

oo

R(\) = RIkJA®.
k=0
Note the A-transform is connected to the z-transform by z = % A remark on
notation: for a LTI system, say G, we will also use GG to denote its impulse response

and will use CAJ to denote its A-transform.
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G =———(O=—-

Figure C.1: Feedback connection.

Denote by HZ*" the space of complex functions that are analytic on the open
unit disc and bounded on the unit circle, and denote by RHL*" the space of real

rational functions inside H2.*". For any Re HZ*"™, the Hoo norm is defined as
n 2 R(elf
| R ln.= S‘;p Omaz [ R(€7)],
where 0,,,, denotes the largest singular value of the matrix.
Theorem C.1.5 A LTI system R is stable from I3 to I3 if and only if
| R [l < 0.

We write || R [|oo=|| R |7

The following result is at the heart of the robust control theory and it applies
to general nonlinear time-varying systems. Consider the feedback connection of
two systems GG and G as shown in Figure C.1. The closed-loop system is said to

be well posed if for any uq, us, there exists a unique solution yy, ys.

Theorem C.1.6 (Small gain theorem) Let G, : [y — I' and Gy : [} — 17 be
two [,-stable systems and assume that the closed-loop system is well posed. Then
the closed-loop system is l,-stable (taking uy,us as the input, y1,y2 as the output)

il Gl I G2 ll< 1.
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K K O
(a) (b)

Figure C.2: General setup.

C.2 Parametrization of Stabilizing Controllers and
Achievable Closed-Loop Maps

Figure C.2(a) shows a general setup for formulating performance objectives (tra-
jectory tracking, disturbance attenuation, etc.), where u is the controlled input, y
is the measured output, w is the exogenous input and z is the regulated output.

The operator G is a 2 x 2 block matrix mapping w and u to z and y:

z Gi1 Gio w
Yy Go1 G U

K is the feedback controller. As we will see shortly, to solve the robust control
problem (either robust stability problem, or robust performance problem, or both),
one always ends up with the problem of finding a stabilizing K to minimize the

induced norm of the closed-loop map from w to z.

Consider Figure C.2(b). Let H(G, K) denote the following map:

We assume the map H (G, K) is well posed.
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Definition C.2.1 The closed-loop system is l,-stable if the l,-induced norm of

H(G, K) is finite. In such a case, K is said to be stabilizing in the I, sense.

We will be interested in the map ® between w and z:
O =G +GuK(I —GpK) Gy, (C.2)

In literature, ® is called the lower Linear Fractional Transformation (LFT) of G
and K and it can be written as ® = F;(G, K).

We now restrict ourselves to the case that G is a LTI system. We make the
assumption that all the unstable poles of G are reachable from u and observable
from y. With this assumption, K stabilizes G if and only if it stabilizes Gy and

it suffices to parametrize all stabilizing controllers for Go,.

Definition C.2.2 (Doubly-coprime factorization) A doubly-coprime factor-
ization of Gag is a set of maps N, M, N, M, with Gay = NM~ = M~'N satisfying

X -Y MY
o =1, (C.3)
-N M N X
for some stable X,Y, X and 37, where I 1is the identity map. M and N are called
the right coprime factors of Gog while M and N are called the left coprime factors

Of G22 .

Theorem C.2.3 Let a doubly-coprime factorization of Gas be given as in (C.3).

All stabilizing controllers are given by

K=Y -MQ)(X -NQ)™" =(X—QN)" (Y —QM), Qis stable.  (C.A4)
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Remark C.2.4 Theorem C.2.3 gives a complete parametrization of stabilizing

controllers in the following two senses:

1. If Q 15 lo-stable, K is stabilizing in the I sense; if Q) is ly-stable, K s

stabilizing in the ly sense.

2. The parametrization covers cases of LTI controllers, linear time-varying (LTV)
controllers and nonlinear controllers. For instance, all LTI stabilizing con-
trollers in the l,, sense are parametrized by () € li, all finite-dimensional
LTI (FDLTI) stabilizing controllers in the ly, sense are parametrized by
Q) € RHy, all LTV stabilizing controllers in the lo, sense are parametrized
by Q in the set of all LTV | -stable operators, and all nonlinear time-varying
stabilizing controllers in the |y, sense are parametrized by () in the set of all

nonlinear time-varying l.-stable operators.

Corollary C.2.5 If Gy s stable, then the parametrization of stabilizing con-

trollers is given by

K =-Q( —G»Q)™" (C.5)

Proof When Gy, is stable, we obtain a doubly-coprime factorization by letting
M:)N(:I,M:X:I,N:N:GQQ andY:)~/20,Wherethedimensions
of the identity matrices I and the zero matrix 0 should be compatible with the
operators. ]

Substituting (C.4) into (C.2), we get a parametrization of achievable closed-

loop maps from w to z:

& =F—-UQV, Q is stable, (C.6)
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Figure C.3: Robust stability analysis.

where £ = Gq; + GngMGgl, U= GiM, and V = MG21. We note that the
closed-loop map @ is affine in the free parameter (), and as we will see, this plays

a fundamental role in developing synthesis techniques for robust control.

C.3 Stability and Performance Robustness

In this section, we give the sufficient and necessary condition for a closed-loop
system to be stable in the presence of uncertainties. We also indicate how to ad-
dress the performance robustness problem by converting it to a stability robustness
problem. Here by “performance” we mean the induced norm of the mapping from
the exogenous input w to the regulated output z.

Consider Figure C.3, where A represents the uncertainty block. Let A denote
the class of uncertainties. A can have certain structure, e.g., a block diagonal
structure, as a result of our knowledge about uncertainty locations. The structural
information of A is exploited to reduce the conservativeness in robust controller
synthesis.

Let M = F(G, K).

Definition C.3.1 (Structured norm) Given the class A of uncertainties and
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p, the structured norm (SN) of M s defined as

N 1

SNa (M
ap(M) infaca{ll Ally,—ina: (I = MA)~! is not l,-stable}’

where || - ||i,—ina denotes the l,-induced norm. If for any A € A, (I — MA)™" is
l,-stable, then SNa ,(M) is defined to be 0.

Define Ba, = {A € A || A ||;,—ina< 1}. From Definition C.3.1, we have the

following theorem:

Theorem C.3.2 (Structured small gain theorem) The feedback connection of

M and A (Figure C.3) is stable, for all A € Ba, if and only if SNa ,(M) < 1.
Remark C.3.3 From the small gain theorem, SNa (M) <|| M ||;,—ina-

To make use of Theorem C.3.2, one need know how to compute SNa ,(M)
or its upper bound. Define the set D = {D : D, D™! are l,-stable, D"'AD €
A, and || D'AD |ly,—ina=|| A ||i,—ina for all A € A}. From Definition C.3.1,
SNa (M) = SNa,(D™*MD). Then by the small gain theorem, we have

SNap(M) < [i)rel]g | D™'MD |1, —ina - (C.7)
It turns out that equality holds in (C.7) for many important cases.

Theorem C.3.4 Let A = {diag(A1,As,---,A,) : each A; is a nonlinear or

linear time-varying uncertainty block of dimension l; x l;, 1 <i <n}. Define
D= {di&g(dllll,dglb, s ,dn[ln) . dz € R, dz > 0, 1 S ) S n},
where Ij, denotes the identity matriz of dimension l;. Then

_ . 71 _ . 71
SNAoo(M) = [1)r€1]f3 | D7"MD |1, SNaa(M) = [1)r€1]f3 | D7"MD || - (C.8)
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Corollary C.3.5 || M ||:< 1 if and only if the closed-loop system in Figure C.3
is loo-stable for arbitrary nonlinear or LTV A with || A || —ina< 1. Similarly,

| M ||o< 1 if and only if the closed-loop system is lo-stable for arbitrary nonlinear

or LTV A with H A ngfind< 1.

For the case of FDLTT uncertainties, the concept of structured singular value

is useful. Let Ay = {diag(Ay, Ay, -+, A,) 1 Ay € RHYEXE 1 <i < n).

Definition C.3.6 (Structured singular value p) Consider the feedback connec-
tion in Figure C.3. For each 0 € [0, 27|, the structured singular value

= oy A 1
IUA[M(G >] ianeALTI{O'maac[z(eje)] . d@t([ — ]/\4\3)(6]‘9) == O}’

and if det(I — Mﬁ)(eﬁ) # 0 for all A € Apry, then ,uA[]T/[\(eje)] is defined to be 0.

Theorem C.3.7 Let | = max;l;. Then

SNayp2(M) = sup pa[M(e))], (C.9)
0€[0,27]
]_ — . — — .
— sup pa[M(e)] < SNa,p 00(M) < VI sup pa[M(e?)].  (C.10)
\/Z 0€[0,27] 0€[0,27]

For single-input single-output (SISO) blocks, equality holds in (C.10).

Consider Figure C.4. From Corollary C.3.5, the robust performance problem
(System I) can be converted to a robust stability problem by adding a fictitious

uncertainty block mapping z to w (System II).

Theorem C.3.8 Let A € A. Let Ap be the class of arbitrary nonlinear or LTV

uncertainties. Define the new set of uncertainties
A 2 {A = diag(A,Ap) i A € A, Ap € Ap}.

Denote the mapping from w to z as 1,,. Then for p = oo or p = 2, System I is
stable and || T ||1,—ina< 1 for all A € Ba,, if and only if SN&p(M) < 1.
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L——Ap <
System | System I

Figure C.4: Performance robustness vs. stability robustness.

C.4 The [y Model Matching Problem

We have seen from the previous section that solving a robust control problem
involves computation of inf pep || D™'MD ||, —ina- Recall M = (G, K), therefore

the controller synthesis problem is often posed as:

inf inf || DT'MD ||, —ind - (C.11)

stabilizing k D€D
Optimizing (C.11) simultaneously with respect to K and D is hard. One
method to approximately solve (C.11) is the so called D-K iteration method. The

iteration goes as follows:

e Step 1. For a fixed D € D, solve

inf | D*MD |1, —ina, (C.12)
stabilizing Kk

and denote the optimal controller as K*.

e Step 2. Fix K*, and search for the optimal D* to minimize || D™'MD ||;,—ina.

e Step 3. Go back to Step 1 with D = D*.
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Figure C.5: The model matching problem.

By redefining G, the minimization problem in Step 1 above is equivalent to a

model matching problem (recall Eq. (C.6) and Remark C.2.4)

inf H E— UQV Hlpfinda (013)
Q stable

as illustrated in Figure C.5.

For p = 2, the problem (C.13) becomes the H., model matching problem when
we consider () € R'H, and it can be elegantly solved through the theory of Hankel
operators. Since we are mainly interested in the case p = oo in robust control of

smart actuators, here we focus on how to solve the /; model matching problem:

inf || E - . 14
Mt | E-UQV Iy (C.14)

C.4.1 Interpolation conditions

The approach to solve (C.14) is to first characterize the subspace
S2{Rel,: R=UQV for some Q € I;}
and then solve the minimum distance problem
inf | B—R . (C.15)

An element R € S should preserve the zero structures of U and V: intuitively

speaking, non-minimum phase zeros (zeros inside the open unit disk D) of U and
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V' can not be cancelled by poles of () since @) is stable. In addition, some rank
conditions may need to be satisfied. We first review the concepts of zeros and poles

for a rational matrix G(\).

Definition C.4.1 A square polynomial matriz 16()\) i1s called unimodular if its

determinant is a nonzero constant.
By definition, unimodular matrices have polynomial inverses.

Theorem C.4.2 Let G(\) be an m x n rational matriz of normal rank v (i.c., of

rank r for almost all \). Then @()\) can always be factored as:

~ ~

G(N) = Le(M)Ma(A\) Ra(N), (C.16)

where Eg()\) and ﬁg()\) are unimodular matrices of the appropriate dimensions,

and
€1(N)
P1(\) 0 0
_ ZACY R 0
Mg (X) = v
0 0 0 0
0 0 0 0

is m x n, where the monic polynomials {€(\),1:(\)} are coprime for all i =
1,2, ,r and have the following divisibility property: €;(\) divides €1(\) and

» =

1@“()\) divides 1@()\) fori=1,2,--- r—1.

Definition C.4.3 ]\//Tg()\) is called the Smith-McMillan form of G(X). The roots
of [T.—, &(X) are called the zeros of G()\) and the roots of IT—, 1@()\) are called the
poles of G(N).
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Definition C.4.4 Let \y be a zero of CA}’()\) Let g, (No) denote the multiplicity of
Ao as a root of €;(N). o, (Xo) is known as the algebraic multiplicity of No. The total
number of indices i for which og,(Xo) is strictly positive is known as the geometric

multiplicity of \g.

Recall Figure C.2. We denote the dimensions of w, z,u,y as ny,,n,,n, and
ny, respectively. Without loss of generality, we assume that U (A) has full column
normal rank n, and XA/()\) has full row normal rank n,,.

Characterization of the subspace § is given by a set of interpolation conditions:

Theorem C.4.5 Let the Smith-McMillan decompositions of Uand V be U =
ZU]\//TUﬁU and V = /L\Vﬂ//fvﬁv, respectively. Let Ayy denote the set of zeros of U

or V in the closed unit disk D. Define the polynomial row and column vectors:

where (M); denotes the i-th row of matriz M and (M)’ denotes the j-th column of
M. Assume that Ayy C D. Given R € I777™ there exists a Q € 1™ such that

R =UQV if and only if for all \g € Ayvy, the following conditions are satisfied:

1. Zero interpolation conditions:

(@:RB;)M(N) =0 for  j=1,--- .,

k= O, cee 7UUZ~()\O> —|—Uvj()\0) —1
2. Rank interpolation conditions:

(@R)(N) =0 fori=n,+1,---,n,
(ﬁ/ﬁ\j)()\)EO forj=mn,+1, - n,
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Corollary C.4.6 The result in Theorem C.4.5 holds for Ayy C D z'fl% € RHw.

From Theorem C.4.5, if n,, = n, and n,, = n., the rank interpolation conditions
disappear and we call such problems one-block problems. A problem is called multi-

block if it is not one-block.

C.4.2 The one-block problem

The zero interpolation conditions in Theorem C.4.5 can be reformulated in terms of
null chains of U and V', which avoids explicit computation of the Smith-McMillan

decomposition. We assume that locations of zeros are known.

Definition C.4.7 (Null chains) Given a m x n real rational matriz E(\) ana-

lytic at A\g and a positive integer o, define the Toeplitz matrix:

Ey 0 0 0
E Ey 0 0

T>\070'(E) )
Eafl E0'72 E0'73 e EO

where E; = %E(")(/\O), i > 0. A right null chain of order o of E(X) at Ao is an

ordered set of column vectors in R™, {1, x9, -+, x5}, such that x1 # 0 and
x
~ i)
Ty o(E) =0
‘/I/‘O'

A left null chain of order o of E()\) at \g 18, by definition, a right null chain of

order o of ET(\) at Ao.
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Definition C.4.8 A canonical set of right null chains of E()\) at \g 18 an ordered

set of right null chains, i.e., x' = (x,--- @l ) fori=1,--- 1, such that
1. {xl,--- 2L} are linearly independent,
2. span{xl, - 2L} = the null space of E(AO), and

3. 0'120'22--->0'l.

A canonical set of left null chains is defined similarly.

Definition C.4.9 An extended set of right null chains of a full rank n xn rational
matric E()\) at \o, 1s a canonical set of right null chains augmented with n — [
vectors in R™, {a™ ... a?} such that span{z}, 23, --- 27} = R". Each {z}} is
treated as a chain with order 0, | +1 < k <mn. An extended set of left null chains

1s defined similarly.

An algorithm to compute the extended set of null chains is provided in [29],
page 134.
Given an element of an extended set of right null chains at Ao, 27 of order o,

define

| >

BN =2+ A= A)xh+ -+ (A= X)L,

if 0; > 0 and 55&0 (A) = ) if o; = 0. Similarly, define ¥4, (A) for an element of an

extended set of left null chains, ¢, of order ;. With this notation, we have

Theorem C.4.10 Given a one-block problem, the zero interpolation conditions in

Theorem C.4.5 are equivalent to the following: for all A\g € Ay,

(T) BT ® (M) =0 for & j=1,--,n, . (C.17)
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where y* and 27 are elements of the extended sets of left and right null chains of

U and V', respectively, and oy,, oy, are the corresponding orders.

The problem (C.15) can now be solved by a linear programming approach.
Recall a closed-loop map & = E — R. Therefore (C.17) leads to a set of linear

equality constraints on ®:

Azeroq) = b:

where A, is some linear operator on {7**™ b € R" and n, is the total number
of constraints imposed by (C.17).

For ® € [7**™  we define &, &~ € [7**™ as follows:
(I);; [k] = maX{O, @i]’ [k]}, and q);] [k] = maX{O, _(I)ij [k]},

forall k >0,1<i<mn,,1<j<n, Thus® =" —d~. || & ||; can be expressed
as A;, (T + &) where 4, is a linear functional.
The one-block /; model match problem is transformed into the following linear

program:

V= inf v, such that (C.18)
v, U+ U—
-/4,267‘0(@Jr - @7) = ba

ot o~ > 0.

When Ayy C D, one can show that the optimal ® has a finite impulse response
(FIR) through analysis on the dual linear program of (C.18).
From the optimal ®, one obtains the optimal controller by plugging the corre-

sponding @ into (C.4).
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C.4.3 The multi-block problem

The rank interpolation conditions in Theorem C.4.5 also imposes linear constraints
on &, but the number of constraints is infinite. Therefore in general the resulting
linear programming problem has infinite number of variables and infinite number
of constraints. Three approximation methods are available to solve the infinite

dimensional linear programming problem:

1. Finitely Many Variables (FMV) approximation: approximate ® by a finite

impulse response of length N which results in finite number of variables.

2. Finitely Many Equations (FME) approximation: approximate the dual vari-
ables by a finite vector of dimension N which is equivalent to retaining finite

number of constraints in the primal problem.

3. Delay Augmentation (DA) approximation: Embedding the problem into a

one-block problem by augmenting U and V with N pure delays.

The DA approximation carries richer information about the structure of the
optimal solution than FMV and FME. It is also the method we use in our compu-
tation. We now give a brief introduction to the DA method.

We first partition the original system (C.6) as:

D Doy En Eis Ur
Dy Py By Ea U,
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where U; € I7**™ and Vi € I*"". Denote by Sy the N-th order delay operator,

ie., §N = M. Augment U, V and @ accordingly:

q)ll,N CI)12,N A Ell E12

Qo1 v Do N Ey Eo
Oy
Uy 0 Qu Qi Vi Vs
U2 SN[nzfnu Q21 QQQ 0 SN[nwfny
Un Qn Vi
Theorem C.4.11 For N > 0, let
W= inf ||E-UQV |, and
A .
QNZQ)?V: mf H q)N ||1 .
Quety=
If % is achievable, let Q% be the corresponding minimizer. Let fjy =| E —

U@V ||. Then

Proof We have

V0 = inf | @n [[1= 1,

Q11 Gl?u ™ Q12=Q21=Q22=0

Sine Q9 € I} ™ it’s clear that 1° < fy.

(C.19)

Theorem C.4.11 tells us that we can obtain a sub-optimal controller by plugging

@Y, into (C.4).

Convergence results for the DA method can be found in [29].

183



1]

2]

BIBLIOGRAPHY

A. A. Adly, I. D. Mayergoyz, and A. Bergqvist. Preisach modeling of magne-
tostrictive hysteresis. Journal of Applied Physics, 69(8):5777-5779, 1991.

F. Bagagiolo. Dynamic programming for some optimal control problems with
hysteresis. Technical Report 38, Max-Planck Institute for the Mathematics in
the Sciences, Leipzig, Germany, 2000.

F. Bagagiolo. An infinite horizon optimal control problem for some switching
systems. Discrete and Continuous Dynamical Systems, Series B, 1(4):443—
462, 2001.

F. Bagagiolo. Viscosity solutions for an optimal control problem with Preisach
hysteresis nonlinearities. Technical Report 594, Department of Mathematics,
University of Trento, June 2001.

J. A. Ball and J. W. Helton. Viscosity solutions of Hamilton-Jacobi equations
arising in nonlinear H,, control. Journal of Mathematical Systems, Estima-
tion, and Control, 6(1):1-22, 1996.

J. A. Ball, J. W. Helton, and M. L. Walker. H,, control for nonlinear systems
with output feedback. IEEE Transactions on Automatic Control, 38(4):546—
559, 1993.

H. T. Banks, A. J. Kurdila, and G. Webb. Identification of hysteretic con-
trol influence operators representing smart actuators, Part I: Formulation.
Mathematical Problems in Engineering, 3(4):287-328, 1997.

H. T. Banks, A. J. Kurdila, and G. Webb. Identification of hysteretic control
influence operators representing smart actuators, Part I1: Convergent approxi-
mations. Journal of Intelligent Material Systems and Structures, 6(8):536-550,
1997.

M. Bardi and I. Capuzzo-Dolcetta. Optimal Control and Viscosity Solutions
of Hamilton-Jacobi-Bellman Equations. Birkhauser, Boston, 1997.

184



[10]

[11]

[12]

[13]

[14]

[21]

[22]
[23]
[24]

T. Basar and P. Bernhard. H..-Optimal Control and Related Minimazx Design
Problems. Birkhauser, Boston, 1995.

S. A. Belbas and I. D. Mayergoyz. Optimal control of dynamic systems with
hysteresis. International Journal of Control, 73(1):22-28, 2000.

S. A. Belbas and I. D. Mayergoyz. Dynamic programming for systems with
hysteresis. Physica B, 306(1-4):200-205, 2001.

D. P. Bertsekas. Dynamic Programming and Optimal Control. Athena Scien-
tific, Belmont, Massachusetts, 1995.

P. A. Bliman, A. M. Krasnosel’skii, M. Sorine, and A. A. Vladimirov. Nonlin-
ear resonance in systems with hysteresis. Nonlinear Analysis, Theory, Methods
and Applications, 27(5):561-577, 1996.

L. S. Bobrow and M. A. Arbib. Discrete Mathematics: Applied Algebra for
Computer and Information Science. W. B. Saunders Company, 1974.

M. S. Branicky. Studies in hybrid systems: modeling, analysis, and control.
PhD thesis, MIT, Cambridge, 1995.

M. S. Branicky, V. S. Borkar, and S. K. Mitter. A unified framework for hybrid
control: model and optimal control theory. IEEE Transactions on Automatic
Control, 43(1):31-45, 1998.

M. Brokate. Optimal control of ODE systems with hysteresis nonlinearities.
In K. H. Hoffman, J. B. Hiriart-Urruty, C. Lemarechal, and J. Zowe, editors,
Trends in Mathematical Optimization, pages 25—41. Birkhauser Verlag, 1988.

M. Brokate and A. V. Pokrovskii. Asymptotically stable oscillations in systems
with hysteresis nonlinearities. Journal of Differential Equations, 150:98-123,
1998.

M. Brokate and J. Sprekels. Hysteresis and Phase Transitions. Springer
Verlag, New York, 1996.

M. Brokate and A. Visintin. Properties of the Preisach model for hysteresis.
Journal ir die reine und angewandte Mathematik, 402:1-40, 1989.

W. F. Brown. Magnetoelastic Interactions. Springer-Verlag, 1966.
S. Chikazumi. Physics of Magnetism. John Wiley & Sons, Inc., 1966.

W. A. Coppel. Stability and Asymptotic Behavior of Differential Equations.
Heath, Boston, 1965.

185



[25]

[20]

[32]

[33]

[34]

[35]

M. G. Crandall, L. C. Evans, and P. L. Lions. Some properties of viscosity
solutions of Hamilton-Jacobi equations. Transactions of the American Math-
ematical Society, 282(2):487-502, 1984.

M. G. Crandall and P. L. Lions. Viscosity solutions of Hamilton-Jacobi equa-
tions. Transactions of the American Mathematical Society, 277(1):1-42, 1983.

R. Cross, A. M. Krasnosel’skii, and A. V. Pokrovskii. A time-dependent
Preisach model. Physica B, 306(1-4):206-210, 2001.

J. M. Cruz-Herndndez and V. Hayward. Phase control approach to hysteresis
reduction. [EEE Transactions on Control Systems Technology, 9(1):17-26,
2001.

M. A. Dahleh and I. J. Diaz-Bobillo. Control of Uncertain Systems: A Linear
Programming Approach. Prentice-Hall, Englewood Cliffs, NJ, 1995.

M. J. Dapino. Nonlinear and Hysteretic Magnetomechanical Model for Mag-
netostrictive Transducers. PhD thesis, Iowa State University, Ames, lowa,
1999.

L. C. Evans and P. E. Souganidis. Differential games and representation

formulas for solutions of Hamilton-Jacobi-Issacs equations. Indiana University
Mathematics Journal, 33(5):773-793, 1984.

W. H. Fleming and H. M. Soner. Controlled Markov Processes and Viscosity
Solutions. Springer-Verlag, New York, 1993.

B. A. Francis. A Course of Hs, Control Theory. Springer-Verlag, Berlin, New
York, 1987.

W. S. Galinaitis and R. C. Rogers. Compensation for hysteresis using bivariate
Preisach models. In V. V. Varadan and J. Chandra, editors, Mathematics and
Control in Smart Structures, volume 3039 of SPIE, pages 538-547, 1997.

W. S. Galinaitis and R. C. Rogers. Control of a hysteretic actuator using
inverse hysteresis compensation. In V.V. Varadan, editor, Mathematics and
Control in Smart Structures, volume 3323 of SPIFE, pages 267277, 1998.

P. Ge and M. Jouaneh. Tracking control of a piezoceramic actuator. [FEE
Transactions on Control Systems Technology, 4(3):209-216, 1996.

R. B. Gorbet, K. A. Morris, and D. W. L. Wang. Control of hysteretic systems:
a state-space approach. In Y. Yamamoto and S. Hara, editors, Learning,
Control and Hybrid Systems, volume 241 of Lecture Notes in Control and
Information Sciences, pages 432-451, New York, 1998. Springer.

186



[38]

[39]

[40]

[41]

[46]

[47]

[48]

[49]

[50]

[51]

R. B. Gorbet, D. W. L. Wang, and K. A. Morris. Preisach model identification
of a two-wire SMA actuator. In Proceedings of IEEE International Conference
on Robotics and Automation, pages 2161-2167, 1998.

M. Green and D. J. N. Limebeer. Linear Robust Control. Prentice Hall,
Englewood Cliffs, NJ, 1995.

E. Hairer, S. P. N@rsett, and G. Wanner. Solving Ordinary Differential Fqua-
tions I: Nonstiff Problems. Springer-Verlag, 1993.

E. Hairer and G. Wanner. Solving Ordinary Differential Equations II: Stiff
and Differential-Algebraic Problems. Springer-Verlag, 1996.

S. Hedlund and A. Rantzer. Optimal control of hybrid systems. In Proceed-
ings of the 38th IEEE Conference on Decision and Control, pages 3972-3977,
Phoenix, Arizona, December 1999.

J. W. Helton and M. R. James. Fxtending Ho, Control to Nonlinear Systems:
Control of Nonlinear Systems to Achieve Performance Objectives. Society for
Industrial and Applied Mathematics, 1999.

D. Hill and P. Moylan. The stability of nonlinear dissipative systems. [FEE
Transactions on Automatic Control, AC-21:708-711, 1976.

D. Hughes and J. T. Wen. Preisach modeling and compensation for smart
material hysteresis. In G. L. Anderson and D. C. Lagoudas, editors, Active
Materials and Smart Structures, volume 2427 of SPIFE, pages 5064, 1994.

D. Hughes and J. T. Wen. Preisach modeling of piezoceramic hysteresis;
independent stress effect. In V. V. Varadan, editor, Mathematics and Control
in Smart Structures, volume 2442 of SPIE, pages 328-336, 1995.

H. Ishii. Uniqueness of unbounded viscosity solution of Hamilton-Jacobi equa-
tions. Indiana University Mathematics Journal, 33(5):721-748, 1984.

M. R. James. A partial differential inequality for dissipative nonlinear systems.
Systems and Control Letters, 21:315-320, 1993.

M. R. James and J. S. Baras. Partially observed differential games, infinite-
dimensional Hamilton-Jacobi-Isaacs equations, and nonlinear H,, control.
SIAM Journal on Control and Optimization, 34(4):1342-1364, 1996.

M.R. James and S. Yuliar. Numerical approximation of the H,, norm for
nonlinear systems. Automatica, 31(8):1075-1086, 1995.

D. C. Jiles and D. L. Atherton. Theory of ferromagnetic hysteresis. Journal
of Magnetism and Magnetic Materials, 61:48-60, 1986.

187



[52]

[53]

[54]

[55]

[57]

[58]
[59]

[63]

[64]

K.-H. Hoffmann and G. H. Meyer. A least squares method for finding the
Preisach hysteresis operator from measurements. Numerische Mathematik,
55:695-710, 19809.

K.-H. Hoffmann, J. Sprekels, and A. Visintin. Identification of hysteretic
loops. Journal of Computational Physics, 78:215-230, 1988.

H. K. Khalil. Nonlinear Systems. Prentice Hall, Upper Saddle River, NJ,
1996.

M. A. Krasnosel’skii and A. V. Pokrovskii. Systems with Hysteresis. Springer-
Verlag, 1989.

M. A. Krasnosel’skii and A. V. Pokrovskii. Operators in the problem of
forced oscillations in systems with hysteresis. Soviet Mathematics Doklady,
44(1):228-232, 1992.

K. Kuhnen and H. Janocha. Adaptive inverse control of piezoelectric actuators

with hysteresis operators. In Proceedings of European Control Conference
(ECC), Karsruhe, Germany, 1999. Paper F 0291.

[. D. Mayergoyz. Mathematical Models of Hysteresis. Springer Verlag, 1991.

W. M. McEneaney. Robust control and differential games on a finite time
horizon. Mathematics of Control, Signals and Systems, 8:138-166, 1995.

W. M. McEneaney. Uniqueness for viscosity solutions of nonstationary
Hamilton-Jacobi-Bellman equations under some a priori conditions (with ap-
plications). SIAM Journal on Control and Optimization, 33(5):1560-1576,
1995.

R. K. Miller and A. N. Michel. Ordinary Differential Equations. Academic
Press, 1982.

C. Natale, F. Velardi, and C. Visone. Modelling and compensation of hys-
teresis for magnetostrictive actuators. In Proceedings of IEEE/ASME In-
ternational Conference on Advanced Intelligent Mechatronics, pages 744-749,
2001.

B. Piccoli. Hybrid systems and optimal control. In Proceedings of the 37th
IEEE Conference on Decision and Control, pages 13-18, Tampa, Florida,
December 1998.

A. V. Pokrovskii, K. Abodayeh, and J. McInerney. Recurrent oscillations in
systems with hysteresis nonlinearities. Technical Report 99-008, Institute for
Nonlinear Science at University College, Cork, Ireland, 1999. Available at
http://www.ucc.ie/ucc/depts/physics/ins/preprints.html.

188



[65]

[66]

A. V. Pokrovskii, K. Abodayeh, and J. Mclnerney. Recurrent oscillations in
systems with hysteresis nonlinearities. Physica B, 306(1-4):191-194, 2001.

D. Rachinskii. Asymptotic stability of large-amplitude oscillations in systems
with hysteresis. Nonlinear Differential Equations and Applications, 6:267-288,
1999.

A. Rantzer and M. Johansson. Piecewise linear quadratic optimal control.
IEEE Transactions on Automatic Control, 45(4):629-637, 2000.

P. Riedinger, F. Kratz, C. Iung, and C. Zanne. Linear quadratic optimization
for hybrid systems. In Proceedings of the 38th IEEE Conference on Decision
and Control, pages 3059-3064, Phoenix, Arizona, December 1999.

H. L. Royden. Real Analysis. Prentice Hall, Englewood Cliffs, NJ, 1988.

A. J. van der Schaft. Ly-gain analysis of nonlinear systems and nonlinear state
feedback H., control. IEEE Transactions on Automatic Control, 37(6):770—
784, 1992.

R. C. Smith. Inverse compensation for hysteresis in magnetostrictive trans-

ducers. Technical Report CRSC-TR98-36, CRSC, North Carolina State Uni-
versity, 1998.

R. C. Smith and C. L. Hom. A domain wall theory for ferroelectric hysteresis.
Technical Report CRSC-TR99-01, CRSC, North Carolina State University,
1999.

H. M. Soner. Optimal control with state-space constraint. SIAM Journal on
Control and Optimization, 24(3):552-561, 1986.

E. D. Sontag. Mathematical Control Theory: Deterministic Finite Dimen-
sional Systems. Springer, New York, 1998.

P. Soravia. H, control of nonlinear systems: differential games and viscosity
solutions. STAM Journal on Control and Optimization, 34(3):1071-1097, 1996.

P. Soravia. Equivalence between nonlinear H., control problems and existence
of viscosity solutions of Hamiltion-Jacobi-Isaacs equations. Applied Mathemat-
ics and Optimization, 39:17-32, 1999.

X. Tan and J. S. Baras. Control of smart actuators: A viscosity solutions
approach. Technical Report TR2001-39, Institute for Systems Research, Uni-
versity of Maryland at College Park, 2001.

189



(78]

[30]

[31]
[82]

X. Tan and J. S. Baras. Optimal control of hysteresis in smart actuators: a
viscosity solutions approach. In C. J. Tomlin and M. R. Greenstreet, editors,
Proceedings of the 5th International Workshop on Hybrid Systems: Computa-
tion and Control, volume 2289 of Lecture Notes in Computer Science, pages
451-464. Springer, 2002.

X. Tan, R. Venkataraman, and P. S. Krishnaprasad. Control of hysteresis:
Theory and experimental results. In V. S. Rao, editor, Modeling, Signal
Processing, and Control in Smart Structures, volume 4326 of SPIE, pages
101-112, 2001.

G. Tao and P. V. Kokotovié¢. Adaptive control of plants with unknown hys-
teresis. IEEE Transactions on Automatic Control, 40(2):200-212, 1995.

E. Della Torre. Magnetic Hysteresis. IEEE Press, Piscataway, NJ, 1999.

R. Venkataraman. Modeling and Adaptive Control of Magnetostrictive Actu-
ators. PhD thesis, University of Maryland, College Park, 1999.

R. Venkataraman and P. S. Krishnaprasad. A model for a thin magnetostric-
tive actuator. In Proceedings of the 32nd Conference on Information Sciences
and Systems, Princeton, NJ, Princeton, March 1998.

R. Venkataraman and P. S. Krishnaprasad. Qualitative analysis of a bulk
ferromagnetic hysteresis model. In Proceedings of the 37th IEEE Conference
on Decision and Control, Tampa, FL, pages 2443-2448, December 1998.

R. Venkataraman and P. S. Krishnaprasad. Approximate inversion of hystere-
sis: theory and numerical results. In Proceedings of the 39th IEEE Conference
on Decision and Control, pages 4448-4454, Sydney, Australia, December 2000.

A. Visintin. Differential Models of Hysteresis. Springer, 1994.
W. Walter. Ordinary Differential Equations. Springer, 1998.

J. C. Willems. Dissipative dynamical systems, Part I General theory. Arch.
Rational Mech. Anal., 45:321-351, 1972.

H. S. Witsenhausen. A class of hybrid-state continuous-time dynamic systems.
IEEE Transactions on Automatic Control, 11(2):161-167, 1966.

M. Xiao and T. Basar. Nonlinear H,, controller design via viscosity superso-
lutions of the Isaacs equation. In W. M. McEneaney, G. Yin, and Q. Zhang,
editors, Stochastic Analysis, Control, Optimization and Applications, pages
151-170. Birkhauser, Boston, 1999.

190



[91]

[92]

J. Yong. Systems governed by ordinary differential equations with continu-
ous, switching and impulse controls. Applied Mathematics and Optimization,
20:223-235, 1989.

S. Yuliar, M. R. James, and J. W. Helton. Dissipative control systems syn-
thesis with full state feedback. Mathematics of Control, Signals, and Systems,
11:335-356, 1998.

E. Zeidler. Applied Functional Analysis: Applications to Mathematical
Physics. Springer-Verlag, 1995.

K. Zhou and J. C. Doyle. Essentials of Robust Control. Prentice Hall, Upper
Saddle River, NJ, 1998.

191



